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Abstract 

 This study analyzes the effects of terrorism on tourism in European countries and 

reaffirms previous literature that shows a statistically significant negative and lagged relationship 

between terrorism and tourism, while expanding the scope to countries in Europe and using 

contemporary data.  An ordinary least squares regression using data from 2007 to 2016 finds that 

tourist arrivals decrease by approximately 0.013% to 0.016% in ten, eleven, and twelve months 

after a terrorist attack.  However, the level of violence associated with terrorist attacks does not 

appear to impact tourists’ decisions given there is no statistical significance surrounding these 

variables.  Rather, tourists seem to change their travel decisions given a past history of terrorist 

attacks regardless of the level of violence. 
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I. Introduction 
 
 Recent trends show that global terrorism is increasing sharply.  According to the Global 

Terrorism Database, from 2000 to 2016 alone, terrorists have conducted about 10,000 more 

attacks per year across the globe.  Europe specifically is currently facing a large spike in jihadist 

violence that aims to kill as many people as possible, and this violence is non-discriminatory as 

to whether the victims are European citizens or tourists.  Not only are these attacks becoming 

more frequent, but also more fatal: 2.7% of all terrorist attacks had at least one fatality in 2012 

compared to 11.2% of all terrorist attacks that had at least one fatality in 2016 (Hanrahan).  Well-

publicized and highly violent attacks such as those on Berlin with 12 deaths, Brussels with 35 

deaths, Nice with 87 deaths, and Paris with 130 deaths all in just 2015 and 2016 are also fresh on 

the minds of citizens contemplating travel (Jenkins). 

 In their yearly tourism report, the European Travel Commission comments on the 

aggregate level of tourism in the EU.  Graphics in the report illustrate the percent change of 

international tourist arrivals in Europe which has increased steadily by at least 2% every year, 

some years reaching numbers as high as a 6% increase as compared to the previous year 

(European Travel Commission).  However, on the aggregate, the percent change in tourist 

arrivals from 2015 to 2016 was much lower than they expected.  Countries, like Iceland and 

Portugal, that saw double-digit growth in tourist arrivals attribute this spike to perceptions as safe 

destinations, while many countries that saw low and even negative percent changes attribute their 

losses to the amount of terrorist attacks, according to the ETC.  This thesis aims to give analysis 

that backs these statements of tourists’ perceived safety and its effect on their decisions to travel.   

 The escalation of terrorist attacks in Europe in the 2000s may have an observable 

influence on the tourism sector in many European countries, and specifically, on the raw number 
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of tourists travelling to European countries affected by terrorist attacks.  Assuming tourists are 

rational individuals, a large-scale terror attack in a usually tourist-heavy country or city may 

influence their decision-making process in evaluating where to travel.  They may well substitute 

a safer country or city instead of taking a risk and traveling to a country that has seen recent, 

large-scale terrorist attacks.  A tourist from the United States who was planning on travelling to 

Brussels in 2017 may instead decide to take their vacation at the Grand Canyon due to the recent 

terrorist attack and fear of future attacks as a concern on their mind.  

 The goal of this study is to examine the relationship between terrorism and tourism.  

Using an ordinary least squares model and implementing lags and leads, this study will estimate 

the number of tourist arrivals in multiple countries in Europe and its relationship to the number 

of terrorist attacks and the number of casualties in a given time period, using data from 2007-

2016.  This study specifically focuses on Europe due to the magnitude of high-profile attacks and 

surrounding media attention in the past decade, which is expected to be a crucial factor in 

tourists’ decision making.  European countries also see large percentages of their GDP attributed 

to their tourist sector: Spain and Portugal, for example, each have a tourism sector that makes up 

around 15-18% of total GDP according to the World Travel and Tourism Council.  Thus, any 

negative influence on tourism due to an increase in terrorism could have large implications for 

these economies that rely heavily on their tourism sector. 

II. Literature Review 

In making the decision to travel for pleasure, individuals must take into account their 

perceived risk of safety following a terrorist attack and whether the benefit of travelling 

outweighs this risk.  However, previous literature in behavioral economics proves that 

individuals exaggerate the perceptions about their safety.  Even given a low statistical probability 
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of terrorist activity happening to any given individual, individuals tend to overreact and perceive 

their risk as much higher than in reality (Tremblay 1989). Tremblay proves this is especially 

significant for United States travelers, as they perceive themselves at a much higher risk for 

terrorist activity than individuals outside of the US.  Other papers focus further on the behavioral 

and psychological reactions of travelers to their perceived risk of safety.   Sonmez (1994) uses 

survey data to investigate how travelers change their behavior when they perceive a higher risk 

of terrorist activity.  He concludes that 83% of respondents claim they act more cautiously in 

climates of perceived risk by keeping a low profile, dressing down, and not identifying oneself as 

a member of a large corporation.  He also notes that almost all respondents experienced 

heightened anxiety in their respective situations.   Similarly, Richter and Waugh (1986) find that 

these cautious behaviors from travelers, as well as similar cautious behavior by tourism 

destination managers, increase the impact that terrorism can impose on tourism. 

