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Abstract 

 This is an investigation into and analysis of Major League Baseball General 
Managers from 1995-2005.  Its aim is to evaluate General Managers based on the 
performance of the teams they create.  It is also meant to put General Managers under the 
public microscope, a place which has previously been reserved for players, managers, 
and owners.  The hypotheses include that there is a strong positive correlation between 
dollars spent per team win and the likelihood of being fired.  Probit regression analysis 
demonstrated that many variables have significant effects on the probability of a General 
Manager being fired.  This thesis concludes that team increases in team wins and making 
the playoffs all decrease the likelihood of firings.  It also concludes that increases in 
dollars spent per team, GM Tenure, and GM Experience increase the likelihood of a 
General Manager being fired. 
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I. Introduction: 

 

Baseball has been in the forefront of my mind ever since I purchased my first 

glove at age six.  I saved up my fifty-cents per week allowance in order to become a real 

baseball player.  Over the years my goals and aspirations have changed but my undying 

love for baseball has remained a staple ingredient in my daily diet of life.  When 

searching for a senior thesis topic I decided that I should stay true to myself and work on 

a project that would further my knowledge of the sport I loved so much.  Many people 

devote enormous amounts of time and energy to researching our national pastime so it 

was extremely difficult to come up with an original project which I would be able to 

complete in the allotted timeframe.  Ultimately, I have decided to construct my thesis by 

creating a grading system for Major League Baseball General Managers (GMs) for the 

1995 through the 2005 MLB seasons. 

For years and years, managers and players have switched teams and lost jobs 

under the spotlight of sports media throughout our nation.  Owners have been criticized 

for their decisions and stingy attitudes, even publicly degraded for mishandling the teams 

which fans love so much.  But in all the baseball readings I have done, I have seen very 

little analysis regarding the General Managers.  Initially, this notion is quite surprising 

considering that these men are responsible for orchestrating the framework of the MLB 

franchises.  These men are in charge of making personnel decisions and hiring and firing 

the players who represent each team.  These GMs are the ones who put together a team to 

put out on the field.  The players may represent the team, city, state, and even the game of 

baseball but it is the General Managers who decide which players play in the league and 
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which teams these players represent.  It seems as if the General Managers receive neither 

the credit nor the blame that they deserve for the successes and failures of their teams.  

With this in mind I have taken the responsibility upon myself to devise a system in which 

I can grade, rank, and evaluate the performance of General Managers over the past 

decade. 

 With all of this in mind I formulated the following research question: Are Major 

League Baseball General Managers rewarded and/or punished for the performance of the 

baseball team that they create? 

 One of my other main tasks will be to generate a rating scale which measures the 

overall performance Major League Baseball General Managers using a broad scope of 

variables to truly attain an accurate understanding of performance levels by individual 

General Managers, General Managers for each specific team, and team performance of a 

team with respect to its division rivals. 
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II. Literature Review: 

 

There has been a lot of research done evaluating players, managers, and owners in 

Major League Baseball.  However, I have found very little evidence of significant 

research on the evaluation of General Managers in baseball.  Billy Beane, who is the GM 

of the Oakland Athletics, Brian Cashman of the New York Yankees, and Theo Epstein 

(previously) of the Boston Red Sox have received a lot of publicity over the past several 

years in regards to the player personnel that they have brought into their respective 

franchises.  Other GMs have been mentioned throughout the years but the infrequencies 

of articles and analysis on their performance is astounding.  Most self-proclaimed avid 

baseball fans have difficulty naming ten current General Managers.  It is easy to see that 

the players on the field and the coaches on the bench are the most memorable 

centerpieces of a franchise, but it seems appropriate that with all the scrutiny these 

professionals receive, that the GMs should also be put on under the public microscope 

from time to time. 

Researchers have developed statistics for players.  Some of these statistics are as 

basic as runs scored, batting average, and home runs while others are a little more 

complex such as valued runs per game (how many runs a team would score if the batting 

lineup consisted of the same player nine times in a row) and OPS (on base percentage 

plus slugging percentage).  These types of statistics have been used over and over again 

in conjunction with salaries to evaluate both the performance level and dollar value of 

players based on salaries.  Managers are often evaluated on team wins and playoff 

performance with team salary as a primary basis for measurement.  Both of these areas 
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(players and owners) have had significant time and energy put into their research 

processes.  But now, I feel that it is time to look deeper into the roots of the franchise.  

When a team has an enormous payroll and the team fails to win at an according rate: who 

should be blamed?  I say that it is time to start asking that question and try to develop 

some plausible answers.  General Managers must hold the responsibility for creating a 

team that can work together, and in essence, they must put all of the pieces of the puzzle 

on the table for the manager to place together.  Thus, I feel it is time to hold these men 

responsible for the puzzle pieces they lay out.  If they get it right they ought to be 

applauded, but if they fail, they too, deserve the scorn of the public. 

• I have focused my literature research on the three following areas: 

 

A. 

 The Human Capital Theory essentially categorizes human labor as human capital.  

Human capital is a key aspect used in determining economic performance.  Education is 

one of the primary factors in evaluating this notion of human capital (Weiss).   

 Andrew Weiss, from the Journal of Economic perspectives, put it matter-of-factly 

when he stated that “Workers with higher levels of education and more work experience 

tend to have higher wages.”  He argues that both time spent in school and time spent on 

the job is directly proportional to an increase in worker productivity.  This is directly 

associated with the Human Capital Theory in which increased worker productivity will 

lead to higher wages.  Logically, if a given input “a” leads to output “b” and input “b” 

leads to output “c” then input “a” ought to lead to output “c.”  Increased levels of 

education and work experience will lead to higher human capital which levels, will lead 
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to higher wages.  Thus, more education and work experience leads to higher wages as 

well (Weiss). 

 

B. 

