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Abstract 
 

While it is recognized that citizens prioritize different issues when casting their ballots, this 
thesis attempts to improve understanding of the behavior that leads people to seemingly vote 
against their interests. Using constituent voting information and United States senator roll call 
voting data, I analyze the demographic and ideological similarities of Americans who elected 
representatives that disservice them on polices relating to women’s issues and immigration 
reform. The voting data from 2008, 2010, and 2012 merged with roll call voting data from 2013 
and 2014 allows observation of the common demographic and ideological variables that appear 
to lead to disadvantageous voting behavior. The results of the models that analyze the women’s 
issue bills reveal that females with higher levels of education, religiosity, and family income, less 
progressive opinions on abortion, less interest in public affairs, more conservative political 
ideologies, and those who are retired are more likely to exhibit disadvantageous voting behavior. 
The results of the immigration policy regression analysis illustrate that immigrants who are male, 
have higher levels of education and religiosity, have a more conservative political ideology, and 
who are retired are more likely to elect a candidate that will disservice them. The robustness 
checks support these conclusions. 
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Section I: Introduction 
 
 Exploring voter behavior has always been a topic of interest for both economists and 

political scientists. Much of the literature seeks to understand the relationship between a 

particular contextual parameter such as family income, religious affiliation, employment status, 

education level, state residence, etc. and voter candidate choice. Journalist Thomas Frank (2004) 

in his What’s the Matter with Kansas discusses the phenomenon of working-class Whites 

renouncing the Democratic party during the latter half of the 20th century. He explains this trend 

by describing the ways in which poor Whites were persuaded by such cultural arguments of the 

Republican platform as limiting abortion practice, guaranteeing the right to bear arms, and 

prohibiting same-sex marriage (Masket 2016). The argument in Frank’s book centers upon the 

fact that voting for the Republican party is actually detrimental to working-class voters because 

of the conservative economic policies that the party aims to enact. Political scientist Larry 

Bartels’ essay “What’s the matter with What’s the Matter with Kansas” responses to Frank’s 

book and addresses that, in truth, even though income remains a strong predictor of voting 

behavior, poor Whites are more likely to vote for Democratic representatives than wealthy 

Whites (Masket 2016). Although these two works contribute to the political science literature on 

disadvantageous voting behavior, there are few economic studies that have examined individuals 

who vote against their interests.  

While it is understood that people prioritize issues differently when casting their ballots, 

this thesis will examine the ways in which females and immigrants vote disadvantageously. 

Disadvantageous voting behavior is defined in this context as voters who elect representatives 

that they know will not enact policies in their favor on at least one particular type of issue. For 

example, it would be considered disadvantageous voting behavior for an individual on welfare to 
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vote for a representative that is against the expansion of Medicaid. It would also be considered 

disadvantageous voting behavior for an individual in a top tax bracket to vote for an official that 

he or she knows will enact a wealth tax.  

Despite Donald J. Trump’s lack of support of women’s issues and his misogynistic 

comments regarding several high-profile women during his campaign for president, 42% of 

women, and 53% of White women, voted for him in the 2016 election. During a presidential 

debate in 2015, for example, Trump felt as though he was mistreated by the moderator, Megyn 

Kelly. In response, he said that that she had “blood coming out of her whatever,” a seemingly 

gender-specific remark (Reston and Glover 2016). Regarding the issue of abortion, for example, 

Trump’s position has changed throughout the years. In 1989, he held a pro-choice fundraiser, but 

in 2011, he declared himself anti-abortion. In 2015, Trump suggested punishment for women 

seeking abortion, though later retracted this comment. In 2016, he stated that abortion should be 

outlawed, allowing exceptions only for cases of rape, incest, or when the mother’s life is in 

danger (Alter 2016). During the campaign period, Trump’s website did not contain information 

regarding his position on equal pay, paid family leave, child-care, or sexual harassment, all of 

which are issues that would be of particular interest to women. Trump has been quoted saying, 

“[pregnancy is] a wonderful thing for the woman, it’s a wonderful thing for the husband, it’s 

certainly an inconvenience for a business. And whether people want to say that or not, the fact is 

it is an inconvenience for a person that is running a business” with regard to the issue of paid 

leave after a woman gives birth (Trump in Alter 2016). He has also expressed his belief that it 

would be difficult to implement wage equality as a matter of public policy because, “[w]hen you 

have to categorize men and women into a particular group and a particular pay scale, it gets very 

challenging— because people do different jobs” (Trump in Alter 2016).  
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Notwithstanding his policies and lack of support of women’s issues, a significant 

percentage of women voted to elect him president (Huang et al. 2016). As the 2016 presidential 

election and Thomas Frank’s study of working-class White voting behavior are just two 

examples of when a particular demographic seemingly votes against its interests, my research 

seeks to determine the characteristics of voters that cast ballots for candidates that disservice 

them and the important contextual parameters that are shared among these voters. To answer this 

question, I use data from two sources. (1) The Voteview NOMINATE dataset provides access to 

every roll call vote that has occurred in the U.S. House of Representatives and the Senate. (2) 

The Cooperative Congressional Election Survey (CCES) offers demographic, ideologic, and 

actual voting data for all midterm elections between the years of 2006 and 2018. I use four roll 

call votes that occurred in the United States Senate in 2013 and in 2014 for my analysis. Theses 

roll call votes pertain to the issues that would be most pertinent to women and immigrants. This 

senator voting data is matched with the corresponding Cooperative Congressional Election 

Surveys. The merged dataset contains variables that show how constituents voted in the 2008, 

2010, and 2012 elections. These election years composed the 113th Congress of senators, who 

were all present during each of the selected roll call votes. Through a probit regression model, I 

explore the correlates of policymaker votes on specific issues and the characteristics of 

constituents that voted to elect these lawmakers. The model ameliorates understanding of the 

parameters shared among voters with regard to disadvantageous voting behavior.  

The remainder of this paper is organized as follows. Section II will review the economic 

and political science literature related to this subject. Section III will present the data and provide 

preliminary summary statistics of the dependent variable and the important explanatory 

variables. Section IV will explain the model this thesis uses. Section V will provide the estimated 
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results. Section VI will describe the robustness checks used. Section VII contains the conclusions 

of this thesis.  

 

Section II: Literature Review 

 Extensive literature exists in both the economic and political science journals that 

examines voting behavior. The literature reviewed thus far involves studies that focus on 

different aspects that influence voter behavior. While economists and political scientists have 

studied specific elements that affect voting behavior like religiosity, the economy, and 

knowledge of one’s voting rights, there is limited literature about the populations who vote 

disadvantageously. My research will add to the literature because it will determine the contextual 

parameters like education level, income, religiosity, race, geographic region, etc. shared among 

voters that result in their casting ballots for candidates whose policies disservice them.  

 Even though many academics have studied what influences voting behavior, the specific 

aspects that impact how and why an individual casts his or her ballot differs significantly for the 

focus of the studies and their methodologies. One set of studies explores the impact that 

information has on voting behavior for women. Giné and Mansuri (2011) study how a voter 

rights awareness campaign effects the turnout and candidate choice of female voters in Pakistan 

(Giné and Mansuri, 2011, 1). The authors designed a field experiment in which they went door-

to-door to households in Sukkur and Khairpur, districts of the Sindh province, and presented two 

voting messages to the treatment group. Giné and Mansuri (2011) also gathered data on 

demographics and previous voting behavior. The authors found a positive relationship between 

information and voter turnout, as the turnout among the women who received the treatment 

campaign messages increased by 11%. The authors also conclude that group participation was an 
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important factor because the women believed that they were obligated to vote in order to support 

each other. Pang, Zeng, and Rozelle’s (2013) research focuses on whether women are more 

likely to vote if they have sufficient knowledge of their rights. The data was obtained through a 

randomized control trial from villages in China in which households in the sample were placed 

into groups. Each group received a different training, though each training was centered around 

educating participants of the importance of female voting, female voting rights and 

responsibilities, and the voting process itself. Pang, Zeng, and Rozelle (2013) found that the 

experimental interventions provided positive and significant results. The responses from a test 

taken by all trained participants demonstrated an increase knowledge of female voting rights and 

how to exercise the right to vote. The authors provide evidence for this increased knowledge 

through the point estimate changes in baseline test scores and post invention test scores. (Pang, 

Zeng, and Rozelle, 2013, 49).  

 Emmenegger and Manow (2014) study the gender vote gap in Western European 

countries and emphasize the role of religion when explaining why women have shifted from 

conservative voters to liberal voters in the past four decades. The term gender vote gap refers to 

gender differences in levels of political participation and political preferences (Kittilson, 2016, 

2). Although the authors recognize that changes in labor-force participation and divorce rates 

have impacted the gender vote gap, they argue, “that where a religious cleavage is prominent in 

the party system, in particular in the Catholic countries of Continental and Southern Europe, 

competing over religious voters remains restricted...[religion] explain[s] a substantial part of the 

new and old gender vote gap” (Emmenegger and Manow, 2014, 167). Using data from the 

World Values Survey and the Eurobarometer Survey, the authors use multivariate regression 

analysis to conclude that (1) religiosity has a significant negative effect on the intention to vote 
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for left or center-left parties for both men and women. (2) Labor market participation is found to 

have a weak positive effect on the intention to vote for left or center-left parties. (3) Being 

divorced, separated, or without a partner has a positive effect on the intention to vote for left or 

center-left parties (particularly for female respondents) and is statistically significant. (4) The 

extent of the religiosity of the respondent is a more powerful predictor of how he or she will vote 

than any of the other independent variables. (5) Gender is found to have a weak relationship to 

vote intention, which illustrates that the other independent variables are better indicators. (6) The 

observed gender vote gap almost disappears completely if the control variables for religiosity, 

labor market participation, and marital status are implemented and, therefore, these three factors 

can explain the gender vote gap. (7) Of all of these factors, religiosity has the largest substantive 

effect; it is a strong predictor of left self-placement (Emmenegger and Manow, 2014, 178-

184).  These findings have resolved some of the unanswered questions about changes in political 

orientation of women in Western European countries that previously focused on social and 

economic reasons as the justification for the changes in vote intention. Kittilson (2016) also 

studies gender differences in political behavior, focusing on “political preferences (vote choice 

and ideology), political participation (voting, campaign activity, and contentious actions), and 

political engagement (interest, discussion, persuasion, knowledge, and efficacy)” (Kittilson, 

2016, 2). Kittilson’s work reflects that of Emmenegger and Manow’s (2014) when she refers to 

the idea that women’s higher levels of religiosity have previously created stronger ties to 

conservative parties and that this old gender vote gap has shifted with women, who are now 

generally less religious. Now, women tend to vote to the left of men on a political ideological 

scale (Kittilson, 2016, 3). The author also describes the trend that female electoral participation 

continues to lag behind male participation rates. Based on her qualitative research from 
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previously performed political science studies on gendered political behavior, Kittilson attributes 

the gender differences in political participation and preference to the lower levels of resources 

that women have, a nation’s economic development and welfare state, and the socialization of 

gender roles (Kittilson, 2016, 12).  

