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Abstract: 

When making a decision that involves information acquisition, people can be defined along a 

spectrum of maximizing and satisficing decision making behavior. This thesis aims to predict 

effective leadership qualities from an individual’s propensity for maximizer/satisficer behavior. 

Using an experimental methodology, participants were recruited from Amazon Mechanical Turk 

and completed a delegation game, dictator game, ultimatum game, and honesty game. 

Maximizer/satisficer decision making strategy was assessed through an adaptation of the 

Schwartz et al. (2002) scale. Results indicate that a greater propensity to maximize predicts a 

greater preference for control, which could pose problems when delegating tasks is necessary. 

However, maximizing behavior is found to be unrelated to altruistic preferences, fairness 

preferences, and honest behavior. This thesis has implications across leadership roles, ranging 

from athletics to corporate managers. 
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1. Introduction 

 Research suggests that individuals make up to 35,000 choices on a daily basis (Krockow, 

2018). These choices range from the small and perhaps inconsequential, such as what to eat for 

breakfast and what clothes to wear, to the large and life changing, such as choosing a spouse or a 

career path. 

One example of individuals who make important decisions on a day to day basis are 

leaders. Leaders have to make decisions that influence themselves, their teams, multi-billion 

dollar companies, and even the future of countries. When making decisions, leaders can employ 

many different decision-making strategies. One prominent strategy is a command strategy, which 

is when the leader disregards their team and makes decisions solely based on their own 

preferences and information. Another strategy leaders can take is a consensus strategy, which is 

where every team member’s opinion is heard and valued. While leaders can choose to use a 

certain decision making strategy, they may also choose to not use a strategy at all and solely rely 

on their own intuition and previous experiences. 

 Although classic leadership styles may predict team success, they fail to account for the 

changing climate in which decisions are made. A survey of 50,000 American manufacturing 

companies, conducted by collaborators from Harvard, Stanford, LSE, and the U.S. Census 

Bureau, suggests that data-driven decision making “nearly tripled between 2005 and 2010” 

(McElheran & Brynjolfsson, 2016). With this upward trend of data-driven decision making, 

leaders are exposed to much more information than ever before. Thus, it is necessary to 

investigate how leaders process this information and subsequently turn insights into actions. 

In this thesis, the Schwartz et al. (2002) maximizer/satisficer decision making strategy 

will be investigated, as it accounts for individuals’ information searches, specifically how 
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individuals acquire information prior to making a choice. Individuals classified as maximizers 

attempt to make the best decision possible in line with their specific preferences, leading them to 

strive to acquire as much information about as many choices as possible. On the other hand, 

satisficers attempt to make a decision that meets their minimum standards, or a minimum 

threshold of utility. Thus, maximizers and satisficers allocate cognitive resources in different 

manners, potentially leading to different ways in which these individuals act as leaders. Now, in 

order to be a successful leader, individuals must be able to forge a clear team culture and create 

supportive team environments (Adam Bryant, n.d.). Previous literature suggests that the 

necessary traits involved in accomplishing these goals are an ability to delegate effectively, have 

other-regarding and fairness preferences, and act honestly. 

Due to their position of power with many responsibilities, leaders must constantly make 

important decisions that not only affect themselves but others too. However, it is impossible for 

leaders to complete every task by themselves. Thus, leaders who can delegate effectively can 

benefit their team or organization by not only reducing their own work and stress, but also 

empowering subordinates or engaging individuals within an organization who have the skills 

necessary to complete a task better. Although the judgement of whether a decision was effective 

or not can only happen ex post, it is necessary to analyze individuals’ preference for control, or, a 

preference for relinquishing control.  

Furthermore, while rational choice theory suggests that individuals exhibit complete, 

transitive, and consistent preferences and aim to maximize their utility over all available choices 

subject to constraints, this sometimes has been interpreted as individuals making choices that are 

in their self-interest. However, Kahneman et al. (1986) conducted multiple experiments that 
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suggest that individuals do exhibit pro-social and altruistic preferences. These preferences are 

crucial in forming strong relationships with subordinates. 

Lastly, Kirkpatrick and Locke (1991) explain that effective leaders must be honest in 

order to gain trust from their subordinates. Without honesty and integrity, subordinates will be 

unwilling to exert effort in support of their leader and their team as a whole.  

This thesis examines the effect of the maximizer/satisficer decision making strategy on 

effective leadership qualities. Four experiments were conducted online using Amazon 

Mechanical Turk in order to measure individuals’ preference for control, altruistic preferences, 

fairness preferences, and degree of honesty. Additionally, an individual’s propensity to maximize 

was measured using a self-report survey adapted from Schwartz et al. (2002). Results suggest 

that individuals who exhibit more maximizing behavior are predicted to have a higher preference 

for control. However, maximizing behavior is unrelated to pro-social preferences and honest 

behavior. 

 The structure of this thesis proceeds as follows. Section 2 will discuss previous literature, 

Section 3 will discuss experimental designs, Section 4 will discuss data and methodology, 

Section 5 will discuss results, Section 6 will discuss limitations and further research, and Section 

7 will conclude. 
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2. Literature Review  

Leadership 

Yukl (2012) conducts a review of relevant leadership literature and determines that 

honesty, altruism, fairness, and trust are values necessary for leaders to “enhance member skills” 

and the “leader-member relationship” (Yukl, 2012). Similarly, Ahmed and Bach (2014) conduct 

a meta-analysis of suggested leadership traits and find four major traits and qualities of 

leadership: honesty & integrity, self-confidence & vision, drive (achievement, motivation, 

ambition, energy, tenacity, and initiative), and cognitive ability (Ahmed & Bach, 2014).  