 Kevin Murphy of the Marshall School of Business at the University of Southern 

California released a paper on executive compensation in 1999.  Executive pay has 

become a critical issue which appears throughout many branches of the media today.  

Murphy claims that scrutiny has increased as the pay of top executives has sky-rocketed.  

A primary issue in the public eye is that high CEO pay often goes hand in hand with plant 

closings, layoffs and downsizing (Murphy). 

 Murphy claims that despite increased scrutiny nationwide, at the time, labor 

economists had paid relatively little attention to the enormous pay hikes of CEO’s.  

Murphy’s research was basically a building block for further research into the issue.  He 

claims that the objective of his paper was to encourage research in executive 

compensation by equipping potential researchers with notions of pay practices.  In his 

conclusions, Murphy states that in larger firms, pay levels of CEO’s are higher and that 

pay-performance sensitivities are lower.  He says that both levels of pay and pay-

performance sensitivities are lower in regulated utilities than in industrial firms.  Finally, 

he says that levels of pay and pay performance scrutiny of CEO’s are both higher in the 

United States than in other countries (Murphy). 

 

C. 
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In June of 2003, Jahn Hakes and Raymond Sauer of Clemson University 

developed a system that ranked players on how “clutch” they were and then checked to 

see whether or not these MLB players were rewarded financially for being clutch.  In 

their study, these men primarily used probability theory to determine which weights were 

designated for different outcomes.  They focused on a statistic called PGP (player game 

percentage) which designates the impact of particular plays on winning games.  With this 

in mind, situational statistics were very important in their research.  For example, they 

claimed that hitting a single in the late innings of a close game was more valuable than 

hitting a double in a game that was a blowout (Hakes). 

 Their research was aimed particularly to see if there were certain players who 

performed significantly better in clutch situations than otherwise similar players.  By 

using the PGP stat, they were able to denote the direct increased likelihood of winning 

games.  They criticized other measures as not being as comprehensive nor thorough as 

their PGP stat.  They do give explicit relationships between different statistics: they claim 

that the impact of a single on winning a game is roughly two thirds of the impact of 

hitting a double (Hakes). 

 They focused their research primarily on the late 1990s and developed clutch 

rankings both for teams and for individual players.  They concluded that returns to skills 

in the labor market were not aligned with the impact on winning baseball games.  They 

also suggested that compensation was more likely a result of fan preferences than clutch 

performances (Hakes). 

Please note that I felt that their research focused primarily on offensive statistics 

and failed to properly take into account pitcher performances.  I feel that the lack of 
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clutch performance from the hitting standpoint could possibly be at least partially 

explained by facing clutch pitchers.  I feel that this issue was never mentioned and would 

make a significant difference in their calculations and conclusions.  Their research 

seemed to be so close to proving something valuable, just lacking completion of their 

thought process. 

 

D. 

 In July of 2001, Brian Fields of East Carolina University released a masters’ 

paper on the topic of whether or not Major League Baseball players were paid their 

marginal revenue product.  Fields collected data from the 1990 through 1999 Major 

League Baseball seasons to use for his research.  He ran two primary regressions to 

substantiate his claims.  First he ran a regression relating team marginal revenue to 

winning percentage while also using other explanatory variables.  His second regression 

related evidence between winning percentage and team statistics.  He felt that he could 

show the impact of individual player performance on team statistics and evaluate value 

accordingly (Fields). 

 The pioneering economic study on pay versus performance of Major League 

Baseball players was provided by Scully in 1974.  Scully’s analysis revealed that players 

were paid between ten and twenty percent of their MRP in the 1968 and 1969 seasons.  

Fields used a refined Scully model and paid particular attention to whether or not there 

was a change after the strike of the 1994 and 1995 seasons.  Fields defines the player’s 

MRP to be the ability or performance that the player contributes to the team and the 

effect of that performance on team revenue.  Increased ability and performance is 
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associated with increased team performance and more wins generally lead to higher ticket 

sales and broadcast revenues (Fields). 

 Fields did pay attention to pitchers and even developed a correlation between 

ERA (earned run average) and team wins such that a decrease of team ERA by 1 would 

directly correlate to an increase in team winning percentage of .054.  For offensive 

statistics, he looked primarily at runs scored as being positively correlated with wins and 

then looked further into which attributes led to more runs being scored (Fields). 

 In his conclusions, he calculated individual Marginal Revenue Products and 

determined that players were underpaid when compared to their individual contributions 

to team revenue.  He did find that although still underpaid, after the player strike, they 

were less underpaid than before.  He claims that one of the main issues regarding team 

revenue is that too many teams realize an inability to win before the season even starts 

which leads to lackluster attempts to increase revenue for the team (Fields). 

 

E. 

 I realize that there is not a lot of data on my topic and so the literature is limited.  

With that in mind, I feel it is important for me to look for more sources on related topics 

so I have chosen to delve into future General Managers and look at what qualities they 

hold.  The article I found was published in Baseball America in December, 2003 and it 

ranked the top 10 potential MLB General Managers of the future.  Now, just two seasons 

later, three of those ten are current MLB General Managers including Josh Byrnes, who 

graduated from Haverford College.  In their previous ranking, in 2000, Baseball America 

also projected 10 hot GM prospects, 5 of which were MLB GMs by 2003.  
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 It can be seen that these research analysts are able to find attributes in these 

talented baseball minds at a young age and predict their ascendance through the hierarchy 

of MLB front offices.  Additionally, they take notice of the constant change in demands 

within the job market for GM’s.  “The job description of a GM is changing as economics 

become more and more of an element of the game. Today's general managers have 

varying backgrounds from scouting (Brian Sabean), major league playing experience 

(Billy Beane) or Ivy League educations (Theo Epstein). But all of the top decision 

makers share similar qualities including leadership and interpersonal skills, the ability to 

assemble and motivate a diverse staff, and a knack for evaluating and acquiring talent” 

(Boyd, 1). 