Behavioral implications of individuals are not the only factor increasing the impact that 

terrorism can inflict on tourism.  Given the exponential rise in media within the past few 

decades, it is crucial to examine the impact of terrorism as a result of increased media attention, 

in addition to the psychological impacts terrorism inflicts on individuals deciding to travel.  

Tremblay’s aforementioned paper additionally analyzes the “news value” of terrorist attacks and 

its effect on travelers’ decisions.  Further to the US’s statistically larger reaction to terrorist 

events as a result of a greater perceived risk of safety, access to media enhances this fear.  He 

proves that a higher level of access to media coverage in the US generates an even bigger fear 

response in travelers as compared to Europe.  Additionally, he suggests that the US’s exposure to 

European terrorist events is higher than Europe’s exposure to their own events.  Thus, due to 

extensive media coverage, terrorism tends to have more of an effect on US citizens.  Specifically 
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examining newspapers and magazines from 1985-1998 that include the words tourism and 

terrorism, Pizam (2000) proves through media coverage that tourism demand decreases in one to 

six months post-terrorist event. 

Much of the later empirical analysis includes the behavioral and media influences that 

affect tourism, while also delving further into how terrorism affects different aspects of the 

economy.  Feridun (2011) uses an autoregressive distributed lag model on data from Turkey 

between 1986 and 2006, in which tourist arrivals is the dependent variable and terrorist attacks 

that include casualties greater than ten is the key independent variable.  In choosing ten 

casualties as the minimum cutoff, the author hypothesizes that this number is crucial in tourists’ 

decision-making, given that the media tends to focus only on large-scale calamities.  From the 

regression results, not only does the author see a long-run relationship between terrorism and 

tourism, but also that this relationship is significantly negative in the direction from terrorism to 

tourism.  Both Abadie and Gardeazabal (2003) and Nitsch and Schumacher (2004) detail the 

effects of terrorism on specific economic indicators: GDP per capita and trade flows, 

respectively.  Abadie and Gardeazabal synthetically derive a region in Spain that is otherwise 

equivalent to the Basque region before the infiltration of terrorism using an array of 

macroeconomic indicators and growth variables, like GDP per capita, population density, etc.  In 

comparing this hypothetical region to the Basque region, they find that before the terror group 

began attacking the Basque region in 1975, the two regions were nearly identical in GDP per 

capita.  However, once the terrorist attacks started and became more frequent in the Basque 

region, GDP per capita in the synthetic region was, on average, 10% higher than that of the 

Basque region for the next twenty years.  Meanwhile, Nitsch and Schumacher analyze trade 

flows after terrorism and find, after implementing an augmented gravity model for 200 countries 
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from 1968-1979, there is a significant, negative relationship between trade flows and terrorism.  

Specifically, they find that if the number of terrorist events doubles, that trade between two 

countries decreases by 4%. 

Further literature focuses on tourists’ decisions to substitute one country for another 

given a higher perceived risk due to terrorism.  Enders, Sandler, and Parise (1992) examine a 

sample of European countries from 1974 to 1988 and, using an autoregressive integrated moving 

average with quarterly data of terrorist incidents and tourist receipts, find that terrorist events 

negatively affect tourist revenues and that these effects were lagged for each country.  

Furthermore, they find that tourists often substitute one country over another in their sample to 

minimize their perceived risk.  Expanding upon this study, Drakos and Kutan (2001) extend this 

analysis to the Mediterranean where they look at the effects of terrorism on tourism’s market 

share between Greece, Israel, and Turkey to examine spillover effects when one country 

experiences terrorism over another.  Using a seemingly unrelated regression model, they find 

that tourists do seem to substitute one perceived dangerous country for another perceived safer 

country within the three countries they analyzed.  The results indicate that Greece’s tourism 

market share decreased by 9%, Turkey’s market share decreased by 5%, and Israel’s market 

share decreased by 1% when each respective country was perceived as dangerous due to terror 

events. 