 Another set of studies examines the influence that social networks have on voting 

behavior. McClurg, Wade, and Wright-Phillips (2013) explore, “how interpersonal social 

networks relate to the voting behavior of men and women (McClurg et. al., 2013, 1102). This 

study references the gender vote gap as well. It does so, however, in the context of the influence 

that personal networks have upon voting behavior. The authors obtained their data from the 

American National Election Survey in 2000, gathering information about each participant’s 

social network and voting behavior. Through Ordinary Least Squares regression analysis, 

McClurg, Wade, and Wright-Phillips (2013) were able to conclude that the gender gap that exists 

within voting behavior is related to social networks. The authors’ regression model also 

illustrates that women have smaller networks and fewer political discussions; political 

discussions are experienced differently by men and women; sex is not important for 

understanding the relationship between the political and gender composition of a network; 

networks are more likely to be formed based on political partisanship rather than gender, where 

partisanship is defined as belonging to a particular political party and holding similar ideological 

views. (McClurg et. al., 2013, 1113). Each of these conclusions are found to be statistically 

significant. Funk’s (2010) research explored the impact that social pressures have on the act of 

voting. Funk created a natural experiment that emphasizes the importance of group size and 

cohesion for the existence of social pressure. Funk observed whether voting participation 

increased or decreased following the introduction of postal ballots. The author hypothesized that 
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the postal ballot introduction would disincentivize individuals to vote because the social pressure 

of being seen voting by members of the community would now have been removed. The results 

show that social pressure does impact voting because in the smallest communities, where it was 

expected that people would know each other well and would be aware of who is voting, voters 

casting ballots decreased by 7% after postal ballot voting was introduced (Funk, 2010, 1089).  

 Highton (2004) is interested in determining if voters are aware of the ways in which 

senators vote on issues brought in front of the Senate and, therefore, if the constituents consider 

their own policy preferences when voting. The author focused on abortion policy voting 

specifically, meaning that he examined how senators voted on abortion policy issues. The author 

made this choice because abortion was, and continues to be, a topic about which many 

Americans have strong opinions and because it is a policy issue likely to be considered by many 

when casting ballots. Through logit model analysis of voter choice, Highton (2004) isolates the 

relationship between abortion policy preferences and voter choices that account for other 

political attitudes (Highton, 2004, 186). Highton (2004) found that the relationship between 

abortion policy preference and voter choice was strengthened when there was contrast among 

candidates. When the position of candidates differed, focusing on the probability of a voter 

casting a ballot for a democratic candidate based on that voter’s opinion of abortion policy, there 

was a strong positive relationship between the electoral context and the apparent level of policy 

voting (Highton, 2004, 188-9). This relationship was illustrated through the logit model’s third 

parameter, policy liberalism (one of the voter choice variables that account for individual 

political attitudes). It was found to be statistically different from zero at the 1% level (Highton, 

2004, 188-9). Finally, the ways in which information and voting influence the level of policy 

voting were shown to have a positive relationship. The logit model illustrated that the more 
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information voters have about the candidates, the stronger the relationship is between abortion 

policy and voter choice (Highton, 2004, 191).   

 The influence of economic factors on voting behavior is illustrated in Kahane’s (2009) 

research. The author examines the elements that determine state voting outcomes during a 

presidential election, considering two theories. The first is called the “economy matters” theory 

and it refers to the influence that an individual’s “real income, unemployment, and a proxy for 

inflation” has on who he or she votes for in the next election  (Kahane, 2009, 343). The second 

theory is called “homegrown-ness” and it examines how a candidate will do in his or her home 

state as compared to the opponent during a presidential election. The fixed-effects regression 

analysis supported both the “economics matter” and the “homegrown-ness” theories. The first 

theory is shown to predict voting patterns, while the second theory provides mixed results based 

on the regressions. The author obtained data from the Bureau of Economic Analysis, Regional 

Economic Information System, and the U.S. Department of Commerce. Using variables obtained 

from these sources for the percent change of income, the unemployment rate, and the inflation 

rate, the author is able to measure his “economy matters theory.” The dataset presents timeseries 

state level data from all fifty states during nine presidential elections between 1972 and 2004. 

Kahane (2009) found that weak evidence exists that the incumbent-party candidate achieves 

greater support in the home state. Strong evidence illustrates that the incumbent-party candidates 

fare worse in the home state of rival-party candidates (Kahane, 2009, 343). The state level 

analysis also illustrated that economic performance will determine voting behavior in 

presidential elections and that sociotropic voting behavior, or the significance of one’s personal 

connection to a candidate, may exist below the national level (Kahane, 2009, 355).  
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 Phillips’ (2018) research considers the stated desire of citizens to have descriptive 

representation and the weight that is actually given to this attitude when voting. Descriptive 

representation occurs when the elected official is similar to the voter in terms of physical 

demographics. Phillips focuses specifically on the descriptive representation and voting behavior 

of White women (Phillips, 2018, 29). The author’s analysis was motivated by the fact that 53% 

of White women voted for Trump in the 2016 presidential election, despite the fact that Hillary 

Clinton was of their same race and gender. Phillips (2018) uses a series of logit regressions to 

estimate the effect of wanting to elect more women, based on data collected from the American 

National Election survey, and the probability of that observation having voted for Hillary 

Clinton. The model’s dependent variable tests the probability of a women’s likelihood of voting 

for Clinton. The main explanatory variables are claimed desire to elect more women, marital 

status, education, Evangelical identity, and variables related to race and political party 

identification. The author finds that the desire to elect more women and the actual voting 

decision for a woman to be significant for women of color, but to be insignificant for White 

women. This finding illustrates that although White women may say that increased descriptive 

representation is important to them, their actions do not reflect this claimed desire when voting. 

Phillips concludes that “it is not that race simply trumps gender, but that the perceived 

connection between race and gender identities for White women embodies more flexibility than 

it does for women of color” (Phillips, 2018, 45).  

 
Section III: Data Description  

Section IIIa: Data sources  

 The data for my research is obtained from two sources. The first source, Voteview, 

provides records of all roll call voting that has occurred in the United States Senate (Lewis et al., 
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2019). The dataset was first developed by Keith T. Poole and Howard Rosenthal between 1989 

and 1992 and is maintained by the Political Science and Computer Science departments at the 

University of California Los Angeles. My analysis will use data from these roll call records on 

two bills related to women’s issues social policy and two bills that focus on immigration reform 

policy. Voteview uses cross-sectional data that contains 100 observations for each roll call vote 

that passes through the Senate.  

Voteview provides a comprehensive list of the names of all 100 senators, the state that 

they represent, and how they voted on the bill in question. The dataset records whether each 

senator voted “yea” or “nay” or if the representative abstained from voting on the bill (Lewis et 

al., 2019). From this data record, I create two dummy variables for each roll call vote: one for 

whether the senator voted “yea” and another for if the senator abstains. The “nay” vote serves as 

the omitted category. Additional details on the coding of these outcome dummy variables are 

provided while describing the methodology in Section IV.  

Additionally, Voteview has two Figures that accompany the data of each bill: a 

membership map that illustrates the political party of the senators from each state and a vote 

ideological breakdown that predicts the probability that each senator votes “yea” or “nay” before 

the vote actually occurs. The membership map shows all 50 states, either colored blue, red, or a 

striped mix of colors. The state’s color depends on the political party that the senator from that 

state represents. The vote ideological breakdown presents the possible ways that senators may 

vote the bill in question. Each senator is placed based on their DW-NOMINATE (Dynamic 

Weighted NOMINAl Three-step Estimation) score. The DW-NOMINATE method is a “scaling 

procedure” that presents the senators on a “spatial map,” where the gap between two senators 

demonstrates the extent to which their previous voting records are alike (Lewis et al., 2019). The 
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four membership maps and four spatial maps have been included in the Appendix for visual 

effect and so that readers can have a clear understanding of the ideological breakdown of the 

Senate during the time that the roll call votes that this thesis analyzes occurred.  

The first vote that my search examines is a Motion to Proceed to amend the Fair Labor 

Standard Act of 1938, which is also known as the Equal Pay Act (bill S2199). The purpose of 

this amendment was to offer more successful solutions to those who have been victims of wage 

discrimination on the basis of sex (Lewis et al., 2019). The revision included adjustments to the 

actions that can be taken if an employer were to retaliate against an employee after she submits a 

discrimination complaint. The amendment made it so that any employer who retaliates can be 

prosecuted for punitive damages in a civil action case (Lewis et al., 2019). The bill also provided 

funding to improve the training program on equal employment opportunities. Figure 1 in the 

Appendix shows the membership map of the Senate and Figure 2 presents an ideologically 

breakdown of the senators that were present during this vote. Table 1 below, following the 

description of each of the roll call votes, contains a tabulation of how each senator voted on the 

2014 Fair Labor Standard Act amendment and the summary statistics of the bill.   

 The second roll call vote that my research analyzes is a cloture on the Motion to Proceed 

for bill S2578. This bill ensures that “employers cannot interfere in their employees’ birth 

control and other health care decisions” (Lewis et. al., 2019). The bill affirms that employers 

who have health care plans for their employees offer coverage in the way that is required by 

federal provisions and by the Public Health Service Act (Lewis et. al., 2019). Figure 3 is a 

membership map of the senators present at the time of the vote and Figure 4 shows the 

ideological breakdown. Table 1 contains the summary statistics and a tabulation of how the 

senators in the 113th Congress voted on the cloture of the motion for bill S2578.  
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 The third bill that my research analyzes, which pertains to immigration policy, is a vote 

on the passage of the Border Security, Economic Opportunity, and Immigration Modernization 

Act (bill S744). The act provides comprehensive reform to the American immigration system 

(Lewis et. al., 2019).  According to the National Immigration Law Center, its passage will give 

approximately 11 million undocumented immigrations the ability to become U.S. citizens. The 

act also provided billions of dollars of funding to militarize the border between the U.S. and 

Mexico. Bill S744 also contains legislation that makes the implementation of deportation more 

severe (National Immigration Law Center). Figure 5 is the membership map of the senators 

present and Figure 6 presents the ideological breakdown of the Senate at the time of the vote. 