 The varying backgrounds demonstrate the need for well-rounded minds in this 

field and the diversity of tasks that the job encompasses.  With economics majors 

becoming increasingly valuable in the profession, I thought this information was 

pertinent to my topic. 

 If predicting performance of players is tough (which is an essential element in the 

job of GM’s), then the prediction of which GMs will do well may be even more difficult.  

While there is not sufficient time to look in great depth as to what distinguishes GMs 

based on their applications and resumes, it seems interesting that so many can be 

earmarked as being destined for success at such a young age. 
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III. Data Description: 

 

Considering the lack of previous research completed in my topic area, I decided 

that it would be best to formulate my own data set.  I collected win and loss records for 

each team over the past decade and calculated winning percentages from that data.  In 

order to verify that I had correctly entered all my data, I checked the winning percentages 

for each team for each year both with my initial source and with multiple secondary 

sources.  I collected this data from Entertainment Sports Network (ESPN) and verified it 

with CBS Sportsline, Major League Baseball and Wikipedia to ensure that there were no 

errors.  I also entered the years in which each team made the playoffs using the same 

sources.  Through Team Marketing I was able to obtain the average ticket price for each 

team on a year by year basis.  I gathered attendance levels and team salaries on a yearly 

basis for the same time period.  I tried for about a month to collect data from the Office of 

Major League Baseball in regards to GM salaries but ultimately discovered that this data 

is confidential.  Turning to media sources was not successful either.  I found too many 

insufficient articles which only gave rough estimations of years and price of General 

Managers’ contracts.  I was unable to find articles for many GM’s contracts, particularly 

ones that were negotiated more than three years ago.   

After the realization that I was going to lack GM salaries, I still felt that I had 

significant data to continue the project with my remaining variables. I used Baseball 

America, a well established online source to obtain the names of each GM for each team 

during my timeframe.  In addition to collecting names, I was also able to gather the 

length of tenure for each GM in addition to his overall experience.  I counted GM 
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experience with other teams, assistant GM experience in the major leagues, as a scout, 

and a few other related front office positions in determining the experience level for each 

GM.  I was then able to add these two variables to my data set.  From this, I am able to 

calculate each GM’s winning percentage while in office and look to see if there is a 

correlation with either no improvement or limited improvement and increased likelihood 

of firing.  From the same source, I was able to gather the dates of all firings for my GMs 

in my time period.  I decided to count any firing past the midway point of the season as 

an end of the year firing so the new GM would not be held accountable in his grading for 

having to take over midseason.   

I was obviously forced to denote my observations using id numbers instead of 

names. Hence, each General Manager slot (year and team) was filled with an 

identification (ID) number which corresponds to a name.  A name can appear more than 

once.  For example, Omar Minaya appears as GM ID number 34 and GM ID number 44.  

This is because he was the GM for the Montreal Expos (now the Washington Nationals) 

before becoming the GM for the New York Mets.  There are several similar occurrences, 

all of which use multiple ID numbers.  Also, each team was given a team ID number and 

was placed in their respective divisions (denoted by division ID numbers).  Please note 

that in 1998 there were two expansion teams: the Arizona Diamondbacks and the Tampa 

Bay Devil Rays.  As a result, both of these teams lack data for the years 1995-1997.  

Additionally, with the insertion of these teams, several teams changed divisions.  Thus, I 

will focus my divisional analysis primarily on the years 1998-2005. 

I also want to evaluate performance of Major League Baseball General Managers 

over specific timeframes within my eleven year span.  With this in mind I not only 
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calculated total wins and losses for the entire span, but also broke this section of the data 

into three subgroups: 1995-1997 (pre-expansion), 1998-2000 post-expansion), and 2001-

2005 (recent years).  I did this because I felt that the GMs of the teams which switched 

divisions and the GMs of the expansion teams would be at a clear disadvantage for 

several years.  Thus, I wanted to be able to analyze whether or not these GMs were able 

to improve their performances as time progressed and the teams had time to mature.  

On somewhat of a side note, it is important to consider financial allocations.  It is 

not fair to assume that a team with a payroll at one fourth of another team’s payroll will 

have comparable success in terms of wins and losses.  However, the evaluation of each 

GM can still be made if the proper variables are accounted for.  That is why I have 

chosen to look at team salary as a primary statistic in determining the performance level 

of a given GM. 

One measure of how well a team does is the attendance level that it is able to 

draw.  Although, I was unable to gather the attendance numbers for all teams for all 

years, I was able to compile attendance levels for each team for the years of 2001-2005.  I 

added percentage of seats sold so that teams with relatively smaller parks would not be 

penalized too harshly for not selling as many tickets as teams with larger parks.  I also 

used variables that separated the attendance at home games versus the attendance at road 

games.  I did this so that I could examine how marketable a team was in general.  I 

believe that a team’s road attendance level is a more accurate indicator of the product put 

on the field because home attendance levels can be biased by a city’s general interest in 

baseball, or lack there of. 
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In addition to attendance levels, I added five variables on changes from year to 

year.  The first is net change in wins from the previous season.  This is simply the change 

in wins for a team, either positive or negative depending on whether they won more or 

fewer games than the year before.  There are only ten years of data for this since the first 

year of my data (1995) does not have a previous year to use for comparison.  The next 

variable that I added was change in salary.  I used a natural log to determine the 

percentage change in salary for each team from one year to the next.  The next variable 

that I created was the change in dollars spent per win from one year to the next.  Again, I 

used natural log so the data is in percentage cost increase or decrease for each team to get 

an additional win from one year to the next.  My final two variables that I created were 

dummy variables for the playoffs.  The first dummy variable is called playoffs yes and it 

is a 1 if the team made the playoffs after failing to make the playoffs the previous year 

and a 0 otherwise.  The other dummy variable is playoffs no which is a 1 if the team 

failed to make the playoffs after making it the year before and 0 otherwise.  For this data, 

there was ten years worth of observations from 1996-2005 as 1995 did not have a 

comparison year. 