The group of literature that most closely resembles this thesis focuses on the unilateral 

relationship between terrorism and tourism, specifically focusing on tourist receipts.  The first 

major paper to analyze this one-way relationship was Enders and Sandler (1991) who compiled 

empirical evidence showing a significant relationship between the two variables, specifically in 

Spain.  Using monthly data from 1970-1991 and employing an autoregressive analysis, the 
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authors were the first to examine the relationship between terrorism and tourism, and discovered 

that this relationship is unilateral; that terrorism has a significant, negative impact on tourism, but 

tourism has no effect on terrorism.  This question had been posed in previous research due to the 

idea that a highly publicized, touristic area would be a prime location for terrorist attacks due to 

the high destructive impact these attacks could potentially yield.  Hence, these attacks would 

garner the most attention for the cause espoused by the terrorists.  However, Enders and Sandler 

empirically proved this hypothesis wrong.  Subsequent research has since delved into this 

unilateral relationship and examined how terrorism impacts the outlook of tourism in a country.  

Sloboda (2003) similarly proves this relationship occurs in the United States by using an 

autoregressive integrated moving average model with annual tourist receipts and annual 

terrorism data.  Another paper specifically examining tourist arrivals is Parida et al (2015) which 

analyzes data from India between 1980-2011.  Using an auto-regressive distributed lag model to 

analyze the effects of the number of casualties by terrorist attacks on tourist arrivals, they also 

find a negative relationship. 

This thesis adds to previous literature in that it analyzes monthly data to more precisely 

examine trends in tourists’ decision-making process, as well as expanding this analysis to 

twenty-three countries in Europe, specifically looking at tourist arrivals and how they are 

affected following terrorist events.  Additionally, the data used in this study will be more 

contemporary than previous literature in that it covers years 2007 to 2016.  The main 

independent variables which include the number of terrorist events per month, the number of 

individuals killed per month, and the number of wounded per month will take into account the 

psychology behind tourists’ decisions, in that the analysis will answer two main questions: (1) do 
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tourists travel less to a country that has seen terrorism; (2) given that there are terrorist events in 

a given country, will the level of violence of the events affect tourist arrivals? 

III. Data 

Data Information 

 Data on tourist arrivals were obtained from the Eurostat website: ec.europa.eu which 

statistically analyzes data from European countries with the purpose of comparison between 

countries in order to enable European policymakers to implement relevant changes within their 

country, while also giving citizens an idea of where their own country stands in relation to others 

regarding social well-being and efficiency of politicians.  While the Eurostat does not itself 

collect data, they ensure that each country is collecting data in the same methodology so that 

once the data is obtained by the Eurostat, they can easily analyze and compare the data.  Thus, 

for this data set on tourist arrivals, every country in Europe collected raw data on tourist arrivals 

and then sent it into the Eurostat to be analyzed.  This agglomerated version comprises the tourist 

arrival data set. 

The tourist arrival data set is comprised of the raw number of tourists in twenty-three 

countries in Europe in each month starting from January 2007 and ending in December of 2016. 

For arrivals of international residents, who will be counted as tourists, the metadata outlined by 

the Eurostat instructs countries to count each arrival or check-in to a tourist accommodation 

establishment.  This process counts tourists that stay in an accommodation (i.e. “hotel, holiday 

and other short-stay accommodation, camping grounds, recreational vehicle parks and trailer 

parks”) for at least one night, thus excluding non-residents that do not check-in or are taking a 

day trip and return home the same day.  The data for tourist arrivals is expressed in absolute 

value (i.e. number of tourists) instead of percent change and was collected by census surveys.  
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Undercoverage should not be of concern when collecting data because establishments in each 

country are required to give data on nights that tourists spent in these establishments (Eurostat).  

Summary statistics for the countries included in this study are found in Table 1. 

Data on terrorist attacks were obtained from the Global Terrorism Database (GTD) which 

has records of every terrorist event in every country from 1970 to 2016, from which this study 

will pull data from January 2007 to December 2016.  The GTD is a database produced by the 

University of Maryland and funded by the Department of Homeland Security for the purpose of 

identifying and recording terrorist events so the potential risk of future terrorist events can be 

statistically analyzed.  Each terror event includes over 45 different variables, such as date, 

location, terrorist group of perpetrator, type of attack (i.e. bomb, firearm), the target, number of 

injuries and deaths, etc.  For the purpose of this study, the variables of interest from this data set 

will be the number of events in each country each month, the number of killed individuals per 

event, and the number of wounded individuals per event. 

The GTD defines these events as terrorism by requiring that the event be “aimed at 

attaining a political, economic, religious, or social goal,” include evidence to “coerce, intimidate, 

or convey some other message to a larger audience other than the immediate victims,” and that 

the attack is “outside the precepts of International Humanitarian Law” (GTD).  For the purpose 

of this study, only “successful” attacks as labeled by the GTD will be used.  These attacks may 

or may not have any fatalities or injuries, but by the GTD definition, they have considered it 

successful.   