Using a self-report survey design among 300 “top, middle, and lower bank managers” 

across national and multinational banks in Pakistan, Riaz and Anis-ul-Haque (2016) investigate 

how a leader’s transformational, transactional, and laissez faire leadership style predicts their 

decision making style, defined as “rational, intuitive, dependent, avoidant, and spontaneous” (p. 

898). While Abood and Thabet (2017) use a similar survey methodology, they examine 

leadership and decision making by surveying 73 nurses across managerial levels in Minia 

Unviersity Hospitals in Minia Governorate, Egypt. The authors predict a nurse’s decision making 

style, defined as “directive, analytical, conceptual, and behavioral” from six areas of medical 

leadership behavior (Abood & Thabet, 2017). Thus, previous research has not looked at a 

decision making strategy involving information acquisition, and has looked at the opposite 

directional relationship that this thesis aims to analyze.  
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Decision-Making  

 In traditional economics, preferences are stable and not affected by context. Samuelson 

(1948) furthers this notion by suggesting that an individual’s choice of a bundle of goods subject 

to their budget constraint indicates a revealed preference. The revealed preference is the chosen 

bundle, which is preferred to all other affordable bundles (Samuelson, 1948). While Samuelson 

classifies one set of preferences, Debreu (1959) defines conditions on preferences in order for 

them to be represented by a mathematical utility function. Such preferences are the complete and 

transitive axioms of rational choice (Debreu, 1954). Furthermore, von Neumann and 

Morgenstern (1944) form the basis of expected utility theory by examining how individuals 

make decisions under uncertainty (von Neumann & Morgenstern, 1944). These papers create a 

framework for how economists believe individuals make decisions. Further research builds upon 

this foundation by relaxing the rationality assumption slightly and investigates choices made by 

individuals who exhibit bounded rational preferences, or the idea that individuals make choices 

with constraints on their mental processing and information. 

Simon (1959) was the first to suggest that individuals may not make decisions in 

accordance with traditional economic theory, which is to maximize their utility (meaning 

individuals make the best choice possible according to their preferences and budget constraint). 

Although Simon concedes that individuals act as utility maximizers in situations that are “very 

simple and transparent”, he suggests that this is not always the case. This is due to the costs of 

information acquisition and the inability of individuals to ever have complete information. 

Simon suggests that “the decision-maker’s model of the world encompasses only a minute 

fraction of all the relevant characteristics of the real environment, and his inferences extract only 

a minute fraction of all the information that is present in his model” (Simon, 1959). Thus, Simon 



9 
 

suggests that individuals aim to “satisfice”, or satiate their desires, instead of maximize their 

utility.  

Besides having constraints on the amount of information available when making a 

decision, individuals have a limited amount of mental resources that can be allocated when 

making decisions. These mental resources can be allocated according to Kahneman’s (2011) 

logic of System 1 and System 2 thinking. System 1 is defined as an individual’s fast, intuitive, 

quick thinking whereas System 2 is slow, thoughtful, and analytical. Kahneman proposes that, 

under normal circumstances, System 2 exerts control over System 1, limiting irrational, 

reactionary decisions (Kahneman, 2011). However, when System 2 is occupied, such as when 

the mind is under cognitive load, System 2 fails to keep System 1 in check, leading to poor 

decision making, as evidenced by Deck and Jahedi (2015). Deck and Jahedi investigate the 

impact of cognitive load on decision making using an experimental methodology and find that 

participants under more cognitive load exhibit “more risk-averse behavior, more impatience over 

money, and more likelihood to anchor” (Deck & Jahedi, 2015). Malhotra (1982) finds similar 

impaired cognitive abilities: satisfaction with a choice decreases as the number of alternatives 

and the number of attributes increases, participants exhibit greater confusion as the number of 

alternatives increase, and participants feel that they receive more information when the number 

of attributes increase, but not when the number of alternatives increase (Malhotra, 1982). This 

provides evidence against traditional economic theory that more information is better.  

 Barry Schwartz, one of the leading authors on the psychology of choice, suggests that 

maximizers aim to make the best choice possible among all possible alternatives. Thus, 

maximizers are those who attempt to acquire all information, which Simon (1959) suggests is 

impossible. On the other hand, within the context of consumer choice, satisficers aim to find a 
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product that is adequate and meets a consumer’s minimum requirements (Schwartz, 2004). This 

distinction in consumer decision making and information acquisition preferences has led to 

significant research on how an individuals’ maximizer/satisficer decision making style affects 

their personal outcomes as well as the outcomes of others. 

 Schwartz et al. (2002) investigate the social effects of maximizer behavior and find that 

maximizers exhibit both upward and downward social comparison, indicating that maximizers 

find it necessary to cope with the outcomes of their choices more than satisficers; maximizers 

also experience more regret with their decisions (Schwartz et al., 2002). Additionally, while the 

outcome of maximizers’ decisions might objectively be better than that of satisficers’, 

maximizers subjectively feel worse. One of the most significant contributions of this paper is the 

creation of a questionnaire to assess an individual’s propensity to maximize, which will be 

adapted in this thesis. Furthermore, Purvis et al. (2011) analyze the mediating effects of 

personality on maximization behavior and well-being. Participants complete the same 

maximization scale as in Schwartz et al. (2002) as well as a satisfaction with life scale, a 

subjective happiness scale, a big 5 personality scale, and other surveys. The authors find that 

maximizers are positively correlated with neuroticism and negatively correlated with subjective 

happiness and life satisfaction (Purvis, 2011). Thus, a maximizer decision making style might 

not be optimal for individuals when the outcome of decisions impacts solely the decision maker. 