 Please note that I have entered the Team ID numbers, Division ID numbers, and 

General Manager ID numbers in the appendix section in Table 1, Table 2, and Table 3, 

respectively. 
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IV. Hypotheses: 

 

 In formulating my hypotheses, I relied primarily on my prior knowledge as an 

avid fan in conjunction with my instincts.  I project that there will be an enormously 

negative correlation between making the playoffs and the probability of being fired.  I 

believe that most teams’ primary goals are to improve from the previous year, and to 

make the playoffs.  I think the playoffs are so important because it provides the 

franchise’s fans with reason for extra excitement; also it will increase team revenue with 

an increase in ticket sales as well as commercial sponsorship.  Generally speaking, 

making the playoffs will create increased happiness for those interested in a given team 

and will not only increase ticket sales during the winning seasons but also in proceeding 

years.  Fans will be more likely to support a team in the future if it has demonstrated 

success in the past.  I believe that improvement of overall record is important because it 

shows the fans that the team is moving in a positive direction. 

 As for individual General Managers, I would expect that Mark Shapiro of the 

Indians will get a good rating for his success with a limited payroll in recent years.  Other 

frontrunners in my opinion include perennial powerhouse Billy Beane, who always seems 

to put a great team on the field at an extremely low cost.  Also, Terry Ryan of the Twins 

seems to do a lot with his payroll.  Other than those, I would expect recent World Series 

Championship General Managers to get high marks.  I add this hypothesis to show the 

practicality of the evaluation system I am creating.  While, I will not be explaining results 

on an individual GM basis by name, it is possible to look through the appendix and 

determine which GM corresponds to which GM ID number. 
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V. Methodology and Analysis: 

 

I have run regressions using Stata to analyze the validity of the results of my data.  

I have tried to evaluate each team on the basis of their General Managers.  I have also 

created a statistic which evaluates the amount of dollars each team spends per win (based 

on player salaries).  It seems logical to assume that teams with significantly higher 

payrolls ought to win more games, so I have focused my analysis more on what each GM 

can do with the player salary level he can afford to use.  Additionally, rather than ranking 

solely across the entire league (all of Major League Baseball) I will rank both by division 

and by league (American or National).  It seems best to place special emphasis on 

performance of how each team fares against its division rivals, thus comparison within 

each division is a significant part of my analysis.  I have taken into account the level of 

experience of the General Manager as well as the tenure of that General Manager with his 

particular team in evaluating his value to the team. 

My initial task was to create a regression model. Thus, I focused my model on the 

probability of a GM being fired in relation to team characteristics and personal 

characteristics. 

 I came up with:  

Prob (firing i, t) = a + b (team characteristics)i, t-1 + c (personal characteristics)i, t-1 + e i, t.  

Please note that a = the probability of being fired without accounting for any variables 

(.1450617).  b and c are both vector sums for the varying team and personal 

characteristics.  Team characteristics include wins, losses, salary, attendance, ticket 
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revenue, and playoff appearances.  Personal characteristics include General Manager 

tenure and front office experience. 

The variables used in the analysis are summarized below in Table A. 

 

Table A: Data Summary 

Variable Observations Mean Std Dev 
Wins 324 78.70606 16.14886

Team Salary (millions of dollars) 324 54.17274 27.49299
General Manager Tenure 324 3.697531 3.087154

General Manager Experience 324 13.01235 7.227817
Dollars per Win (millions of dollars) 324 .6705686 .3086610

Year (95-105 corresponds to 1995-2005) 324 100 3.167080
Playoff 324 .2666667 .4428882

Probability of Being Fired 324 .1450617 .3527078
 

There are 324 observations for each variable in Table A.  This is because there are 

330 total possibilities (30 teams times 11 years each) minus the 6 years of missing values 

for the two expansion teams in 1998.  The most important statistic from Table A is the 

mean value of the probability of being fired.  This is the probability of a General 

Manager being fired if no variables are taken into account.  All future analysis in changes 

of probability of being fired will be related back to this value of .1450617. 

 Changes in probability of my initial regression estimating the probability of firing 

are presented below in Table B: 

Table B: Effects of Wins, Tenure, Salary and Year on Probability of Being Fired 
 

Independent 
Variable 

Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

Wins -.0079605 0.000** -.1285530 
GM Tenure .0186089 0.001** .0574485 
Team Salary .0031066 0.000** .0854097 

Year -.0099787 0.154 -.0316033 
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Please note that for all tables: 

• * means statistically significant within the ten percent confidence interval 

• ** means statistically significant within the five percent confidence interval 

In this regression, I used the fired or forced resignation variable as my dependent 

variable.  I then used wins, General Manager tenure, team salary (in millions of dollars), 

and year as my four independent variables.  Although the result for the year variable was 

statistically insignificant I was still able to obtain some good results.  I found that wins 

were negatively correlated with the likelihood of being fired such that for each additional 

win, the General Manager of a team became 0.796% less likely to be fired.  More 

importantly, for each additional standard deviation of wins (about 16 more wins) for a 

given team, the likelihood of the GM being fired decreased by 12.86 percentage points.  