Table 1 contains the summary statistics and provides a tabulation of how the senators present 

voted on the passage of the Border Security, Economic Opportunity, and Immigration 

Modernization Act.  

 The final roll call vote that this thesis analyzes is bill SCONRES8. SCONRES8 is an 

amendment that is meant to establish “a deficit-neutral reserve fund to achieve savings by 

prohibiting illegal immigrants or illegal immigrants granted legal status from qualifying for 

federally subsidized health care.” SCONRES8 is related to the creation of the congressional 

budget for the 2014 fiscal year (Lewis et. al., 2019). Figure 7 shows the membership map of the 

senators present during the vote and Figure 8 provides the ideological breakdown of each 

representative. Table 1 contains information about the summary statistics of this bill and a 

tabulation of how each member of the 113th Congress voted on the amendment.  
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Table 1: Descriptive Statistics of the Roll Call Votes 

Variable  Obs  Frequency  Min  Max 
RollCallS2199 
Yea 
Nay 
Abstain 
 

100 100 
44 
53 
3 

1 9 

RollCallS2578 
Yea 
Nay 
Abstain 
 

100 100 
43 
56 
1 

1 9 

RollCallS744 
Yea 
Nay 
Abstain 

100 100 
68 
30 
2 
 

1 9 

RollCallS8 
Yea 
Nay 
Abstain 

100 100 
43 
56 
1 

1 9 

 
___________________________________________________ 

 

Minimal transformation of the data from the Voteview source was required, as it clearly presents 

all information about senator voting needed for analysis. As my research seeks to improve 

understanding of what people prioritize when casting their ballots, these roll call vote serve as 

valuable data with regard to understanding the priorities of women and immigrants when they 

cast their ballots.  

The constituent voting data is obtained from the Cooperative Congressional Election 

Surveys (CCES). Each survey collects cross-sectional data, with approximately 55,000 

observations, in order to study the midterm congressional elections in the United States. The 

samples are large enough to measure the voting preferences in each state in a precise manner 

(Ansolabehere and Schaffner, 2014, 7). “CCES seeks to study how Americans view Congress 

and hold their representatives accountable during elections, how they voted and their electoral 
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experiences, and how their behavior and experiences vary with political geography and social 

context” (Ansolabehere and Schaffner, 2014, 7).  

This research analyzes multiple years of data from the Cooperative Congressional 

Election Survey. As stated above, the roll call votes analyzed in this thesis are from 2013 and 

2014. Using the Cooperative Congressional Election Surveys from the 2008, 2010, and 2012 

years allows me to match the senator’s policy voting to the individual voters’ preferences 

because those election years determined the victors of the 113th congress who voted on the roll 

call votes in 2013 and 2014. The raw data from CCES has been transformed for my analysis. The 

survey collects many demographic, ideological, and voting practice variables from its 

participants that, while helpful for studying the factors that influenced past elections, are not 

relevant for my examination of female and immigrant disadvantageous voting behavior. Table 2 

below illustrates the descriptive statistics for these demographic dummies.  I also create dummies 

for the outcome variables from the Senate voting data (not included in Table 2). These outcome 

variables capture whether senators voted for or against each of the four bills or if the senators 

abstained from voting. 
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Table 2: Summary Statistics for Constituent Demographic Data1 

Variable Obs Mean Std. Dev. Min Max 

White 97026 .754 .431 0 1 
Black 97026 .107 .31 0 1 
Hispanic 97026 .076 .265 0 1 
Asian 97026 .014 .119 0 1 
Native_American 97026 .008 .09 0 1 
Mixed_Race 
Other_Race 
 

97026 
97026 

.018 

.022 
.132 
.146 

0 
0 

1 
1 

Full_Time 97026 .393 .488 0 1 
Part_Time 97026 .103 .304 0 1 
Unemployed 97026 .081 .272 0 1 
Retired 97026 .238 .426 0 1 
Permanently_Disabled 97026 .052 .223 0 1 

Homemaker 97026 .064 .244 0 1 
Student 97026 .041 .197 0 1 
Other_EmployStatus 97026 .028 .166 0 1 

Married 97026 .588 .492 0 1 
Separated 97026 .018 .133 0 1 
Divorced 97026 .117 .321 0 1 
Widowed 97026 .048 .214 0 1 
Single 97026 .185 .388 0 1 
Domestic_Partnership 97026 .043 .203 0 1 

Imm_Citizen 97026 .049 .216 0 1 
Imm_Noncitizen 97026 .012 .108 0 1 
First_Gen 97026 .089 .284 0 1 
Second_Gen 97026 .239 .426 0 1 
Third_Gen 97026 .608 .488 0 1 

Republican 
Democrat  

97026 
97026 

.578 

.393 
.494 
.489 

0 
0 

1 
1 

      

__________________________________________________________________ 

Section IIIb: Dependent Variable Description  

Vote  

The Vote variable captures whether the constituent cast his or her ballot for the senator 

that ultimately won in the 2008, 2010, and 2012 elections. This variable provides a sufficient 

 
1 The variables in this table were generated directly from the Cooperative Congressional Election Survey dataset.  
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way to measure disadvantageous voting behavior because it allows me to analyze the parameters 

of those who elected the senators present in the 113th Congress. Using a dataset that contains 

information about how senators voted on bills that would primarily affect the female and 

immigrant electorate enables analysis of the constituent voting behavior because it illustrates 

which voters elected representatives that have done them a disservice in terms of the policies that 

they enacted. Table 3 below illustrates the summary statistics of this dependent variable.  

 
Table 3: Dependent Variable Summary Statistics 

 
Variable Obs Mean Std. Dev. Min Max 

 

Vote 97025 .382 .486 0 1 
___________________________________________________________________  

 

The summary statistics in Table 3 illustrate that approximately 38% of those who participated in 

the 2008, 2010, and 2012 Cooperative Congressional Election Surveys claim to have voted for 

the winner. It is important to note that this statistic reveals that there is some response bias in the 

CCES. The mean value in Table 3 should be closer to 0.5, which would indicate that 50% of 

survey participants claim to vote for the winner of the Senate elections. The response bias 

indicates that those who voted for the senatorial winner were more likely to partake in the 

survey.  

 

Section IV: Methodology 

Based on methods developed by Highton (2004), whose model allowed him to predict the 

probability that a voter casts a ballot for a candidate based on that individual’s opinion of 

abortion policy, and Phillips (2018), whose regression model tested the effect of claiming to 

want to elect more women and the probability that one actually votes for the female candidate in 
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the 2016 presidential election, I have developed a probit model. My regressions estimate whether 

the female and immigrant electorate voted against their interests, through an analysis of whether 

they elected senators whose voting behavior on policy issues does them a disservice. Each probit 

model contains demographic and ideological controls and an outcome variable2 to isolate the 

senatorial voting behavior and, therefore, to observe disadvantageous voting behavior of 

constituents. After the regression is run, the marginal probabilities of each of the coefficients are 

calculated in order to examine the extent to which each parameter indicates a greater likelihood, 

of a constituent with that characteristic, voting for or voting against the incumbent senator in a 

future election. Two example regressions are shown below: the first model is the one that 

analyzes the women’s issue roll call votes and constituent voting behavior and the second model 

examines the immigration roll call votes and constituent voting behavior. All of the main 

regression models can be found in the Appendix. 

 
Women’s issue Model: P(Vote = 1) = β0 + β1 (Abortion) + β2 (Control Variables) + μi 

 

Immigration Model: P(Vote = 1) = β0 + β1 (Immigration Opinion) + β2 (Control Variables) + μi 

 

 

As stated in the footnote, each model features one type of senatorial voting behavior (yea, 

nay, abstain) from the four roll call votes analyzed. These differences in senatorial voting 

behavior are captured through the outcome dummy variables that are generated from the original 

Voteview dataset: YeaS2199, YeaS2578, YeaS744, and YeaS8.  These variables that are equal to 

1 if the senator voted “yea” and are equal to 0 if the senator voted “nay” on each respective bill. 

The variables that are labeled as AbsS2199, AbsS2578, AbsS744, and AbsS8 are dummy variables 

 
2 For each of the four roll call votes analyzed, there is an outcome variable that indicates that the senator voted in 
favor of the bill, against the bill, or abstained from voting on the bill. There are 12 outcome variables in total and, 
therefore, 12 main regression models. 
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that equal to 1 if the senator abstained from voting on each of the respective bills and equal to 0 

if the senator did not abstain (i.e. the senator voted “yea” or “nay). The first regression model, 

for example, predicts probabilities of all constituents who elected for the senator who voted 

“yea” on bill S2199. The second regression predicts the probabilities of the constituents who 

elected for the senator who voted “nay” on bill S2199. This idea is replicated for each of the 

ways that the senators in the 113th Congress voted on the other bills analyzed in this thesis. 

 Other than the outcome dummies, the only other aspect of the model that changes is 

whether the Abortion or the Immigration Opinion variable is included in the model. The abortion 

variable captures the survey participant’s views on abortion practices. The variables measures 

whether the respondent believes that (1) abortion is a matter of choice, (2) abortion should be 

permitted only in cases of incest, rape, or when the woman’s life is danger, (3) abortion should 

be prohibited after the 20th week of pregnancy, (4) employers should be allowed to decline 

coverage of abortion in health care plans, and/or (5) federal grants should be prohibited to fund 

abortions (Ansolabehere and Schaffner, 2014, 49-50). The abortion variable is only used in the 

models that analyze bills S2199 and S2578.  