Data on the control variables were obtained by the OECD statistics website, 

www.stats.oecd.org, which contains data and metadata for economic indicators of all countries in 

the OECD.  The variables taken from this website include CPI, Production, Construction, 
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Exchange Rates per USD, and Unemployment Rates.  All data are in monthly format for each 

country.  Because inflation was not available in monthly format, CPI is transformed into inflation 

by calculations.  Similarly, GDP growth is not available in monthly format, so production level 

will be its proxy.  Construction and Production were each given in indexed format, with 

2010=100, so these variables were also transformed by calculations to indicate a percent change 

from month to month.  Summary statistics for these variables are found in Table 2. 

Preliminary Data Analysis 

Before beginning any regression analysis, it may be useful to look for trends in the data 

to preliminarily examine any relationship between tourism and terrorism.  Figure 1 illustrates the 

main dependent variable: tourist arrivals.  This graph shows a selection of five random countries 

in the dataset, Greece, the United Kingdom, Italy, Spain, and Germany and the number of 

tourists who arrived in each month from January 2007 to May 2017.  What is noticeable here is 

the pattern of tourism with respect to seasonality; each country contains the same dip in the 

winter months and peak in the summer months.  This phenomenon illustrates the need for 

controls for seasonality, i.e. time fixed effects, in the final regressions.  

Figures 2, 3, and 4 illustrate the main independent variables for terrorism: the number of 

terrorist events, the number of people killed per event, and the number of people wounded per 

event.  These graphs illustrate the same five countries as Figure 1, but in these graphics there is 

much less of a pattern.  However, there are noticeable spikes of violence from these three graphs.  

In Figure 2, the number of terrorist attacks seems to spike for all five countries for the first three 

quarters of 2009, while an even wider band of violence is seen in the UK and Greece from the 

beginning of 2008 to the middle of 2010.  While terrorist attacks seem to slow down in late 2010 
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to 2011, the United Kingdom sees another long-lasting spike beginning in early 2013 until it 

reaches its highest point for almost all countries in late 2015. 

However, this is contrasted with Figure 3 which illustrates the number of people killed 

per attack.  Comparing Figure 2 to Figure 3, it is visible that, while there seem to be many 

terrorist attacks, the number of people killed in each attack is minimal.  Almost none of the 

countries, except for Greece, seem to have any more than two fatalities per incident, if any at all.  

A similar phenomenon occurs in Figure 4 which illustrates the number of wounded per attack.  

Besides a few violent attacks in Spain and the UK, Greece is the only country with any 

significant amount of wounded individuals.  This poses the motivation to look at two separate 

questions regarding our data: will the frequency of attacks have an effect on tourism, and, given 

that there are attacks, will the level of violence per attack be influential on tourism.  

For the purpose of preliminary analysis of terrorist events’ effect on tourism, Spain will 

initially be isolated because of its tumultuous past with a highly publicized domestic reign of 

terror by the ETA from approximately 1960 to 2010 (Brittannica).  A truce between Spain and 

the ETA was forged in 2010 and was publicized to the media, which will be especially important 

in that, because the news was widespread, tourists potentially may have felt safer to travel 

following that specific point in time.  Figure 5 illustrates Spain’s terrorist activity in terms of the 

number of terrorist attacks in each month, the number of individuals killed in each month, and 

the number of individuals wounded in each month from 2007 to 2016.  Violence of all three 

types spiked from 2007 to 2009 and ended abruptly in 2010 when the truce was called, and, since 

then, has remained at relatively low levels.  This is contrasted by Figures 6 and 7 which show the 

number of tourist arrivals.  Because of the seasonality of tourism as mentioned previously, these 

two figures isolate only the highs and lows of tourism in the summer and winter months, 
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respectively.  In both of these figures, tourism sees a dip from 2008 to 2010, which would make 

sense given the hypothesis that, when terrorism increases, tourist arrivals will decrease.  An 

important note in this instance is to notice the time-lagged component of the relationship that 

Enders and Sandler (1992) proved, which is illustrated by an increase in terrorism from 2007 to 

2009 coordinated with the decrease in tourism from 2008 to 2010.  This phenomenon gives 

motivation for implementing lags and leads on the variables of interest in the final regressions so 

as to not look at terrorism’s effect on tourism in the same time period.   