So, if a team had a standard deviation more wins than the league average, then it was 

extremely unlikely that the GM would resign or be fired (with .145 as the standard 

likelihood of being fired).  Intuitively, this makes sense as it is reasonable to assume that 

a team’s agenda includes winning more games.  Thus, as a team wins more games, the 

General Manager is doing a better job, and is less likely to be fired.  I also discovered that 

tenure was positively correlated with firings such that for each additional year of tenure 

for a General Manager, his likelihood of being fired increased by 1.861%.  Again, when 

looking at standard deviations, each additional standard deviation in increased tenure 

predicts an increase of 5.7 percentage points in the probability of being fired.  Recall, that 

the mean tenure of a GM is about 3.7 years and if a GM has been around for awhile it is 

significantly more likely that he will be fired.  Intuitively, it may seem reasonable to 

assume that GMs with more tenure would be less likely to be fired because of their 
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experience with a given team.  However, this is not the case as seen by the positive 

correlation.  I explain this by relating back to my hypothesis in which I claimed that 

teams look for improvement over time.  With this said, it is not possible for all teams to 

improve (in terms of team wins) as some teams must lose the games that are won by 

other teams.  Thus, the longer a GM is with a team without showing improvement, the 

more likely it is that he will be fired.  In terms of salary, I learned that there is a positive 

correlation such that for each additional million dollars that a team spent on player salary 

the GM was 0.311% more likely to be fired.  When one looks at the standard deviation it 

is noticeable that for each standard deviation increase in team salary (27 million dollars), 

the GM is 8.5 percentage points more likely to be fired.  The explanation I use for this is 

that teams with higher salaries have higher expectations.  Thus, General Managers for 

teams with higher salaries would be on a slightly shorter leash.  This regression, which 

examined the effects of wins, tenure, and salary on the probability of being fired, was 

very statistically significant with p-values of .000, .001, and .000 for the three variables.  

Despite not being statistically significant for the effect of the year variable, I think that 

the relationship between years and firings is somewhat important.  I found that as time 

progresses, for each additional year, the GM becomes 0.998% less likely to be fired.  

When looking at standard deviations, each increase in standard deviation (3.2 years) 

decreases the likelihood of being fired by about 3.2 percentage points.  This shows that 

over time, the total number of firings has been decreasing.  This may be a reflection of 

patience and too much loyalty to poor General Managers, simply because of personal 

relationships.  In any case, firings are decreasing and almost significantly so (p-value of 

0.154).  
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Table C: Effects of Experience on Probability of Being Fired 

Independent 
Variable 

Change in 
Probability 

P-value Coefficient Std Dev * Change 
in Probability 

Wins -.0071474 0.000** -.1154224 
GM Experience .0046416 0.066* .0335486 

Team Salary .0023348 0.001** .0641906 
 

 I re-estimated the firing equation, dropped the independent variable (year), and 

replaced General Managers’ tenure with GMs’ experience.  I wanted to see if there was 

any significant difference on firings between years of experience a GM had in general 

and years of experience he had with a particular team (GM Tenure).  I found that for each 

additional year of experience the GM was 0.464% more likely to be fired.  In terms of 

standard deviation, for each additional standard deviation in experience (7.2 years), a GM 

was 3.4 percentage points more likely to be fired.  I find this result to be quite intriguing 

because it was statistically significant with a p-value of 0.066.  I am not exactly sure why 

it is that a team would want a less experienced General Manager.  The only possible 

explanation I can give is that the correlation between tenure and experience causes the 

team to want a switch to new front office workers.  However, I would still expect 

experience to have a negative relationship to firings.  When I tried re-adding tenure, the 

experience variable became insignificant, implying that tenure is important rather than 

experience.  The salary and wins relationships to firings remained basically the same.   

My next valuable regression results looked like: 

Table D: Effects of Making the Playoffs on Probability of Being Fired 

Independent 
Variable 

Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

Playoff -.1458044 0.000** -.0645750 
GM Tenure .0183159 0.001** .0565440 
Team Salary .0019925 0.003** .0547798 
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 I tried using whether or not the team made the playoffs, experience, and salary but 

found that the experience variable was insignificant.  So, I substituted tenure in for 

experience so that my results would be statistically significant.  Again, the effect of 

tenure and salary were roughly the same but the important information from this 

regression is the effect of whether or not the team made the playoffs.  I found a 

statistically significant negative correlation between my playoff variable and firings such 

that if the team made the playoffs, their GM was 14.58% less likely to be fired and it was 

extremely significant with a p-value of 0.000.  In terms of standard deviation (22.6 

percent of teams make playoffs with standard deviation of .442) each GM was 6.5 

percentage points less likely to be fired for an increase in standard deviation of making 

the playoffs.  This is by far the best predictor of being fired so far based on direct impact 

on probability of being fired.  This makes sense, especially in regards to my hypothesis 

about the impact of making the playoffs.  Teams want to make the playoffs and when 

they do, there is rarely reason to fire the General Manager because the team’s goals are 

being achieved.   

 With my newly created variable of dollars spent on salary per team win I wanted 

to see its impact on the probability of a General Manager being fired.  Thus, I ran the 

following regression: 

Table E: Effects of Dollars Spent per Team Win on Probability of Being Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

GM Tenure .0155813 0.006** .0481018 
Dollars per Win 

(millions of dollars 
.1841696 0.001** .0568460 
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For this regression I wanted to look at the effect of my created variable: dollars 

spent on player salary per team win in a given season on the probability of a general 

manager being fired.  I tried running the regression with both tenure and experience and 

ultimately decided to use tenure for my results because with experience the results were 

statistically insignificant.  I discovered that the tenure effect had basically the same effect 

as before.  However, there was a statistically significant positive correlation between 

dollars spent per win and firings such that for each additional million dollars spent per 

win, the GM was 18.417% more likely to be fired.  This number seems really high, but 

generally teams would not spend a million dollars more for a win (however the Yankees 

did spend over two million dollars per win in 2005 while the Washington Nationals spent 

only about one hundred ten thousand dollars per win in 1998).  The largest difference 

between teams for the data set in dollars per win was over two million dollars per win but 

generally the average spent per win was about six hundred seventy thousand dollars per 

win.  Again, looking at the standard deviation, each standard deviation in millions of 

dollars spent per win (about $300,000 per win for a standard deviation) is correlated with 

an increase of 5.68 percentage points in likeliness of being fired.  The P-value coefficient 

of .001 is extremely low so this result is very statistically significant and means that when 

a team is forced to spend more money for a win, they are more likely to fire their General 

Manager.  This makes sense intuitively as GMs should be expected to get the most wins 

per dollar as possible, because that is part of their job.   