The immigration variable illustrates the extent to which the respondent’s opinions on 

immigration policy are liberal or conservative. It measures whether the participant believes that 

(1) legal status should be granted to all illegal immigrants that have had jobs and paid taxes for 3 

years, (2) the number of border patrols at the U.S.- Mexican border should be increased, (3) the 

police should be able to question any individual that they believe is illegally in the United States, 

(4) all businesses that have hired illegal immigrants should be fined, (5) illegal immigrants 

should not be allowed to use emergency hospitals or public schools, and/or (6) American 

citizenship should be denied automatically to all children born to illegal immigrants. This 
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variable is only included in the regressions that analyze the voting behavior of immigrant citizens 

and immigrant non-citizens and first, second, and third-generation Americans (bill S744 and bill 

SCONRES8). Because the survey questions that allowed the Immigration Opinion to be 

generated through principal component analysis were only asked in the 2010 and 2012 

Cooperative Congressional Election Surveys, the regressions that analyze the immigration bills 

will be run twice. The first time they are run, Immigration Opinion will be included which 

excludes the data from the 2008 election. The second time the Immigration Opinion variable will 

not be regressed and data from all three election years will be used. A comparison of these 

results serves as a robustness check and can be found in Section VI.  

The demographic and ideological controls that are used in the regressions are defined as 

follows. Female is a dummy variable where the coding of 1 equals a male survey participant and 

the coding of 2 equals a female survey participant. Educ is a categorical variable that provides 

information on the constituent’s education level. Its coding is (1) for no high school, (2) for high 

school graduate, (3) for some college, (4) 2-year college, (5) 4-year college, and (6) for 

postgraduate degree. FamilyIncome is a categorical variable, with greater values indicating 

higher income brackets. For example, a “1” indicates an income of “less than $10,000” and a “9” 

represents an income that is between $80,000-$99,999. A “16” indicates that the individual has 

an income of $500,000 or more (Ansolabehere and Schaffner, 2014, 36). Because higher 

categorical values respond to higher income levels, I treat FamilyIncome as if it were a 

continuous variable. NewsInt measures the survey participant’s passion level for the news and 

public affairs. It asks if the individual follows what is occurring in the government (1) most of 

the time, (2) some of the time, (3) only now and then, (4) hardly at all, and (5) don’t know. 

Ideology measures whether the survey participant considers himself (1) very liberal, (2) liberal, 
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(3), moderate, (4) conservative, or (5) very conservative politically. Religiosity is a variable that 

was created through principal component analysis and it measures how religious the survey 

participant is by gathering his or her information about (1) how important religion is to the 

participant (2) how often the participant attend’s a religious institution, and (3) how often the 

participant prays.  

 White, Black, Hispanic, Asian, Native American, Mixed Race, and Other Race are 

dummy variables generated from the race question on the survey. The dummies are coded with a 

1 if the survey participant identified as that race. White serves as the category that was omitted 

from the race dummies in the regression. Similarly, Full Time, Part Time, Unemployed, Retired, 

Permanently Disabled, Homemaker, Student, and Other Employment Status are the dummy 

variables that were generated from the employment status question in the survey. These dummies 

are coded with a 1 if the survey participant identified with that employment status and a 0 

otherwise. Full time is the category that was omitted from this group. The marital status variable 

in the CCES allows the respondent to classify himself or herself as Married, Divorced, 

Separated, Widowed, Single, or in a Domestic Partnership. Dummies were generated for each of 

these statuses; a 1 was coded the participants that identify with each status. The Married dummy 

is the variable that is omitted from this group. The political party dummies are Republican and 

Democrat. Each are coded with 1 if the survey participant is affiliated with the political party and 

a 0 otherwise.  

The models that observe the voting behavior of immigrants contain an additional four 

dummy variables. In order to isolate the effects of the survey participants citizenship status on 

his or her voting behavior, five dummy variables are generated from the CCES variable immstat. 

The five dummies are: Imm citizen, Imm  NonCitizen, First Gen, Second Gen, and Third Gen. 
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These dummies are coded with a 1 if the respondent identified with the listed status and a 0 

otherwise. The third-generation American variable is the omitted category from this group. 

Finally, fixed effects are used on the State variable in each probit regression in order to illustrate 

the effect the respondent’s geographic region has upon his or her voting behavior. 

 

Section V: Estimated Results  

Model 1 and Model 3 are the regressions that isolate “pro-woman” senatorial voting. 

Model 2 and Model 4 isolate “anti-woman” senatorial voting behavior. All four regression 

models find Female, Educ, Abortion, FamilyIncome, NewsInt, Ideology, Religiosity, Black, 

Hispanic, Asian, Unemployed, Permanently Disabled, Homemaker, and Student to be significant 

at the 1% level. The Mixed Race variable was significant for all four regressions, with three of 

the models being significant at the 1% level and one regression being significant at the 5% level. 

It is also interesting to note that all of the marital status variables were only significant for the 

models that analyzed the behavior of constituents who elected senators that voted against a “pro-

woman” bill.  The State variable, which was regressed with fixed effects in order to separate the 

impact of geographic location for each voter, was significant for some states but not all.  

While the marginal probability values may differ slightly between variables in Model 1 

and Model 3, the signs of these values are the same for every variable except Republican. The 

signs of the marginal probabilities values capture whether the way a senator voted on the bill 

made the constituent more (indicated by a positive value) or less (indicated with a negative 

value) likely to vote for that senatorial incumbent candidate in a future election. Females, those 

who have achieved higher levels of education, those with more progressive opinions on abortion 

practices, those with lower levels of household income, those with greater interest in public 
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affairs, those with a less conservative political ideology, those with lower levels of religiosity, 

those who identify as Black (as compared to White), and those who are unemployed, retired, or 

permanently disabled (as compared to full-time workers) are more likely, for each additional unit 

change, to vote for the incumbent senatorial candidate. These two models also illustrated that 

males, those with lower levels of education, those with more conservative political ideology and 

higher levels of religiosity, and those who are unemployed, homemakers, or students (as 

compared to full time workers are less likely to vote for a senatorial incumbent candidate that 

voted in favor of bill S2199 and/or bill S2578. The results of this models also indicate that those 

who identify as Hispanic, Asians, mixed-race, or other race (as compared to White) are less 

likely to vote for a representative that votes in favor of “pro-women’s issues” policy. The 

validity of this conclusion, however, is questionable because models 2 and 4 also find these 

minority groups less likely to support candidates that vote against “pro-woman” policy (see 

discussion of these models below). It appears that these conflicting results are present because 

these minority groups are simply less likely to vote in midterm elections than Whites. Again, the 

marital status variables for these models were insignificant and is, therefore challenging to 

interpret the meaning of these results.  

Models 2 and 4 contain similar marginal probabilities values for each of variable 

regressed. Every variable that has a positive sign in model 2 also has a positive sign in model 4. 

Every variable that has a negative sign in model 2 also has a negative sign in model 4. Although 

the results show that the female electorate is less likely to vote for a senatorial incumbent 

candidate that voted against a woman’s issue bill, females with the following parameters are 

more likely to exhibit disadvantageous voting behavior. Those with those who have also 

achieved higher levels of education, those with less progressive opinions on abortion practices, 
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those with higher family incomes and higher levels of religiosity, those who identify as more 

politically conservative, those with less interest in public affairs, those who are affiliated with the 

Republican party, and those who are retired are more likely to exhibit disadvantageous voting 

behavior, as these people with these parameters more likely to vote for an incumbent senator 

who voted against a pro-women’s issues bill. Those who are affiliated with the Democratic party, 

those with a high interest in governmental and public affairs, those who identify as Black, 

Hispanic, Asian, or mixed-race (as compared to White race)3, and those who are unemployed, 

permanently disabled, students, or homemakers (as compared to full time workers) are less likely 

to vote for an incumbent senatorial candidate who has voted against the bill S2199 and/or bill 

S2578. Models 2 and 4 also illustrate that being divorced, separated, widowed, single, or in a 

domestic partnership (as compared to being married) makes the constituent less likely to vote for 

a senator that has voted against either of these bills. Table 4 below displays the results of the bills 

used to analyze female voting behavior. The tables displaying the results for the behavior of 

constituents that vote for senators who abstained from voting on either bill S2199 or bill S2578 

are displayed in the Appendix in Table 4A.  

  

 
3 The explanation for this behavior is provided on page 26. 
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Table 4: Results of Women’s Issues Policy Analysis 

 

 Model 1 Yea 
S2199 

Model 2 
Nay S2199 

Model 3 
Yea S2578 

Model 4 
Nay S2578 

Female 0.048 
(0.000)*** 

-0.037 
(0.000)*** 

0.045 
(0.000)*** 

-0.042 
(0.000)*** 

Educ 0.016 
(0.000)*** 

0.014 
(0.000)*** 

0.015 
(0.000)*** 

0.013 
(0.000)*** 

Abortion 0.079 
(0.000)*** 

-0.048 
(0.000)*** 

0.077 
(0.000)*** 

-0.054 
(0.000)*** 

FamilyIncome -0.324 
(0.000)*** 

0.676 
(0.000)*** 

-0.334 
(0.000)*** 

0.679 
(0.000)*** 

NewsInt -0.019 
(0.000)*** 

-0.092 
(0.000)*** 

-0.022 
(0.000)*** 

-0.091 
(0.000)*** 

Ideology -0.114 
(0.000)*** 

0.090 
(0.000)*** 

-0.112 
(0.000)*** 

0.103 
(0.000)*** 

Religiosity 0.009 
(0.000)*** 

-0.023 
(0.000)*** 

0.009 
(0.000)*** 

-0.023 
(0.000)*** 

Republican 0.043 
(0.187) 

-0.176 
(0.000)*** 

-0.176 
(0.000)*** 

-0.087 
(0.000)*** 

Black 0.049 
(0.000)*** 

-0.232 
(0.000)*** 

0.058 
(0.000)*** 

-0.337 
(0.000)*** 

Hispanic -0.027 
(0.000)*** 

-0.122 
(0.000)*** 

-0.025 
(0.000)*** 

-0.127 
(0.000)*** 

Asian -0.048 
(0.001)*** 

-0.086 
(0.001)*** 

-0.048 
(0.001)*** 

-0.066 
(0.006)*** 

Native_American -0.031 
(0.169) 

-0.016 
(0.469) 

-0.031 
(0.155) 

-0.016 
(0.433) 

Mixed_Race -0.036 
(0.007)*** 

-0.071 
(0.000)*** 

-0.032 
(0.016)** 

-0.080 
(0.000)*** 

Other_Race -0.041 
(0.002)*** 

0.004 
(0.800) 

-0.047 
(0.000)*** 

0.010 
(0.451) 

Part_Time 0.001 
(0.885) 

-0.002 
(0.757) 

0.001 
(0.863) 