This raises further questions about how the maximizer/satisficer decision making style affects 

others. 

 Chowhury et al. (2008) examine how maximizers and satisficers differ when making a 

gift purchase decision. Using an experimental methodology, participants were assigned to 

different conditions varying the number of options available and the time available to make the 
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purchase of a Christmas gift. Results show that maximizers looked through more gift options, 

especially when the number of options available was large. Additionally, maximizers “perceived 

more time pressure than satisficers”, which was most pertinent when the number of options was 

small (Chowdhury et al., 2009). Jain et al. (2013) conduct an experimental study to determine 

whether maximizers or satisficers predict situations better. The authors asked participants to 

make predictions on outcomes of the 2010 World Cup. Results show that while maximizers 

made worse predictions than satisficers, they were more confident in their predictions. 

Additionally, maximizers were more confident in their predictions relative to others’ predictions. 

Thus, even with the same information, maximizers exhibit greater confidence in their choices.  

Two types of overconfidence will be investigated in this thesis: overestimation and 

overplacement. Moore and Schatz (2017) suggest that overestimation is overconfidence relative 

to oneself, or “thinking you are better than you are”. On the other hand, overplacement is 

overconfidence relative to others, or “the exaggerated belief that you are better than others” 

(Moore & Schatz, 2017). Both types of overconfidence will be measured using the experimental 

methodology detailed in section 3. 

 

Delegation 

In some instances, leaders might delegate decision making in order to avoid making 

certain choices that could have negative outcomes for others. Steffel et al. (2016) find that 

participants are more likely to delegate a decision to the experimenter when the outcome of the 

decision affects another person when compared to making the decision for themselves. This 

leads the authors to believe that people delegate too much when such a decision could have 
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negative consequences for another person. This behavior is motivated by avoiding “the 

responsibility and blame” for negative outcomes (Steffel et al., 2016).  

 Senyuta (2013) examines the effectiveness of delegation by analyzing the effect of 

delegation on bank performance. Using “three monthly panel data sets” from 2004-2008, 

comprised of loan contract and loan performance for all branches of a European bank as bank 

performance variables and the “level of lending authority delegated to regional branches” as the 

measure of delegation, this study finds that such delegation positively predicts quantitative 

measures of bank performance (Senyuta, 2013). Thus, delegation can positively impact 

performance. 

 

Honesty 

 Allingham and Sandmo (1972) and Becker (1968) analyze why people act in a dishonest 

manner using economic models with rational actors, specifically with regards to evading income 

taxes and crime in general, respectively. The proposed models suggest that individuals evaluate 

the costs and benefits of dishonest acts using von Neumann-Morgenstern expected utility 

(Becker, 1968; Allingham & Sandmo, 1972). However, Mazar et al. (2008) examine dishonesty 

through a more psychological lens. They suggest that people act in honest or dishonest manners 

in line with their “self-concept”, or how people view themselves. Using six experiments, the 

authors find that people were dishonest while keeping a high self-concept (think of themselves as 

moral) by cheating in small magnitudes.  
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Altruism/Fairness 

 While rational economic decision making sometimes has been interpreted as individuals 

making choices that are in their self-interest, Kahneman et al. (1986) introduce an experimental 

method to provide evidence for pro-social and altruistic preferences. In this experiment, 

university students are randomly paired, with one student given $20 and the following choice to 

divide the endowment with their partner: keep $18 and give $2 or split the endowment evenly 

($10 each). Kahneman et al. find that 76% of participants divided the $20 with an even split, 

providing foundations for altruistic preferences and an experimental methodology to test for 

these preferences (Kahneman et al., 1986). Furthermore, Engel (2011) conducted a meta-analysis 

of results of more general dictator games and suggests that, on average, the dictator indicates 

approximately 30% of their endowment to be allocated to the other player in the game.  

While the traditional dictator game is typically conducted with a monetary endowment, 

Long and Krause (2017) adapt the dictator game in order to compare health altruism with wealth 

altruism while varying a participant’s partner relationship. This study has participants complete a 

survey comprised of two types of hypothetical dictator game choices, one measuring health 

altruism and the other measuring wealth altruism. Additionally, the authors manipulated who the 

dictator would be giving part of their endowment to, such as close friends or acquaintances. The 

authors find that participants exhibit greater levels of health altruism compared to wealth 

altruism, are “far more likely to exhibit no wealth altruism than no health altruism”, and 

“generally exhibit the highest level of altruism with respect to immediate family members and 

the least with respect to foreign strangers” (Long & Krause, 2017). Thus, an individual’s level of 

altruism depends on the modality of the gift as well as who the gift is given to. 
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In order to assess an individual’s ability to delegate effectively, this thesis adapts the 

experiments conducted by Owens et al. (2014) and Fehr et al. (2013). Owens et al. (2014) find 

that individuals are willing to pay a positive “control premium”, which is the “monetary cost that 

people are willing to incur in order to retain control over their own payoffs”. The authors elicit 

this control premium by assessing beliefs about a participant’s match’s performance (with the 

match indicating a randomly selected person that is also completing the experiment) as well as 

asking participants to choose between assets that provide a payoff based off of the beliefs 

assessed earlier. Furthermore, Fehr et al. (2013) find that individuals hold on to decision rights 

and choose not to delegate, even when it was in their best interest to delegate (would have 

received a higher monetary payoff). Thus, the authors suggest that individuals intrinsically value 

making decisions for themselves, driven by motivations for authority and power (Fehr et al., 