I then decided to use the attendance numbers to evaluate the marketability of the 

product the General Manager put on the field.  I realize that marketing is also a separate 

responsibility within the organization but the General Manager is directly responsible for 
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the players on the team and thus has significant control over the number of fans coming 

to the park.   

Table F: Summary of Attendance Statistics 
 

Variable Observations Mean Std Dev 
Average Home Attendance (people) 150 23,938 13075.2 
Average Road Attendance (people) 150 29,503 3120.66 

Home Attendance Percentage (in decimal form) 150 .6264133 .2087264
Road Attendance Percentage (in decimal form) 150 .6364400 .0839087

Home * Home Percentage 150 18,982 4415.545
Away * Away Percentage 150 15,818 11857.39

Total Average Attendance (people) 150 26,720 6960.274
 

I created a regression which evaluated the correlation between attendance levels 

and General Managers’ firings.  In my evaluation of attendance levels, it is important to 

notice both how well a team does at home and on the road (in terms of fans coming to 

games).  By accumulating such stats, more precise conclusions can be drawn.  Some 

cities would be likely to support a team no matter how poorly it performs but by taking 

into account the road attendance levels, teams can be held accountable for the product 

they put on the field by seeing how many people want to watch the team outside of the 

close proximity of its geographical location.  Unfortunately, the regression results for 

attendance were insignificant for the five percent confidence level.  However, I was able 

to gather statistically significant results within the ten percent confidence interval for 

several attendance regressions.  
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Table G: Effects of Road Attendance on Probability of Being Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

Average Road 
Attendance 

-.0000178 0.095* -.0555477 

Dollars per Win 
(millions of dollars 

.3330157 0.001** .1027890 

GM Tenure .0132350 0.139 .0408585 
  

In Table G, I used average road attendance as my primary independent variable 

while keeping the probability of being fired as my dependent variable. B looking at road 

attendance, I was able to capture the essence of the following of a given team in a given 

year.  I found that the average attendance for road games was 29,503 fans over the eleven 

year span, with a standard deviation of about 3,121 fans.  In my regression, it can be seen 

that an increase of one standard deviation of road fans has a negative statistically 

significant effect on the probability of being fired.  One can conclude that an increase of 

one standard deviation of fans at road games (3,121 more fans) will decrease the 

likelihood of the General Manager being fired by a little over 5.5 percentage points.  

With a league average of 29,503 fans, a team which draws 32,624 fans would have a 

General Manager which would be 5.6 percentage points less likely to be fired than the 

GM of a team which draws the league average number of fans at road games.  These 

results were significant within the ten percent confidence interval. 
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Table H: Effects of Road Attendance Created Variable on Probability of Being 

Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

Road Attendance 
Percentage 

-.0000134 0.075* -.1588890 

Dollars per Win 
(millions of dollars 

.3393981 0.001** .1047589 

General Manager Tenure .0136412 0.127 .0421125 
 
 In Table H, I used my newly created variable of road attendance times percentage 

of road seats sold.  I created this variable so that teams with smaller parks would not be 

penalized for not selling as many seats as teams with larger parks.  With a mean value of 

about 15,000 and a standard deviation of 11,000 for the statistic the variance was quite 

large.  However, an increase of one standard deviation decreases the GM’s probability of 

being fired by 15.9 percentage points.  This data is statistically significant within the ten 

percent confidence interval and more statistically significant than the average road 

attendance.  I decided not to use home attendance levels because the data was statistically 

insignificant.  I believe it was insignificant because teams at home draw according to a 

city’s interest in baseball, not necessarily the product of the two teams playing on the 

field.  Thus, it is not an accurate indicator of a General Manager’s performance in the 

marketing area. 
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Table I: Summary of Year to Year Changes of Independent Variables 
 

Variable Observations Mean Std Dev 
Change in Wins from Previous Year 300 1.38 12.70882
Change in Salary from Previous Year 296 3.911275 .5063564

Change in Dollars per Win from Previous Year 296 -
.4708732 

.469071 

Makes Playoffs after Failing Previous Year 300 .1133333 .3175295
Fails to Make Playoffs after Making it Previous 

Year 
300 .1133333 .3175295

 
 There were 300 observations (30 teams for 10 years) because 1995 data had no 

previous year for comparison. 

 
Table J: Effects of Change in Team Wins on Probability of Being Fired 

 
Independent Variable Change in 

Probability 
P-value 

Coefficient 
Std Dev * Change in 

Probability 
Change in Wins from 

Previous Season 
-.0029501 0.081* -.0213228 

General Manager 
Experience 

.0048413 0.071* .0615272 

 
 In this regression, I looked at the effects of a change in a team’s wins on the 

probability of a General Manager being fired.  Please recall that a standard deviation for 

change in wins is about 13 wins.  I discovered that an increase of one standard deviation 

in wins from the previous season decreases a General Manager’s probability of being 

fired by about 2.1 percentage points.  By increasing wins from one year to the next, the 

General Manager is able to demonstrate desired improvement to the organization and 

significantly decrease his likelihood of being fired.  This data is statistically significant 

within the ten percent confidence interval. 
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Table K: Effect of Increase in Salary Percentage on Probability of Being Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

General Manager Tenure .0175037 0.011** .0540366 

Change in Salary From 
Previous Year 

.1027707 0.002** .0520386 

 

 I looked at the effect of change in team salary on the probability of being fired.  I 

discovered that for each percentage increase in team salary from the year before, a 

general manager’s likelihood of being fired increases by 10.3 percentage points.  More 

importantly, for a standard deviation increase in team salary percentage, the likelihood of 

a GM being fired increases by 5.2 percentage points.  This makes sense because teams 

that increase their salary from one year to the next are obviously looking for an 

improvement in team.  When spending is significantly increased, owners want and expect 

to see improved results.  Expectations in this situation are extremely high and it is tough 

to meet these expectations so the probability of being fired will increase substantially. 