-0.004 
(0.638) 

Unemployed -0.037 
(0.000)*** 

-0.048 
(0.000)*** 

-0.039 
(0.000)*** 

-0.046 
(0.000)*** 

Retired 0.056 
(0.000)*** 

0.023 
(0.000)*** 

0.054 
(0.000)*** 

0.020 
(0.000)*** 

  Permanently_Disabled 0.040 
(0.000)*** 

-0.053 
(0.000)*** 

0.033 
(0.000)*** 

-0.056 
(0.000)*** 

Homemaker -0.034 
(0.000)*** 

-0.030 
(0.001)*** 

-0.032 
(0.000)*** 

-0.028 
(0.002)*** 

Student -0.073 
(0.000)*** 

-0.059 
(0.000)*** 

-0.074 
(0.000)*** 

-0.047 
(0.001)*** 

Other_EmployStatus -0.000 
(0.966) 

-0.003 
(0.827) 

-0.000 
(0.998) 

-0.003 
(0.821) 

Separated -0.020 
(0.146) 

-0.046 
(0.009)*** 

-0.013 
(0.314) 

-0.064 
(0.000)*** 

Divorced 0.002 
(0.762) 

-0.037 
(0.000)*** 

0.003 
(0.622) 

-0.043 
(0.000)*** 

Widowed -0.011 
(0.218) 

-0.019 
(0.053)* 

-0.008 
(0.329) 

-0.022 
(0.030)** 

Single 0.000 
(0.945) 

-0.056 
(0.000)*** 

0.001 
(0.919) 

-0.063 
(0.000)*** 

Domestic_Partnership 0.005 
(0.612) 

 
 

-0.112 
(0.000)*** 

0.006 
(0.494) 

-0.127 
(0.000)*** 

Notes: The heading of each column indicates which regression model’s results are being displayed. Column 1 contains the analysis of the 
voting behavior of senators and, therefore, constituents who voted in favor of bill S2199; column 2 contains the analysis of senators who 
voted against bill S2199; column 3 contains the analysis of senators that voted in favor of bill S2578; column 4 contains the analysis of the 
senators that voted against bill S2578. The results of the voting behavior of the senators who abstained can be found in the Appendix. The 
first number in this table is the marginal probability (dy/dx) calculated from the coefficient in the probit model. The value below it in 
parentheses is the p-value of that row’s variable. 
*** p<.01, ** p<.05, * p<.1 
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Model 7 and Model 10 are the regressions that isolate “pro-immigrant” senatorial voting 

behavior. Model 8 and Model 9 isolate “anti-immigrant” senatorial voting behavior. All four 

regression models find Female, Educ, Ideology, Religiosity, Black, Hispanic, Mixed Race, 

Unemployed, Permanently Disabled, Domestic Partnership, and Immigration Opinion to be 

significant. There were some variables that were only significant for model 7 and model 10, but 

not models 8 and 9. These variables were FamilyIncome, Other race, Retired, Homemaker, 

Student, and Imm Citizen. Similarly, Widowed and Domestic Partnership were only significant 

for models 8 and 9, but not models 7 and 10.  

Even though the marginal probability values differ slightly between variables in Model 8 

and Model 9, the signs of the values in these regressions that capture anti-immigrant voting 

behavior are the same for every significant variable. To reiterate, the signs of the marginal 

probabilities values capture whether the way a senator voted on the bill makes the constituent 

more (indicated with a positive sign) or less (indicated with a negative sign) likely to vote for 

that senatorial incumbent candidate in a future election. The fact that almost all immigration 

variables were insignificant for these two models makes it challenging to understand the 

disadvantageous voting behavior present. Even though these coefficients were insignificant, the 

model shows that those with an immigrant citizenship status would be less likely to vote for a 

senatorial incumbent candidate that exhibited “anti-immigrant” behavior. However, constituents 

of this immigrant status and who are male, have higher levels of education, a more conservative 

ideology, higher levels of religiosity, and are retired are more likely to exhibit disadvantageous 

voting behavior. Whereas the female electorate, those with a high level of interest in public 

affairs, those who identify as Black, Hispanic, Asian, mixed-race (as compared to White), those 

who are permanently disabled and unemployed (as compared to full-time workers), those who 
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are divorced or in a domestic partnership (as compared to married), and those with more 

progressive views on American immigration policy are less likely to vote for an incumbent 

senatorial candidate that voted in favor of anti-immigrant policy.  

Models 7 and 10, which, again, capture the voting behavior of the senators and, therefore, 

constituents who are in favor of “pro-immigrant” policy also find the signs of the marginal 

probability values to be the same for every significant variable. The results indicate that the 

female electorate, those with higher levels of education, those with lower levels of religiosity, 

those affiliated with the Democratic party, those who are retired or permanently disabled, and 

those with more progressive opinions on immigration policy are more likely to vote for an 

incumbent senatorial candidate that has voted on bill S744 or SCORNES8 in a way that 

promotes “pro-immigrant” policy. However, those with higher levels of family income, those 

with less interest in public affairs, those with a more conservative ideology, those who identify 

as Black, Hispanic, mixed-race, or other-race (as compared to White), those who are 

unemployed, homemakers, students, or of other-employment status (as compared to full time 

workers), those who are widowed or single (as compared to married), and those who are 

immigrant citizens and immigrant non-citizens (if they were able to vote) would be less likely to 

vote for an incumbent senatorial candidate that has voted for “anti-immigrant” policy. Table 5 

below displays the results of the bills used to analyze immigrant voting behavior. The results of 

the voting behavior of senators who abstained from voting on these bills are displayed in Table 

5A of the Appendix. 
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Table 5: Results Immigration Policy Analysis  

   
  Model 7 

Yea S744 
Model 8 

Nay S744 
Model 9 

Yea SCONRES8 
Model 10 

Nay SCONRES8 
Female  0.054 

(0.000)*** 
-0.031 

(0.007)*** 
-0.022 

(0.017)** 
    0.062 

(0.000)*** 
Educ  0.019 

(0.000)*** 
0.014 

(0.001)*** 
0.014 

(0.00)*** 
    0.015 

(0.000)*** 
FamilyIncome  -0.328 

(0.000)*** 
-0.070 
(0.699) 

0.090 
(0.529) 

   -0.383 
(0.000)*** 

NewsInt  -0.027 
(0.000)*** 

-0.045 
(0.000)*** 

-0.049 
(0.000)*** 

   -0.021 
(0.000)*** 

Ideology  -0.084 
(0.000)*** 

0.076 
(0.000)*** 

0.077 
(0.000)*** 

   -0.098 
(0.000)*** 

Religiosity  0.020 
(0.000)*** 

-0.039 
(0.000)*** 

-0.040 
(0.000)*** 

    0.028 
(0.000)*** 

Republican  -0.029 
(0.091)* 

Omitted 
- 

Omitted 
- 

    0.008 
(0.647) 

Black  -0.044 
(0.000)*** 

-0.409 
(0.000)*** 

-0.402 
(0.000)*** 

   -0.027 
(0.000)*** 

Hispanic  -0.107 
(0.000)*** 

-0.106 
(0.000)*** 

-0.116 
(0.000)*** 

   -0.106 
(0.000)*** 

Asian  -0.029 
(0.129) 

-0.014 
(0.000)*** 

-0.028 
(0.498) 

   -0.025 
(0.182) 

Native_American  -0.051 
(0.083)* 

0.011 
(0.843) 

-0.009 
(0.832) 

   -0.041 
(0.176) 

Mixed_Race  -0.047 
(0.006)*** 

-0.092 
(0.012) ** 

-0.088 
(0.003)*** 

   -0.048 
(0.005)*** 

Other_Race  -0.037 
(0.043)** 

-0.025 
(0.487) 

-0.039 
(0.149) 

   -0.041 
(0.028)** 

Part_Time  -0.008 
(0.352) 

-0.003 
(0.898) 

0.000 
(0.991) 

   -0.009 
(0.280) 

Unemployed  -0.037 
(0.000)*** 

-0.062 
(0.005)*** 

-0.044 
(0.009)*** 

   -0.035 
(0.000)*** 

Retired  0.058 
(0.000)*** 

0.013 
(0.345) 

0.008 
(0.454) 

    0.064 
(0.000)*** 

Permanently_Disabled  0.030 
(0.006)*** 

-0.063 
(0.013)** 

-0.061 
(0.002)*** 

    0.041 
(0.000)*** 

Homemaker  -0.034 
(0.002)*** 

0.019 
(0.384) 

0.002 
(0.921) 

   -0.044 
(0.000)*** 

Student  -0.081 
(0.000)*** 

0.003 
(0.912) 

0.015 
(0.562) 

   -0.093 
(0.000)*** 

Other_EmployStatus  -0.017 
(0.250) 

0.013 
(0.713) 

-0.005 
(0.834) 

   -0.018 
(0.213) 

Separated  -0.030 
(0.087)* 

-0.017 
(0.648) 

-0.014 
(0.651) 

   -0.025 
(0.147) 

Divorced  -0.004 
(0.552) 

-0.042 
(0.014)** 

-0.053 
(0.000)*** 

    0.007 
(0.341) 

Widowed  -0.021 
(0.050)** 

-0.037 
(0.124) 

-0.049 
(0.008)*** 

   -0.019 
(0.086)* 

Single  -0.023 
(0.001)*** 

-0.034 
(0.051)* 

-0.040 
(0.003)*** 

   -0.023 
(0.001)*** 

Domestic_Partnership  -0.016 
(0.166) 

-0.095 
(0.004)*** 

-0.122 
(0.000)*** 

   -0.002 
(0.839) 

Imm_Citizen  -0.037 
(0.001)*** 

-0.013 
(0.661) 

-0.016 
(0.517) 

   -0.037 
(0.001)*** 

Imm_Noncitizen  -0.527 
(0.000)*** 

-0.084 
(0.181) 

-0.122 
(0.000)*** 

   -0.514 
(0.000)*** 

First_Gen  -0.004 
(0.625) 

-0.005 
(0.805) 

-0.007 
(0.668) 

    0.003 
(0.709) 

Second_Gen  -0.007 
(0.253) 

-0.005 
(0.725) 

0.007 
(0.537) 

   -0.001 
(0.877) 