2013). Another interpretation of this finding is that individuals hold on to decision rights due to a 

lack of trust in the decision making capabilities of others. This thesis aims to adapt both 

methodologies in order to assess participants’ beliefs about their own performance, their match’s 

performance, and subsequently how much they’d be willing to pay in order to have their payoffs 

determined by their own, as opposed to their match’s, performance.  

Next, a classic dictator game and ultimatum game will be used to assess individuals’ 

altruistic and fairness preferences. In the dictator game, a rational, self-interested agent would 

keep their entire endowment, leaving nothing for their partner. However, any positive amount 

given to the partner is evidence for altruistic preferences. Furthermore, in the ultimatum game, 

any rejection of an offer indicates a preference for a more equal allocation of the endowment or a 

preference to punish small offers. Thus, the dictator game will played in order to assess altruistic 

preferences while the ultimatum game will be played in order to determine fairness preferences.  
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Lastly, an honesty game will be played, adapted from Mazar et al. (2008). In their 

experiments, participants solved matrices by finding the two numbers within the matrix that add 

up to 10. By putting a time constraint on each participant, the authors ensured that participants 

would not be able to solve every matrix set in front of them, leaving room for participants to be 

dishonest by reporting that they solved more matrices than they actually did. In this thesis, after 

completion of the matrix task, participants will be asked to self-report how many matrices they 

solved, providing an opportunity to cheat.  

 This thesis adds to the previous literature by investigating a decision making strategy that 

involves information acquisition: the maximizer/satisficer decision making strategy. 

Additionally, this thesis will determine how the maximizer/satisficer decision making strategy is 

associated with characteristics of effective leaders, through an experimental methodology that 

incentivizes choices.  

 

3. Experimental design 

Participants 

144 participants were recruited using Amazon Mechanical Turk (MTurk). Each 

participant completed a Qualtrics survey that contained each part of the study. MTurk was used 

in order to obtain a more diverse sample of participants with regards to their work and life 

experiences, potentially leading to more varied leadership experiences. 85% of the sample was 

between the ages of 25 and 44 years old, 42.4% of the sample was female, and 75.7% of the 

sample was white, which seems representative of typical MTurk workers. The average time to 

complete the survey was approximately 13 minutes. 
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Organization of sections 

 The study was broken down into five sections. In the first four sections, participants 

completed a delegation game, a dictator game, an ultimatum game, and an honesty game. The 

order of these four games was randomized in order to control for order effects. In the fifth 

section, participants completed an exit survey.  

 

Delegation Game 

 Participants were instructed that they would be completing a task that asked them to solve 

anagrams, which is the task of forming a set of letters into an English word. A pre-test was 

conducted in order to ensure that participants understood the task. In order to gather data on 

participants’ level of overestimation, level of overplacement, and preference for control, three 

questions were asked prior to the anagram task. It was necessary to gather information on 

overestimation and overplacement in order to distinguish participants’ preference for control 

from their own self-confidence. In the first two questions, participants were asked to indicate 

how many 5-letter anagrams they believed they could solve in 60 seconds as well as to indicate 

how many 5-letter anagrams they believed that their MATCH could solve in 60 seconds1. The 

participant’s MATCH was a randomly selected other participant who completed the study. 

Participants never learned the identity of their MATCH. Overestimation was defined as the 

difference between the expected number of anagrams the participant believed they would solve 

and the number of anagrams they actually solved. Overplacement was defined as the difference 

                                                           
1 If the answer to an expectation question was equal to the actual performance, participants were paid an extra $0.50. 

Thus, participants had the opportunity to earn an extra $1, in addition to their payoff from the task itself. 
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between the expected number of anagrams the participant believed they would solve and the 

expected number of anagrams the participant believed their MATCH would solve. 

Next, participants were asked to indicate on a -$2 to $2 scale how much they would be 

willing to pay in order to be paid based on their performance on this anagram task as opposed to 

being paid based on their MATCH’s performance on this anagram task. This question measured 

the participants’ preference for control. Any number greater than $0 indicated that participants 

preferred to retain control over their payoffs whereas any number less than $0 indicated that 

participants preferred to relinquish control over their payoffs; a willingness to pay of $0 

indicated that participants were indifferent between having their payoffs determined by their own 

performance or their MATCH’s performance. 

Lastly, participants were given 60 seconds to complete 5-letter anagrams. 20 anagrams 

from Aspinwall & Richter (1999) were provided for participants to complete. Each anagram was 

worth $0.10 if solved correctly2. 