Table L: Effect of Increase in Dollar Spent per Win on Probability of Being Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

General Manager 
Tenure 

.0180765 0.001** .0558049 

Change in Dollars 
Spent per Win 

.1612604 0.000** .0756426 

 

 The effect of increased dollars spent per win on probability of being fired is 

extremely important.  The bottom line is that teams do not want to have to spend more 

dollars per win than they did in the past.  The results of the data clearly reflect this notion.  

In Table L above, it can be seen that an increase of one standard deviation of dollars 
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spent per win increases the likelihood of a General Manager being fired by 7.6 

percentage points.  This is a substantial increase (about 50% increase) considering that 

the likelihood of a General Manager being fired is normally about 14.5 percent.  If a team 

has to spend more dollars per win than they did the previous season then they are 

probably not getting the results they want, and the General Manager’s job becomes 

jeopardized. 

Table M: Effects of Change in Playoff Status on Probability of Being Fired 

Independent Variable Change in 
Probability 

P-value 
Coefficient 

Std Dev * Change in 
Probability 

Makes Playoffs After 
Not 

-.0523559 0.342 -.0166245 

Not Playoffs After Yes -.0900929 0.065* -.0286071 
General Manager 

Tenure 
.0177039 0.001** .0546547 

Change in Dollars 
Spent per Win 

.1606775 0.000** .0753691 

 

 When looking at the effect of failing to make the playoffs the year after making 

the playoffs on the probability of being fired the results seem to be counterintuitive.  One 

would expect that such occurrences would increase the likelihood of being fired (as team 

performance has decreased).  In the results, it is seen that failing to make the playoffs 

after making them the previous year actually decreases the likelihood of being fired by 

9.0 percentage points.  This data is statistically significant within the ten percent 

confidence level.  It should be noted that the sample space is somewhat small; such 

occurrences only took place forty times in the data set, so it could just be a coincidence.  

Also, some teams may just be in a tougher division that had a particularly good year 

overall.  But the findings are perplexing nonetheless.  A possible explanation is that when 

this happens, it does mean that the team did make the playoffs the year before and the 
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organization may give that more weight than failing to make the playoffs the year in 

which firing is a possibility.  The positive effect of previous success (especially if it were 

substantial success over a sustained period of time) could easily outweigh one season in 

which the team failed to make the playoffs. 

 Unfortunately, I could not find any statistically significant data regarding the 

effects of making the playoffs after failing to make the playoffs the year before.  

However, some data was close to being significant and all the data suggested that there 

was a negative correlation between the variable and the probability of being fired.  

Intuitively, this makes sense because if a team makes the playoffs after failing to make 

the playoffs then they are showing marked signs of improvement.  Generally, teams are 

happy with such improvement, and would be less likely to fire their general manager. 
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Table N: Regressions for Effects of Independent Variables on Probability of Being 
Fired 
 

Independent Variables Regression 
1 

Regression 
2 

Regression 
3 

Regression 
4 

Wins -.0060252 
(0.004)** 

____ ____ ____ 

Salary (millions of dollars) .003186 
(0.000)** 

____ ____ ____ 

Playoffs -.0820247 
(0.125) 

-.1302008 
(0.001)** 

____ ____ 

GM Tenure .017969 
(0.002)** 

.0188206 
(0.002)** 

.0177224 
(0.003)** 

____ 

GM Experience .0019739 
(0.439) 

.0013947 
(0.592) 

.0019869 
(0.434) 

____ 

Dollars per Win (millions, 
team salary) 

____ .2785223 
(0.000)** 

____ ____ 

Change in Wins From 
Previous Year 

____ ____ .0014869 
(0.352) 

-.0005267 
(0.789) 

Change in Salary (millions) ____ ____ -.4636974 
(0.000)** 

-.3019124 
(0.027)* 

Change in Dollars per Win 
(millions) 

____ ____ .6517635 
 (0.000)** 

.4561952 
(0.003) 

Makes Playoffs After Not ____ ____ ____ .0049886 
(0.943) 

Does Not Make Playoffs 
After Making It 

____ ____ ____ -.0964239 
(0.088) 

Year -.0112018 
(0.106) 

-.0144795) 
(0.045)** 

-.0111398 
(0.135) 

____ 

R-Squared .1332 .1263 .1227 .1020 
 
 
 These regressions give an overview of the results that I have discovered.  It is 

interesting to note the values of the R-Squared for all of the regressions.  They range 

from about 10 to 13.5 which represent the percentage of the error that is explained by the 

variables used in the given regressions.  
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VI. Conclusions: 
 
 There are statistically significant positive correlations between the probability of 

being fired and Team Salary, General Manager Tenure, General Manager Experience, 

Dollars Spent on Player Salary per Team Win, changes in Team Salary, and changes in 

Dollars spent per win. 

 There are statistically significant negative correlations between the probability of 

being fired and Team Wins, Team Making the Playoffs, Road Attendance Levels, 

changes in Team Wins and Failing to make the Playoffs after making the Playoffs the 

previous year. 

 There are statistically insignificant correlations between the probability of being 

fired and Year, and Making the Playoffs after not making the Playoffs the year before. 