Immigration_Opinion  0.048 
(0.000)*** 

-0.061 
(0.000)*** 

-0.065 
(0.000)*** 

    0.063 
(0.000)*** 

 
Notes: The heading of each column indicates which regression model results are being displayed. Column 1 contains the analysis of the voting 
behavior of senators and, therefore, constituents who voted in favor of bill S744; column 2 contains the analysis of senators who voted against bill 
S744; column 3 contains the analysis of senators that voted in favor of bill SCONRES8; column 4 contains the analysis of the senators that voted 
against bill SCONRES8. The results of the voting behavior of the senators who abstained can be found in the Appendix. The first number in this 
table is the marginal probability (dy/dx) calculated from the coefficient in the probit model. The dy/dx for factor levels is the discrete change from 
the base level. The value below it in parentheses is the variables’ p-value. 
*** p<.01, ** p<.05, * p<.1 
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Section VI: Robustness Checks  

 Table 6 below contains the results of the analysis when the Immigration Opinion variable 

is omitted. As stated above, Immigration Opinion was generated through principal component 

analysis from several questions in the 2010 and 2012 Cooperative Congressional Election 

Surveys. These questions gathered information about the extent to which the respondent’s views 

on immigration policy were conservative or liberal. When this variable is included in the 

regression, observations from 2008 are excluded. It is for this reason that the models that  

observe the voting behavior of immigrants are run without the variable as well. When comparing 

the results from Table 5 with those of Table 6, slight differences were seen in the FamilyIncome, 

Black, Asian, Other race, Homemaker, Student, Widowed, and Second Gen variables4. For 

FamilyIncome, two of the models that were previously statistically different from zero were no 

longer significant and the signs changed. For Black all of the variables remained significant, 

however, the signs changed for two of the models. Asian had all of the same signs, but changes 

in the models that were significant. Other race was insignificant in one of the models that had 

been significant previously. Homemaker had changes in significance and signs. The signs for 

Student remained the same, but there were changes in the models that found the variable 

significant. Widowed was significant for one fewer model without Immigration Opinion than 

with it, but the signs remained the same. Finally, Second Gen remained insignificant for all the 

new regressions, but the signs changed for the variable in a few of the models. The rest of the 

variables in the regressions had the same combination of significant coefficients and the 

 
4 The variables are being compared to their equivalent model. Model 13 isolates the same type of voting behavior as 
Model 7. The same is true for Model 14 and Model 8, Model 15 and Model 9, and Model 16 and Model 10. The 
only aspect that changes in the design of these comparable models is whether the Immigration Opinion variable is 
included or excluded.  
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marginal probabilities of these significant coefficients had the same signs when Immigration 

Opinion was excluded as when it was included.  

 Table 6: Results of Immigration Policy Analysis Excluding Immigration Opinion 

 

 
  

 Model 13 
Yea S744 

Model 14 
Nay S744 

Model 15 
Yea SCONRES8 

Model 16 
Nay SCONRES8 

Female 0.041 
(0.000)*** 

-0.057 
(0.000)*** 

-0.049 
(0.000)*** 

0.060 
(0.000)*** 

Educ 0.020 
(0.000)*** 

0.010 
(0.000)*** 

0.012 
(0.000)*** 

0.019 
(0.000)*** 

FamilyIncome -0.277 
(0.000)*** 

0.550 
(0.005)*** 

0.717 
(0.000)*** 

-0.375 
(0.000)*** 

NewsInt -0.035 
(0.000)*** 

-0.094 
(0.000)*** 

-0.092 
(0.000)*** 

-0.019 
(0.000)*** 

Ideology -0.097 
(0.000)*** 

0.125 
(0.000)*** 

0.110 
(0.000)*** 

-0.135 
(0.000)*** 

Religiosity 0.016 
(0.000)*** 

-0.039 
(0.000)*** 

-0.037 
(0.000)*** 

0.027 
(0.000)*** 

Republican -0.038 
(0.000)*** 

Omitted 
- 

0.007 
(0.625) 

-0.172 
(0.000)*** 

Black 0.041 
(0.000)*** 

-0.369 
(0.000)*** 

-0.251 
(0.000)*** 

0.074 
(0.023)** 

Hispanic -0.035 
(0.000)*** 

-0.140 
(0.000)*** 

-0.111 
(0.000)*** 

-0.017 
(0.372) 

Asian -0.011 
(0.450) 

-0.072 
(0.003)** 

-0.052 
(0.052)* 

-0.013 
(0.033)** 

Native_American -0.046 
(0.023)** 

0.008 
(0.738) 

-0.006 
(0.793) 

-0.047 
(0.372) 

Mixed_Race -0.046 
(0.000)*** 

-0.068 
(0.002)*** 

-0.072 
(0.000)*** 

-0.039 
(0.003)*** 

Other_Race -0.026 
(0.031)** 

0.034 
(0.004)** 

0.023 
(0.106) 

-0.042 
(0.002)*** 

Part_Time -0.003 
(0.624) 

-0.006 
(0.487) 

0.000 
(0.988) 

-0.006 
(0.320) 

Unemployed -0.039 
(0.000)*** 

-0.066 
(0.000)*** 

-0.048 
(0.000)*** 

-0.041 
(0.000)*** 

Retired 0.050 
(0.000)*** 

0.017 
(0.013)** 

0.022 
(0.000)*** 

0.052 
(0.000)*** 

Permanently_Disabled 0.015 
(0.062)* 

-0.068 
(0.00)*** 

-0.056 
(0.000)*** 

0.035 
(0.000)*** 

Homemaker -0.032 
(0.000)*** 

-0.016 
(0.132) 

-0.022 
(0.016)** 

-0.038 
(0.000)*** 

Student -0.066 
(0.000)*** 

-0.053 
(0.002)*** 

-0.054 
(0.000)*** 

-0.078 
(0.000)*** 

Other_EmployStatus 0.001 
(0.893) 

-0.017 
(0.281) 

-0.008 
(0.541) 

-0.002 
(0.890) 

Separated -0.015 
(0.272) 

-0.080 
(0.000)*** 

-0.051 
(0.004)*** 

-0.016 
(0.036) 

Divorced -0.006 
(0.302) 

-0.055 
(0.000)*** 

-0.045 
(0.000)*** 

0.007 
(0.277) 

Widowed -0.003 
(0.686) 

-0.023 
(0.061)* 

-0.023 
(0.021)** 

-0.002 
(0.787) 

Single -0.009 
(0.093* 

-0.055 
(0.000)*** 

-0.055 
(0.000)*** 

-0.001 
(0.779) 

Domestic_Partnership -0.013 
(0.126) 

-0.146 
(0.000)*** 

-0.132 
(0.000)*** 

0.011 
(0.209) 

Imm_Citizen -0.031 
(0.000)*** 

-0.009 
(0.593) 

-0.017 
(0.186) 

-0.027 
(0.002)*** 

Imm_Noncitizen -0.489 
(0.000)*** 

-0.244 
(0.000)*** 

-0.336 
(0.000)*** 

-0.487 
(0.000)*** 

First_Gen -0.001 
(0.871) 

-0.010 
(0.401) 

-0.008 
(0.369) 

0.004 
(0.555) 

Second_Gen -0.004 
(0.361) 

0.013 
(0.042)** 

0.005 
(0.310) 

0.002 
(0.626) 

Notes: This table was constructed the same way as Table 5. Please refer to the note section under Table 5 for additional clarification. 
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In order to explain why dropping the Immigration Opinion variable causes changes in the 

FamilyIncome, Black, Asian, Other race, Homemaker, Student, Widowed, and Second Gen 

variables, I run an OLS regression. My dependent variable is Immigration Opinion and my 

independent variables are the control variables included in each model. This linear model serves 

to show which of the controls can explain Immigration Opinion and the direction in which they 

do. Table 7 below illustrates that all of the controls are significant and can, therefore, explain 

Immigration Opinion except for Other race, Unemployed, Permanently disabled, Other 

employment status, and Second Gen. The significant coefficients allow the following conclusions 

to be drawn about the relationships that each control has to the survey participant’s opinion on 

immigration: (1) the female electorate and those who have achieved higher levels of education 

view immigration more favorably than males and those with lower levels of education; (2) for 

each unit increase in family income score, the respondent becomes more conservative in his or 

her attitude towards immigration; (3) those with more conservative political ideologies view 

immigration less favorably than those with liberal ideologies; (4) those with lower levels of 

religiosity view it more favorably than those with who are highly religious; (5) the race variables 

all suggest that racial minorities (other than Native Americans) view immigration more favorably 

than Whites; (6) part time workers, homemakers, and students have more liberal views on 

immigration policy than full time workers and retired employees; (7) respondents who are 

separated, divorced, widowed, single, or in a domestic partnership view immigration more 

favorably than individuals who are married; and (8) immigrant citizens, immigrant non-citizens, 

and first-generation Americans regard immigration more favorably than third-generation 

Americans. These results are helpful for understanding the effects of dropping Immigration 
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Opinion in the main regression because they illustrate how the other variables should be 

attributing from it even when it is not regressed.  

Table 7: Results of Immigration Opinion regressed on Control Variables 

Immigration_Opinion Coef. St.Err. t-value p-value [95% Conf Interval] Sig 
Female .321 .016 20.15 0 .29 .352 *** 
Educ .092 .006 16.66 0 .081 .103 *** 
FamilyIncome -1.611 .255 -6.33 0 -2.11 -1.112 *** 
NewsInt .154 .007 21.59 0 .14 .168 *** 
Ideology -.447 .006 -73.33 0 -.459 -.435 *** 
Religiosity .085 .005 16.33 0 .075 .096 *** 
Republican .431 .059 7.29 0 .315 .547 *** 
Black .895 .026 34.71 0 .844 .945 *** 
Hispanic .929 .03 31.17 0 .87 .987 *** 
Asian .15 .061 2.46 .014 .031 .27 ** 
Native_American -.219 .089 -2.45 .014 -.393 -.044 ** 
Mixed_Race .262 .054 4.82 0 .155 .368 *** 
Other_Race -.08 .055 -1.46 .144 -.188 .027  
Part_Time .085 .026 3.20 .001 .033 .137 *** 
Unemployed -.013 .028 -0.47 .637 -.069 .042  
Retired -.043 .02 -2.10 .036 -.083 -.003 ** 
Permanently_Disabled .023 .034 0.66 .507 -.044 .089  
Homemaker .12 .034 3.50 0 .053 .187 *** 
Student .261 .039 6.60 0 .183 .338 *** 
Other_EmployStatus .01 .046 0.23 .82 -.08 .101  
Separated .175 .055 3.18 .001 .067 .283 *** 
Divorced .082 .024 3.41 .001 .035 .129 *** 
Widowed .073 .035 2.10 .036 .005 .141 ** 
Single .297 .022 13.61 0 .255 .34 *** 
Domestic_Partnership .239 .038 6.31 0 .165 .313 *** 
Imm_Citizen .28 .036 7.83 0 .21 .35 *** 
Imm_Noncitizen .583 .064 9.07 0 .457 .709 *** 
First_Gen .128 .028 4.65 0 .074 .183 *** 
Second_Gen .014 .019 0.75 .45 -.023 .051  

 

 

An additional robustness check was run with the FamilyIncome variable. As discussed in 

the data methodology section, FamilyIncome is a categorical variable that was treated as if it 

were a continuous variable in the main regression models. While this method is acceptable for 

the reasons mentioned in Section IV, the robustness check confirms its validity by treating each 

income interval is its own dummy variable. To perform this analysis, I created 16 dummy 

variables for each of the income brackets included in the CCES. I then substituted these dummies 

for the FamilyIncome in the models; the $50,000-$59,999 dummy served as the omitted 
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category. I ran 8 regressions with these dummies. I used the models where senators voted in 

favor or voted against the four roll call bills (i.e. not the models where senators abstained from 

voting). The results found almost every income dummy variable to be insignificant.  