 

Dictator Game 

In order to gather data on participants’ altruistic preferences, participants completed a 

classic dictator game. To begin, participants were given instructions regarding a general dictator 

                                                           
2 Payoffs were determined following the completion of the survey. A random number between -2 and 2 was 

generated; let’s call this number FEE. If the participant’s answer to the willingness to pay question was greater than 

or equal to FEE, then participants would be willing to pay this FEE in order to have their payoffs determined by 

their own performance. Thus, these participants were paid $0.10 for each anagram they solved correctly, but were 

charged this FEE. On the other hand, if participants indicated that they would be willing to pay an amount less than 

this FEE, these participants were paid $0.10 for each anagram that their MATCH solved correctly and were not 

charged this FEE. 
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game, adapted from Kahneman et al. (1986). These instructions are given in the appendix. Upon 

completing two pre-test questions to ensure that they understood the game, participants were told 

that everyone completing the survey would be completing this game as the “allocator” 

(Kahneman et al., 1986), which I labeled Player A. In the dictator game, the “recipient” 

(Kahneman et al., 1986), which I labeled Player B, has no say in their payoffs; payoffs are solely 

determined by Player A’s indication. Participants were told that as Player A, they had been 

endowed $7. They were then asked to indicate a value $X between $0 and $7 to two decimal 

places3. A rational participant who wants to maximize their utility from their action was 

predicted to keep their full endowment. However, if the participant received greater utility from 

splitting their endowment, indicating altruistic preferences or preferences for a ‘more fair’ split, 

then they would transfer an amount greater than zero to the receiver. Lastly, participants were 

assigned their MATCH2, which was another randomly selected other participant in the study, 

who was different from MATCH. Participants never learned the identity of MATCH2. 

 

Ultimatum Game 

 In order to gather data on participants’ altruistic and fairness preferences, participants 

completed a classic ultimatum game. To begin, participants were given instructions regarding a 

general ultimatum game, also adapted from Kahneman et al. (1986). These instructions are given 

in the appendix. Participants completed this game as both Player A and Player B. When acting as 

                                                           
3 After the survey was completed, each participant was randomly assigned to the role of either Player A or Player B. 

If a participant was assigned to Player A, their payoff was equal to $7-X, where $X was however much the 

participant indicated in the survey. However, if a participant was assigned to Player B, their payoff was equal to the 

value $X that MATCH2 indicated. 

 



19 
 

Player A, participants were endowed $10 and asked to indicate a value $X between $0 and $10 

to two decimal places. On the other hand, when acting as Player B, participants were told that 

MATCH3 was assigned to be Player A and was endowed $10. Participants were then asked to 

indicate the minimum amount that MATCH3 must indicate in order for them to choose to accept, 

where MATCH3 was another randomly selected other participant in the study, who was different 

from MATCH and MATCH2. Participants never learned the identity of MATCH34. 

 

Honesty Game 

This last payoff-relevant section of the experiment was adapted from Mazar et al. (2008). 

Participants were given 3x3 matrices comprised of numbers to two decimal places. The task was 

a real effort task in which participants had to find the two numbers in the matrix that summed to 

10. After completing two pre-test questions to ensure that participants understood the game, 

participants were given 60 seconds to complete as many matrices as possible. The time 

constraint was implemented in order to make it very difficult to complete all 10 matrices given. 

Prior to the start of the game, participants were told to keep track of the number of matrices that 

they solved because they would be asked to self-report how many matrices they solved correctly.  

                                                           
4 After the survey was completed, each participant was assigned to the role of either Player A or Player B. If 

assigned to Player A, this participant’s payoffs were determined by their action as Player A and MATCH3’s action 

as Player B. If $X indicated was greater than or equal to MATCH3’s choice when acting as Player B, then this 

participant received $10-X. However, if $X indicated was less than MATCH3’s choice when acting as Player B, this 

means that MATCH3 would have rejected $X, so this participant would have received $0. On the other hand, if this 

participant was assigned to Player B, then this participant’s payoffs were determined by their action as Player B and 

MATCH3’s action as Player A. If MATCH3 indicated $X greater than or equal to this participant’s choice as Player 

B, then this participant would have received $X. However, if MATCH3 indicated $X less than this participant’s 

choice as Player B, then this participant would have received $0. 
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Participants were paid $0.20 for each matrix they reported that they solved correctly. 

Thus, a dishonest participant was classified as anyone who self-reported that they solved more 

matrices than they actually did.  

 In addition to a $0.50 participation reward, participants were paid a bonus. After 

completing the study, participants were randomly assigned to be paid according to their 

performance on one of the first four sections; the fifth section did not affect the participants’ 

payoffs. Participants assigned a 1 were paid according to the payoff scheme for the delegation 

game, participants assigned a 2 were paid according to the payoff scheme for the dictator game, 

participants assigned a 3 were paid according to the payoff scheme for the ultimatum game, and 

participants assigned a 4 were paid according to the payoff scheme for the honesty game.  

 

Maximization Scale 

 Upon completion of the four payoff-relevant parts of the survey, participants completed a 

7-item maximization scale, adapted from the 6-item scale in Nenkov et al. (2008). Participants 

indicated how much they agree with each item on the scale using a 7-point Likert scale 

(1=Completely Disagree, 7=Completely Agree). The full maximization scale utilized in this 

study is presented in the appendix5. 

                                                           
5 One item from the Nenkov et al. (2008) scale was: “Renting videos is really difficult. I’m always struggling to pick 

the best one.” This item was updated in order to relate to the behavior of modern day consumers by asking 

participants: “Streaming television shows and movies is really difficult. I’m always struggling to pick the best one.” 