 Positive correlations imply more likely to be fired while negative correlations 

imply less likely to be fired. 
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VII. Appendix: 
 
 
Table 1: 
 
Team ID # Team Name 

1 New York Yankees 
2 Boston Red Sox 
3 Toronto Blue Jays 
4 Baltimore Orioles 
5 Tampa Bay Devil Rays 
6 Cleveland Indians 
7 Chicago White Sox 
8 Detroit Tigers 
9 Kansas City Royals 

10 Minnesota Twins 
11 Oakland Athletics 
12 Texas Rangers 
13 Seattle Mariners 
14 Los Angeles Angels of Anaheim

(previously Anaheim Angels) 
15 New York Mets 
16 Philadelphia Phillies 
17 Florida Marlins 
18 Atlanta Braves 
19 Washington Nationals 

(previously Montreal Expos) 
20 Cincinnati Reds 
21 Houston Astros 
22 Chicago Cubs 
23 St. Louis Cardinals 
24 Pittsburgh Pirates 
25 Milwaukee Brewers 
26 San Francisco Giants 
27 Los Angeles Dodgers 
28 San Diego Padres 
29 Colorado Rockies 
30 Arizona Diamondbacks 
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Table 2: 
  
Division ID # Division Name 

1 American League East 
2 American League Central
3 American League West 
4 National League East 
5 National League Central 
6 National League West 

 
 
 
 
Table 3: 
 
General Manager ID # General Manager Name 

1 Brian Cashman 
2 Bob Watson 
3 Gene Michael 
4 Theo Epstein 
5 Mike Port 
6 Dan Duquette 
7 J.P. Ricciardi 
8 Gord Ash 
9 Jim Beattie and Mike Flannagan

10 Syd Thrift 
11 Frank Wren 
12 Pat Gillick 
13 Roland Hemond 
14 Chuck Lamar 
15 Mark Shapiro 
16 John Hart 
17 Ken Williams 
18 Ron Schueler 
19 Dave Dombrowski 
20 Randy Smith 
21 Joe Klein 
22 Allard Baird 
23 Herk Robinson 
24 Terry Ryan 
25 Billy Beane 
26 Sandy Alderson 
27 John Hart 
28 Doug Melvin 
29 Bill Bavasi 
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30 Pat Gillick 
31 Woody Woodward 
32 Bill Stoneman 
33 Bill Bavasi 
34 Omar Minaya 
35 Jim Duquette 
36 Steve Phillips 
37 Joe McIlvaine 
38 Ed Wade 
39 Lee Thomas 
40 Dave Dombrowski 
41 Larrry Beinfest 
42 John Schuerholz 
43 Jim Bowden 
44 Omar Minaya 
45 Larrry Beinfest 
46 Jim Beattie 
47 Kevin Malone 
48 Dan O’Brien Jr. 
49 Jim Bowden 
50 Tim Purpura 
51 Gerry Hunsicker 
52 Bob Watson 
53 Jim Hendry 
54 Andy MacPhail 
55 Ed Lynch 
56 Walt Jocketty 
57 Dave Littlefield 
58 Cam Bonifay 
59 Doug Melvin 
60 Dean taylor 
61 Sal Bando 
62 Brian Sabean 
63 Bob Quinn Sr. 
64 Paul DePodesta 
65 Dan Evans 
66 Kevin Malone 
67 Fred Claire 
68 Kevin Towers 
69 Randy Smith 
70 Dan O’dowd 
71 Bob Gebhard 
72 Bob Gebhard 
73 Joe Garagiola 
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Table 1A: 
 
Independent Variable Change in Probability P-value Coefficient

Wins -.0079605 0.000 
GM Tenure .0186089 0.001 

Salary (millions) .0031066 0.000 
Year -.0099787 0.154 

 
 
Table 1B: 
 
Independent Variable Change in Probability P-value Coefficient

Wins -.0071474 0.000 
GM Experience .0046416 0.066 
Salary (millions) .0023348 0.001 

 
Table 1C: 
 
Independent Variable Change in Probability P-value Coefficient

Playoff -.1458044 0.000 
GM Tenure .0183159 0.001 

Salary (millions) .0019925 0.003 
 
Table 1D: 
 
Independent Variable Change in Probability P-value Coefficient

GM Tenure .0155813 0.006 
Dollars Per Win .1841696 0.001 

 
 
 
Table A (1995): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 1995 -.0048388 0.571 
GM Experience 1995 -.0023559 0.815 

Salary 1995 .0036193 0.688 
 
Table B (1996): 
 
Independent Variable Change in Probability P-value Coefficient

Insignificant   
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Table C (1997): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 1997 .0001289 0.986 
GM Tenure 1997 .0297632 0.104 

Salary 1997 .0028387 0.658 
 
Table D (1998): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 1998 -.0016501 0.264 
GM Experience 1998 .0010096 0.641 

Salary 1997 .0028145 0.134 
 
Table E (1999): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 1999 -.0084637 0.013 
GM Tenure 1999 .0187841 0.037 

Salary 1999 .0049213 0.022 
 
 
Table F (2000): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2000 -.0005311 0.233 
GM Tenure 2000 .004253 0.112 

Salary 2000 -.0000244 0.852 
 
Table G (2001): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2001 -.0132126 0.125 
GM Tenure 2001 .0656962 0.013 

Salary 2001 .0060058 0.089 
 
Table H (2002): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2002 -.0101094 0.023 
Tenure 2002 -.0053611 0.780 
Salary 2002 .0037953 0.105 
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Table I (2003): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2003 -.004741 0.181 
GM Experience 2003 .006762 0.222 

Salary 2003 .0032947 0.081 
 
Table J (2004): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2004 -.0021962 0.627 
GM Experience 2004 -.0066274 0.482 

Salary 2004 .0007304 0.682 
 
Table K (2005): 
 
Independent Variable Change in Probability P-value Coefficient

Wins 2005 -.0052586 0.446 
GM Experience 2005 -.0239553 0.078 

Salary 2005 .0016761 0.376 
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