Upon seeing these insignificant results of the robustness check, I adjusted my 

methodology and re-ran the 8 regressions using fewer income bracket categories. Using data on 

quintile income limits from the Urban Institute and Brookings Institute’s Tax Policy Center, I 

created 4 more dummy variables. I generated Lowest, Second, Middle, and Fourth (Tax Policy 

Center). Lowest captures individuals with household incomes of $19,999 or less. Second includes 

individuals with family incomes between $20,000-$39,999. People with family incomes between 

$40,000-$69,999 are represented by the Middle variable. Fourth captures individuals with family 

incomes between $70,000-$99,999. I also included 3 dummy variables from the first “family 

income” robustness check: $250,000-$349,999, $350,000-$499,999, and $500,000 or more to 

capture the top income brackets. The 3 dummies that represent the top income brackets, 

however, were almost always insignificant. Because of this, I ran all eight regressions for a third 

time with Lowest, Second, Middle, Fourth, and Top Bracket. Top Bracket was a newly generated  

dummy that represented all respondents who had household incomes of “$250,000 or more” and 

it remained insignificant for almost every regression.  

These results find Second, Middle, and Fourth to be consistently significant for roll call 

votes focused on policies related to women’s issues. This captures a notable percentage of the 

income distribution. People from these quintiles are more likely to vote for an incumbent senator 

candidate who voted in favor of bills S2199 and S2578. Examining the results in the immigration 

regressions finds Middle and Fourth to be significant in the models that capture senators whose 

voting behavior is “pro-immigrant”. These significant results illustrate that the individuals in 
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these income brackets have an increased likelihood of voting for a senator that votes for pro-

immigration policy. This robustness check leads to the same conclusions generated by the main 

empirical analysis performed this thesis, indicating, therefore, that the models used were 

effective and informative.  

 

Section VII: Conclusion and Further Research 

 The plethora of results described above can help economists and political scientists 

develop a better understanding of American voting behavior. As much of the existing literature 

focuses upon how one particular parameter influences how constituents cast their ballots, this 

analysis provides novel information about how some members of certain cohorts vote against 

their interests. These results may be of particular service to politicians that are running for office 

because knowledge about the populations that vote disadvantageously can help their campaign 

teams to target these groups.  

 Among the female electorate, the second and fourth models reveal that females who have 

achieved higher levels of education and, therefore tend to enter into higher household income 

brackets are more likely to vote for senators that will vote against “pro-woman” policies. 

Additionally, female voters that have higher levels of religiosity, less progressive views on 

abortion practices, identify as more politically conservative, and are affiliated with the 

Republican party are more likely to exhibit disadvantageous voting behavior. The examination of 

the voting behavior among immigrant populations and the cohorts of recent immigrant descent 

finds that males, those higher levels of education and religiosity, those with the employment 

status of retired, and those who identify with a more conservative political ideology are more 

likely to vote for an incumbent senatorial candidate that will vote against a reform policy meant 
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to improve the conditions for immigrants in the United States. With regard to these results, it is 

important to note the limitations of the Cooperative Congressional Election Surveys for 

gathering data on the religiosity of their participants. I recognize the tendency for individuals to 

over-report the number of times they attend church and pray (Emmenegger and Manow, 2014, p. 

175). The measurement error created by the inaccuracies in self-reporting create an effect that is 

even larger than what the survey participant has said, making the p-value biased towards zero. 

Despite the limitations, this variable was important for this research and readers can be 

comforted by the fact that similar conclusions were found in other studies (Emmenegger and 

Manow, 2014, p. 184).   

 Overall, the results demonstrate that most people have effective foresight when they are 

voting for their representatives. By this I mean, most voters understand how their senators will 

vote on most policy issues before the roll votes actually occur because of the political party with 

which the senator is affiliated. Political party is defined as, “an organization of people with 

similar ideologies that seeks to influence public policy by getting its candidates elected” (Khan, 

2020). It is clear from the four roll call votes analyzed in this thesis and a general familiarity with 

the voting behavior of congressional representatives in recent years, that the way members of 

Congress vote almost always aligns with their political party. It is evident that the political 

science idea of a “party” is working effectively. Therefore, unless there is a high-profile senator 

who is known for voting against his or her political party, like Maine’s Senator Susan Collins, 

American citizens can be fairly certain about how their senators will vote without a knowledge 

of how they have voted on every roll call vote for which they have been present.  

 While this thesis provides data on the parameters shared by the populations that exhibit 

disadvantageous voting behavior, the next step for this research would be to develop a better 
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understanding as to why this is the case. If a female citizen chooses to vote for a senator that she 

knows/expects will not vote in favor of “pro-woman” policy, what issues does she prioritize 

instead? If an immigrant citizen elects a senator that he or she expects to pass restrictive 

immigrant bills, what matters are more important? Future research may identify a particular 

group that votes against its interests, in at least one regard, and examine the issues that take 

precedent for the constituents that are casting their ballots.  
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Figure 1: membership map during vote on 
S2199 

Figure 2: ideological breakdown of Senate 
during vote on S2199 

Figure 3: membership map during vote on 
S2578 

Figure 4: ideological breakdown of Senate 
during vote on S2578 

Figure 5: membership map during vote on 
S774 

Figure 6: ideological breakdown of Senate 
during vote on S774 
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Probit Models  
 

i. Models for Bill S2199  

Regression that analyzes the senators that voted in favor of this women’s issue bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS2199) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political Ideology) 
+ β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 (Mixed 
Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 (Retired)+ β18 

(Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other Employment 
Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 (Domestic Partnership) 

+  β28 (State) if RollCallYesS2199 ==1 
 

Regression that analyzes the senators that voted against this women’s issues bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS2199) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 

(Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) +  β28 (State) if RollCallYesS2199 ==0 
 
 
 
 

Figure 7: membership map during vote on 
SCONRES8 

Figure 8: ideological breakdown of Senate 
during vote on SCONRES8 
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Regression that analyzes the senators that abstained from voting on this women’s issue bill 
 
The probability that one votes for the senatorial winner = β0 + β1 (RollCallAbsS2199) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 

(Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) +  β28 (State) if RollCallAbsS2199 ==1  
 

ii. Models for Bill S2578  

Regression that analyzes the senators that voted in favor of this women’s issues bill: 

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS2578) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political Ideology) 
+ β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 (Mixed 
Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 (Retired)+ β18 

(Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other Employment 
Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 (Domestic Partnership) 

+  β28 (State) if RollCallYesS2578 ==1 
 

Regression that analyzes the senators that voted against this women’s issues bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS2578) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 

(Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) +  β28 (State) if RollCallYesS2578 ==0 
 
Regression that analyzes the senators that abstained from voting on this women’s issue bill:  
 
The probability that one votes for the senatorial winner = β0 + β1 (RollCallAbsS2578) + β2 (Male) 
+ β3 (Education) + β4 (Abortion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 

(Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) +  β28 (State) if RollCallAbsS2578 ==1  
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iii. Models for Bill S744  

Regression that analyzes the senators that voted in favor of this immigration issues bill: 

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS2774) + β2 (Male) 
+ β3 (Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 

(Political Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native 
American) + β13 (Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) 
+  β17 (Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  

β22(Other Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) + β31 (First 
Generation) +  β32(Second Generation) + β33 (State) if RollCallYesS744 ==1 
 

Regression that analyzes the senators that voted against this immigration issues bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS774)+ β2 (Male) + 
β3 (Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 

(Political Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native 
American) + β13 (Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 

(Unemployed) +  β17 (Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 

1(Student) +  β22(Other Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 

(Single) +  β27 (Domestic Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) +  β31 

(First Generation) +  β32(Second Generation) + β33  (State) if RollCallYesS744 ==0 
 

Regression that analyzed the senators that abstained from voting in this immigration bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallAbs744) + β2 (Male) + 
β3 (Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 

(Political Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native 
American) + β13 (Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 

(Unemployed) +  β17 (Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 

1(Student) +  β22(Other Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 

(Single) +  β27 (Domestic Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) +  β31 

(First Generation) +  β32(Second Generation) + β33  (State) if RollCallAbsS744 ==1 
 

iv. Models for Bill SCONRES8  

Regression that analyzes the senators that voted in favor of this immigration issues bill: 

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS8)+ β2 (Male) + β3 

(Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
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Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 (Retired)+ 

β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 (Domestic 
Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) +  β31 (First Generation) +  

β32(Second Generation) +  β33 (State) if RollCallYesS8 ==1 
 

Regression that analyzes the senators that voted against this immigration issues bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallYesS8) + β2 (Male) + β3 

(Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 (Retired)+ 

β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 (Domestic 
Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) +  β31 (First Generation) +  

β32(Second Generation) +  β33 (State)if RollCallYesS8 ==0  
 

Regression that analyzed the senators that abstained from voting in this immigration bill:  

The probability that one votes for the senatorial winner = β0 + β1 (RollCallAbsS8)+ β2 (Male) + β3 