Additionally, a seventh item to the scale was added in order to assess participants’ tendency to maximize for small 

or large stakes decisions. Thus, the final item on the scale was: “I spend more time and energy on a decision that is 

really important to me.” Rational economic agents should maximize for high stakes decisions but satisfice for small 

stakes decisions. 
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Demographic Variables 

 Participants answered multiple choice questions assessing their age, employment status, 

income, gender, education, ethnicity, and marital status. This lead to each variable being defined 

as a categorical variable. Participants were also asked an open ended question assessing their 

household size. 

 

Personality Measurement 

 Lastly, participants completed the Big Five Inventory – 2 (BFI-2), a 60 question scale 

assessing the big five personality traits of open-mindedness, conscientiousness, extraversion, 

agreeableness, and negative emotionality (Soto & John, 2017). The BFI-2 was used in order to 

obtain information on the big five traits as well as their underlying facets. 

 

4. Data and Methodology 

Demographics 

 The sample of participants seemed to be representative of typical MTurk workers. 

Because each demographic variable except for household size was asked as a multiple choice 

question, each variable was defined as a categorical variable. First, 85% of the sample was 

between the ages of 25 and 44 years old, 9.7% of the sample was between the ages of 18 and 24, 

and 7.7% of the sample was between the ages of 55 and 74. Furthermore, the majority of the 

sample was employed full time at 70.8%. Some participants may have chosen employed part 

time, self-employed, or unemployed and currently looking for work if their income stream may 
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have come from completing MTurk HITs. The sample’s income skewed lower, with 45.1% of 

the sample making less than $34,999 per year. However, the sample was varied as 12.5% of the 

sample made over $75,000 per year. Furthermore, while the incomes of the sample were lower, 

the sample was fairly educated, as 47.2% obtained a bachelor’s degree. Next, gender was split 

fairly evenly as the sample was 42.4% female, and 95.2% of the sample was either married or 

single. Additionally, 91.7% of the sample had a household size between 1 and 4. Lastly, the 

sample was heavily skewed ethnically. 75.7% of the sample was white, indicating that the 

sample was not ethnically diverse. However, this may be representative of the MTurk worker 

population. Histograms of these demographic variables are included in the appendix. 

 

Personalities 

 Results from the Big Five Inventory indicate that participants’ may have answered the 

inventory with a socially desirable bias. This is evidenced by the slight left skewed distribution 

of Open-Mindedness, Conscientiousness, and Agreeableness and the slight right skewed 

distribution of Negative Emotionality. However, Extraversion was normally distributed. 

Histograms of each of the big five traits are given in the appendix. 

 

Maximizer/Satisficer Scores 

Table 1: Descriptive statistics of maximizer/satisficer score 
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Summary statistics for the sample’s maximizer/satisficer scores are given in Table 1. The 

sample skewed slightly towards maximizers as the mean score of the sample is a half point 

higher than the midpoint of the scale (which is equal to 4).   

 

Dependent Variables 

 Histograms of the dependent variables used in the analysis of each game are given in 

Figures 1-5. Additionally, descriptive statistics of variables used in the analysis of each game are 

given in Tables 2-5. 

 

 

 

Figures 1-5: Distributions of dependent variables used in analyses 
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Table 2: Descriptive statistics of variables used in analysis of delegation game 

 

Descriptive statistics of variables used in the analysis of the delegation game are given in 

Table 2. On average, the sample was willing to pay 27 cents in order to retain control of their 

own payoffs. Although, on average, participants solved just over 6 anagrams, they expected to 

solve 1.3 anagrams more than they actually solved, indicating overestimation. A single 
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participant was dropped from the analysis of the overestimation variable because their response 

was a large outlier. Furthermore, on average, the participants’ level of overplacement was around 

0.  

Table 3: Descriptive statistics of variables used in analysis of dictator game 

 

Descriptive statistics of variables used in the analysis of the dictator game are given in 

Table 3. On average, participants indicated approximately 32% of their endowment, which is in 

accordance with previous literature. Additionally, this result may change depending on the 

relationship to MATCH2, based on results from Long and Krause (2017). Because MATCH2 is 

a random person, this result should not be biased due to the participant’s relationship with 

MATCH2. Additionally, figure 2 shows the distribution of the dictator’s offer, which contains 

peaks at 0 and a 50% split, which is in line with previous literature. 

Table 4: Descriptive statistics of variables used in analysis of ultimatum game 

  

Descriptive statistics of variables used in the analysis of the ultimatum game are given in 

Table 4. On average, Player A gave approximately 42% of their endowment to Player B, which 

is greater than the average dictator offer. This was expected as Player A in the ultimatum game 
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must account for the uncertainty of Player B’s response. Furthermore, on average, the minimum 

amount participants were willing to accept, as a percentage of the endowment, was 

approximately 37%. This indicates that participants were not acting as rational economic agents. 

Rational agents would accept any positive amount offered to them because that positive amount 

is greater than the $0 they would receive in the case that they reject. Thus, this sample had a 

steep minimum requirement to accept, indicating a preference for more evenly split offers and to 

punish low offers. 

 

Table 5: Descriptive statistics of variables used in analysis of honesty game 

 

Descriptive statistics of variables used in the analysis of the honesty game are given in 

Table 5. On average, participants self-reported that they solved just over 4 times as many 

matrices than they actually solved. Furthermore, 84% of participants were dishonest, with 

varying degrees of dishonesty. In fact, some participants did not solve a single matrix correctly 

but self-reported that they solved every matrix (10 matrices) correctly. 
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5. Results 

Baseline models 

Table 6: Baseline regression models predicting dependent variables of each game from the maximizer/satisficer 

score. Note: UG indicates ultimatum game 

 

Table 6 provides results of baseline regressions predicting the dependent variable in each 

game from the maximizer/satisficer score. Maximizer/satisficer score is positively associated 

with a preference for control, with a one standard deviation increase in maximizer/satisficer 

score indicating an approximately 70% increase relative to the mean. Base models 2-5 provide 

evidence that maximizer/satisficer score is not related to altruistic preferences, fairness 

preferences, and honest behavior as the coefficient on maximizer/satisficer score is insignificant. 

 

 

 

 

 



28 
 

Full Models 

Table 7: Full regression models predicting dependent variables of each game from the maximizer/satisficer 

score. Note: UG indicates ultimatum game 

 

Table 7 provides results of full regressions predicting the dependent variable in each 

game from the maximizer/satisficer score. The number of correct anagrams is included in full 

model 1 in order to control for skill within the game. Each of the demographic variables included 

in the full models are included because they are significantly correlated with maximizer/satisficer 

score, as shown by Table 9 in the appendix. Anxiety, depression, and emotional volatility are 
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underlying facets of the personality trait negative emotionality. Thus, these independent 

variables cannot be included together in a regression as they are collinear6. 

Results suggest that a one standard deviation increase in the maximizer/satisficer score is 

associated with an increase of willingness to pay by approximately 18 cents, which is equal to a 

67% increase in willingness to pay relative to the mean. Additionally, the variable ‘anxiety’ is 

significant with a negative coefficient, indicating that anxious individuals prefer to relinquish 

control when compared to non-anxious individuals.  

Next, results suggest that there is no relationship between maximizer/satisficer score and 

pro-social preferences as the coefficient on maximizer/satisficer score is insignificant in full 

model 2. However, results are in line with previous literature as the variables ‘35-44 years old’ 

and ‘Male’ are significant with negative coefficients. This is in line with previous literature that 

older individuals give more of their endowment and that women give more than men. 

Furthermore, full models 3 and 4 provide further evidence that there is no relationship 

between maximizer/satisficer score and altruistic and fairness preferences. No variables are 

significant in full model 3, but Black is significant with a positive coefficient in full model 4.  

Lastly, full model 5 suggests that there is no relationship between level of dishonesty and 

maximizer/satisficer score. Table 17 in the appendix illustrates probit regressions predicting the 

probability of being dishonest from maximizer/satisficer score. This provides additional evidence 

that there is no relationship between dishonest behavior and maximizer/satisficer score as none 

of the coefficients on maximizer/satisficer score are significant.  

                                                           
6 Additional regression tables containing each of the four full models (with each model corresponding to the 

personality trait or facet controlled for) predicting each dependent variable are included in the appendix. 
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Secondary results 

Table 8: Base and full regression models predicting level of overplacement and level of overestimation 

from the maximizer/satisficer score.  

 

A secondary analysis on participants’ level of overestimation and level of overplacement 

was conducted. This analysis was conducted because such measures of overconfidence could 

indicate similar behavior as the honesty game, with more overestimation and overplacement 

indicating more dishonest behavior. Although these two metrics were gathered in order to 

separate overconfidence from preference for control, they are not significantly correlated with 

willingness to pay. However, there is a significant negative correlation, -0.2519, between level of 

overestimation and level of overplacement. Thus, participants who are overconfident relative to 

their own abilities are less overconfident relative to their MATCH’s abilities. 

Furthermore, Table 8 suggests that, in the base models, maximizer/satisficer score 

positively predicts level of overestimation, but does not predict level of overplacement. 
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However, the coefficient on maximizer/satisficer score becomes insignificant after controlling 

for demographic variables. Thus, this result is in opposition to Jain et al. (2013). Additionally, 

although maximizer/satisficer score is insignificant when predicting level of overplacement, the 

coefficient on emotional volatility is negative and significant.   

 

6. Discussion 

 Results seem to suggest that individuals who have a greater propensity to maximize 

predicts having a greater preference for control. However, propensity to maximize is unrelated to 

altruistic preferences, fairness preferences, and honest behavior. This seems to make sense as a 

preference for control is the most emotionally driven of the dependent variables tested, meaning 

it would be most likely to be affected by how individuals allocate their cognitive resources. 

 Next, in full model 1, the coefficient on anxiety is negative and significant. This could 

indicate that the pressure of the game might affect anxious people more, leading them to want to 

disengage from the game and have their payoffs be determined their MATCH. Additionally, in 

full model 4, the coefficient on Black is positive and significant, potentially indicating that 

blacks have a higher fairness threshold or prefer to punish small offers relative to non-blacks. 

Moreover, in table 17, the coefficient on Male is positive and significant in each of the full 

models. This could indicate that men are more likely to be dishonest than women. Lastly, in each 

full model in table 12, each of the personality variables are significant with a negative 

coefficient. Because each model is predicting level of overplacement, individuals who worry or 

expend many cognitive resources ruminating about an event seem to estimate their MATCH’s 

skill level to be higher, relative to individuals who do not exhibit such traits. 
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 Furthermore, the analysis provided one specific paradoxical result. The coefficient on the 

variable ‘# of correct anagrams’ is negative and significant every time it is included in a 

regression predicting willingness to pay. One would expect that more skilled players would want 

to have their payoffs be determined by their own performance as opposed to someone else’s 

performance because they are better at the game. However, that does not seem to be the case. 