(Education) + β4 (Immigration Opinion) + β5 (Family Income) + β6 (News Interest) + β7 (Political 
Ideology) + β8 (Religiosity) + β9 (Black) + β10 (Hispanic) + β11 (Asian) + β12 (Native American) + β13 

(Mixed Race) + β14 (Other Race) + β15(Part Time Employment) +  β16 (Unemployed) +  β17 

(Retired)+ β18 (Permanently Disabled) +  β19 (Homemaker) +  β20(Student) +  β2 1(Student) +  β22(Other 
Employment Status) +  β23 (Separated) +  β24 (Divorced) +  β25 (Widowed) +  β26 (Single) +  β27 

(Domestic Partnership) + β29(Immigrant Citizen) +  β30 (Immigrant Non-Citizen) +  β31 (First 
Generation) +  β32(Second Generation) + β33 (State) if RollCallAbsS8 ==1 
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Estimated Results from the Abstention Analysis  
 

Table 4A: Results of Abstaining on Women’s Issues Policy 
 
 

  
 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

 

 Model 5 
Abstain S2199 

Model 6 
Abstain S2578 

  

Female -0.035 
(0.001)*** 

0.104 
(0.140) 

Educ 0.012 
(0.001)*** 

0.027 
(0.301) 

Abortion -0.059 
(0.000)*** 

0.032 
(0.449) 

FamilyIncome 0.348 
(0.119) 

10.697 
(0.311) 

NewsInt -0.078 
(0.000)*** 

0.030 
(0.380) 

Ideology 0.096 
(0.000)*** 

-0.133 
(0.000)*** 

Religiosity -0.021 
(0.000)*** 

0.053 
(0.025)** 

Black -0.418 
(0.000)*** 

-0.053 
(0.763) 

Hispanic -0.166 
(0.000)*** 

0.086 
(0.525) 

Asian -0.131 
(0.008)*** 

0.031 
(0.717) 

Native_American 0.011 
(0.805) 

Omitted 
- 

Mixed_Race -0.076 
(0.033)** 

0.106 
(0.321) 

Other_Race 0.015 
(0.655) 

0.117 
(0.014)** 

Part_Time 0.000 
(0.992) 

0.096 
(0.031)** 

Unemployed -0.057 
(0.008)*** 

0.152 
(0.274) 

Retired 0.028 
(0.031) ** 

0.085 
(0.685) 

Permanently_Disabled -0.022 
(0.377) 

0.187 
(0.656) 

Homemaker -0.036 
(0.071)* 

0.166 
(0.660) 

Student -0.003 
(0.925) 

0.202 
(0.251) 

Other_EmployStatus -0.041 
(0.171) 

0.160 
(0.051)* 

Separated -0.100 
(0.008)*** 

Omitted 
- 

Divorced -0.063 
(0.000)*** 

0.102 
(0.641) 

Widowed -0.046 
(0.048)** 

0.236 
(0.479) 

Single -0.082 
(0.000)*** 

0.092 
(0.342) 

Domestic_Partnership -0.134 
(0.000)*** 

0.156 
(0.090)* 

 
State 
(1) Texas | Hawaii (2) 0.037 

(0.004)** 
0 

 

Notes: dy/dx for factor levels is the discrete change from the base level. 
The heading of each column indicates which regression model results are 
being displayed. The first value in this table is the marginal probability 
(dy/dx) calculated from the coefficient in the probit model. The value 
below it in parentheses is the p-value. 
*** p<.01, ** p<.05, * p<.1 
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The results from each of the models that analyze the behavior that uses senator abstention 

as an outcome variable are less indicative about the populations that vote disadvantageously, as 

few senators abstained from voting on this bill and, therefore, sample size is limited. Model 5 

only samples constituents from Texas and Model 6 sample comes entirely from the Hawaiian 

voter population. Nevertheless, the results from this regression that isolates abstaining on bill 

S2199 (Model 5) as the senatorial voting behavior finds the Female, Educ, Abortion Opinion, 

NewsInt, Ideology, Religiosity, Black, Hispanic, Asian, Unemployed, Separated, Divorced, 

Single, and Domestic Partnership variables to be significant at the 1% level. Mixed Race, 

Retired, and Widowed are significant at the 5% level. Student is significant at the 10% level. 

Model 6 has fewer variables that were statistically significant from zero. In Model 6, only 

ideology was significant at the 1% level. Religiosity, Part time, and Unemployed were significant 

at the 5% level. Separated was significant at the 10% level.  

As the variables that were significant in Model 5 were rarely significant in Model 6 as 

well, it is difficult to interpret the trends of the voting behavior for constituents with senators 

who abstained from voting on these bills. One can interpret the results of each model individual. 

The marginal probabilities calculated from Model 5 show that males, those with higher levels of 

education, those with less progressive opinions of abortion, those with less interest in public 

affairs, and those who are retired or permanently disabled (as compared to full-time employees) 

are more likely to vote for a senatorial incumbent candidate who abstains from voting on bill 

S2199. Females, those with more progressive opinions on abortion, those with a greater interest 

in public affairs, those with lower levels of religiosity, those who identify as Black, Hispanic, 

Asian, or mixed-raced (as compared to White), and those who are students, separated, divorced, 

widowed, single or in domestic partnerships (as compared to married) are less likely to vote for 
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an incumbent senator who had abstained from voting on bill S2199. Of the significant variables 

in Model 6, those with lower levels of religiosity, of other-race, those who are unemployed or 

other-employment status would be more likely to vote for a senator who abstains from voting on 

bill S2578. Those with a more liberal ideology and those are a Black are less likely to vote for an 

incumbent senatorial candidate who abstains from voting on bill S2578. Again, the results of 

these two isolate model do not indicate that general conclusions about the voting behavior of 

American population can be drawn when their senator abstains from voting on a “pro-woman” 

bill. 
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Table 5A: Results of Abstaining on Immigration Policy 

 

  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 

 

 

 Model 11 
Abstain S744 

Female  -0.079 
(0.000)*** 

Educ  0.009 
(0.249) 

FamilyIncome  5.218 
(0.060)* 

NewsInt  -0.103 
(0.000)*** 

Ideology  0.151 
(0.000)*** 

Religiosity  -0.033 
(0.000)*** 

Black  -0.331 
(0.000)*** 

Hispanic  -0.053 
(0.381) 

Asian  0.112 
(0.407) 

Native_American  0.035 
(0.711) 

Mixed_Race  -0.193 
(0.061)* 

Other_Race  0.018 
(0.770) 

Part_Time  0.026 
(0.459) 

Unemployed  0.018 
Retired  0.062 

(0.012)** 
Permanently_Disabled  -0.078 

(0.094)* 
Homemaker  0.065 

(0.102) 
Student  -0.133 

(0.177) 
Other_EmployStatus  0.107 

(0.062)* 
Separated  -0.113 

(0.275) 
Divorced  -0.050 

(0.129) 
Widowed  0.047 

(0.288) 
Single  -0.024 

(0.524) 
Domestic_Partnership  0.044 

(0.488) 
Imm_Citizen  0.007 

(0.939) 
Imm_Noncitizen    Omitted 

 
First_Gen  -0.123 

(0.012)** 
Second_Gen  0.008 

(0.734) 
 

State 
Utah   0.003 

 
 

Notes: dy/dx for factor levels is the discrete change 
from the base level. The heading of each column 
indicates which regression model results are being 
displayed. The first value in this table is the marginal 
probability (dy/dx) calculated from the coefficient in 
the probit model. The value below it in parentheses is 
the p-value. 
*** p<.01, ** p<.05, * p<.1 
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The results from the regression that isolates abstaining as the senatorial voting behavior 

on bill S744 finds Female, NewsInt, Ideology, and Hispanic to be significant at the 1% level. 

Retired and First Gen are significant at the 5% level. The FamilyIncome and Permanently 

Disabled variables are significant at the 10% level. There is only one state, Utah, in this model 

because the senator from Utah was the only one to abstain and it is significant at the 1% level. To 

reiterate, the small sample size created by the abstention model makes it difficult to draw 

conclusions about the entire American population. Nevertheless, from these significant results, 

having a more conservative politically ideology and being retired increase the constituent’s 

likelihood of voting for a senator who abstained from voting on bill S744. Being female, having 

less of an interest in public affairs, being less religious, identifying as Black (as compared to 

White), being permanently disabled (as compared to a full time worker), or being a first-

generation American citizen makes it less likely that a constitute will vote for an incumbent 

senate candidate who abstains from voting on this bill. Model 12 is not displayed in Table 5A 

above because there were no senators who abstained on SCONRES8.  
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Table 8: State Codes 

State Code Cases Cum. 
Alabama 1 1070 1.10 
Alaska 2 211 1.32 
Arizona 4 2967 4.38 
Arkansas 5 894 5.30 
California 6 10742 16.37 
Colorado 8 1577 18.00 
Connecticut 9 1390 19.43 
Delaware 10 354 19.80 
Florida 12 8397 28.45 
Georgia 13 2748 31.28 
Hawaii 15 360 31.65 
Idaho 16 472 32.14 
Illinois 17 3703 35.96 
Indiana 18 2242 38.27 
Iowa 19 1030 39.33 
Kansas 20 970 40.33 
Kentucky 21 466 40.81 
Louisiana 22 1065 41.91 
Maine 23 644 42.57 
Maryland 24 2087 44.72 
Massachusetts 25 1732 46.51 
Michigan 26 2793 49.39 
Minnesota 27 1589 51.02 
Mississippi 28 700 51.75 
Missouri 29 2435 54.26 
Montana 30 437 54.71 
Nebraska 31 777 55.51 
Nevada 32 1283 56.83 
New Hampshire 33 579 57.43 
New Jersey 34 2384 59.88 
New Mexico 35 706 60.61 
New York 36 5771 66.56 
North Carolina 37 2497 69.13 
North Dakota 38 239 69.38 
Ohio 39 4381 73.90 
Oklahoma 40 1002 74.93 
Oregon 41 580 75.53 
Pennsylvania 42 4863 80.54 
Rhode Island 44 373 80.92 
South Carolina 45 1115 82.07 
South Dakota 46 293 82.37 
Tennessee 47 1708 84.13 
Texas 48 5776 90.09 
Utah 48 931 91.05 
Vermont 50 256 91.31 
Virginia 51 2344 93.73 
Washington 53 2788 96.60 
West Virginia 54 900 97.53 
Wisconsin 55 2195 99.79 
Wyoming 56 202 100.00 
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