Further analysis was conducted and there exists no relationship between skill and expectations of 

MATCH performance. Thus, this result seems fairly odd.  

Furthermore, there are a few broad limitations within this thesis. In measuring 

participants’ maximizer/satisficer scores, a self-report survey methodology was used. Thus, the 

independent variable was not randomly assigned, so causal conclusions cannot be drawn. 

Furthermore, due to the survey methodology and MTurk recruitment, results may be biased. On 

MTurk, participants are paid for each human intelligence task (HIT) that they complete. Thus, 

participants are incentivized to complete HITs as quickly as possible. Although the average time 

to complete this survey was 13 minutes and participants had to complete pre-tests prior to each 

game in order to ensure they understood the directions and potential payoffs, participants may 

have completed the survey very quickly without reading instructions carefully, failing to reveal 

their true preferences. Lastly, the incentive structure in the delegation game may have biased 

behavior when playing the game. Because the incentive for meeting one’s expectations of their 

own performance was $0.50, participants may have been incentivized to indicate a small number 

of anagrams and stop completing the task once they met this expectation. Replication of this 

game should include an incentive structure such that meeting one’s expectations is worth less 

than a single anagram (ex: $0.05). 
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Further research should be conducted in order to assess the relationship between 

propensity to maximize and other qualities of effective leaders, such as the ability to motivate, 

the ability to form cohesive teams, and the ability to provide autonomy and not micromanage. 

Additionally, researchers should examine different types of decisions that leaders traditionally 

make, such as hiring decisions and firing decisions.  

In addition to further research on leadership, additional studies should investigate 

different methodologies to assess maximizing behavior. Although the Schwartz et al. (2002) 

scale appears to be effective at measuring this behavior, it is inherently a self-reported score 

which could be biased. Another methodology to test that measures maximizing behavior should 

incentivize real choices, such as buying products online. Because maximizers attempt to obtain 

as much information as possible and ignore costs associated with delaying a choice, researchers 

should analyze the number of online product reviews viewed prior to making a purchase 

decision, with the greater number of online product reviews read when indicating more 

maximizing behavior. 

Lastly, further research should replicate this study but manipulate the relationship to the 

MATCH. Long and Krause (2017) examined this through their study of the dictator game, but 

this should be applied to the delegation game as well. The relationship to the MATCH should 

vary in level of respect, such as a boss or subordinate, to see how behavior changes. However, 

this would require a different sampling methodology from MTurk in order to use actual 

relationships between people, instead of hypothetical situations. 
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7. Conclusion 

 In conclusion, when making a decision, leaders can employ many different decision 

making strategies. Leaders can choose to employ the maximizer/satisficer decision making 

strategy when information acquisition is necessary. This thesis finds that the maximizer/satisficer 

decision making strategy is a significant predictor of a leader’s preference for control, which 

affects delegation preferences. In fact, individuals with a greater propensity to maximize exhibit 

a greater preference for control. However, a leader’s propensity to maximize does not predict 

altruistic preferences, fairness preferences, or dishonest behavior.  

 Ultimately, results of this thesis can be applied to any hiring process. When interviewing 

candidates for a managerial role, results of this thesis can be directly applied. Hiring managers 

should have candidates take the maximizer/satisficer scale in order to determine their preference 

for control, which is key in positions that require effective delegation. Lastly, one particularly 

interesting application of this thesis is the draft process in professional sports. Owners, general 

managers, and coaches can use the maximizer/satisficer scale during pre-draft interviews in order 

to screen for players that fit their leadership criteria, and ultimately improve team performance. 
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Appendix 

Table 9: Correlation table between Maximizer/Satisficer Score and control variables used 

in regressions 
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Distribution of demographics of sample 
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Table 10: Regression output predicting willingness to pay ($) from Maximizer/Satisficer Score 
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Table 11: Regression output predicting overestimation from Maximizer/Satisficer Score 
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Table 12: Regression output predicting Overplacement from Maximizer/Satisficer Score 
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Table 13: Regression output predicting dictator offer as a percent of endowment from Maximizer/Satisficer 

Score 
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Table 14: Regression output predicting ultimatum game Player A offer as a percent of endowment from 

Maximizer/Satisficer Score 
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Table 15: Regression output predicting Player B minimum willing to accept as a percent of endowment from 

Maximizer/Satisficer Score 
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Table 16: Regression output predicting level of dishonesty from Maximizer/Satisficer Score 
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Table 17: Probit regression output predicting probability of dishonesty from Maximizer/Satisficer Score 

 

 

 

 

 

 

 

 



50 
 

Informed Consent form of survey 
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Instructions prior to part 1 of experiment explaining payoff structure 

 

Instructions to Delegation Game 
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Assessing participants’ degree of overestimation and overplacement 
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Assessing participants’ willingness to pay to retain control 

 

Instructions prior to completion of anagram task 
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Example of section of anagram task 
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Instructions to Dictator Game 
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Explaining payoffs for dictator game and assessing degree of altruistic preferences 

 

Instructions to Ultimatum Game 
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Explaining payoffs for ultimatum game 

 

Player A section of Ultimatum Game 

 

Player B section of Ultimatum Game 
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Instructions on how to play Honesty Game 

 

Instructions to Honesty Game 
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Example of completed first two matrices in Honesty Game 

 

Self-report question in Honesty Game 
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Maximizer/Satisficer Scale 
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Beginning section of BFI-2 



 
 

 