IV. Methodology 

In order to investigate the relationship	further between terrorism and tourism, a time-

lagged least squares regression will be necessary, as it has already been proven that there exists a 

lagged relationship between terrorism and tourism (Enders and Sandler 1992).  This may be due 

to the fact that tourists who have booked tickets far in advance for a site that has very recently 

seen terrorism and may incur a fee for cancelling may take the risk and travel to that area if the 

cost of cancelling is greater than their perceived risk of the trip.  Examining tourist arrivals 

without lags on terrorism variables may lead to confounding results.  Thus, this study will 

implement lags on terrorism as well as leads on tourism when applicable up to fifteen months in 

advance.  For example, if a terrorist event happened in January 2015, the regression will analyze 

this effect on tourist arrivals in every subsequent month up to April 2016.  This allows for a 

robustness check on the results, as well as the potential to identify a point at which tourists stop 

taking into account a previous months’ terrorist activity or any other pattern that arises over the 

fifteen months.  The baseline specification will look as follows: 
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log 𝑇𝑜𝑢𝑟𝑖𝑠𝑡	𝐴𝑟𝑟𝑖𝑣𝑎𝑙𝑠0,2

= 𝛽5 + 𝛽7𝑁𝑢𝑚𝑏𝑒𝑟	𝑜𝑓	𝐸𝑣𝑒𝑛𝑡𝑠0,2?7 + 𝛽@𝑁𝑢𝑚𝑏𝑒𝑟	𝑜𝑓	𝐸𝑣𝑒𝑛𝑡𝑠0,2?@ + ⋯

+ 𝛽7B𝑁𝑢𝑚𝑏𝑒𝑟	𝑜𝑓	𝐸𝑣𝑒𝑛𝑡𝑠0,2?7B + 𝛽7C𝐸𝑥𝑐ℎ𝑎𝑛𝑔𝑒	𝑅𝑎𝑡𝑒𝑠0,2

+ 𝛽7I𝑈𝑛𝑒𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡0,2 + 𝛽7M𝐼𝑛𝑓𝑙𝑎𝑡𝑖𝑜𝑛0,2 + 𝛽7O𝑃𝑟𝑜𝑑𝑢𝑐𝑡𝑖𝑜𝑛0,2

+ 𝛽@5𝐶𝑜𝑛𝑠𝑡𝑟𝑢𝑐𝑡𝑖𝑜𝑛0,2 + 𝛼0 + 𝛿2 + 𝜇0,2 

where i and t represent each country in the data set and each month in the data set, respectively.  

The main dependent variable, log 𝑇𝑜𝑢𝑟𝑖𝑠𝑡	𝐴𝑟𝑟𝑖𝑣𝑎𝑙𝑠0,2 represents the logged amount of 

international tourists arriving in a country i at time t.  The main independent variables include the 

number of terrorist attacks in country i starting at time t-1 and up to and including time t-15, 

represented by 𝛽7𝑁𝑢𝑚𝑏𝑒𝑟	𝑜𝑓	𝐸𝑣𝑒𝑛𝑡𝑠0,2?7.  This regression also includes the control variables, 

where 𝛽7C𝐸𝑥𝑐ℎ𝑎𝑛𝑔𝑒	𝑅𝑎𝑡𝑒𝑠0,2 represents the exchange rate of the US dollar to the Euro in 

country i at time t, 𝛽7I𝑈𝑛𝑒𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡0,2 represents the unemployment rate of country i at time 

t, 𝛽7M𝐼𝑛𝑓𝑙𝑎𝑡𝑖𝑜𝑛0,2 represents the inflation rate in country i at time t, 𝛽7O𝑃𝑟𝑜𝑑𝑢𝑐𝑡𝑖𝑜𝑛0,2 represents 

the level of production in country i at time t, and 𝛽@5𝐶𝑜𝑛𝑠𝑡𝑟𝑢𝑐𝑡𝑖𝑜𝑛0,2 represents the level of 

construction in country i at time t.  Finally, time fixed effects, 𝛿2, and country fixed effects, 𝛼0, 

are also necessary to include to capture seasonality effects and inherent differences in the levels 

of tourist arrivals, respectively. 

Important to note is that the main dependent variable, tourist arrivals, must be logged for 

the purposes of this study.  It is crucial that tourist arrivals are normalized across all countries 

regardless of the amount of tourism in each country.  This is also necessary because it cannot be 

assumed that there is a linear relationship between terrorist events and tourist arrivals. 
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 The controls in the regression are also necessary, as they may better capture the reason 

why tourist arrivals are changing.  The first control is exchange rates between the US dollar and 

the Euro.  Exchange rates may influence a tourist’s decision to travel to Europe, independent of 

the influence of terrorist attacks, as a higher exchange rate leads to a relatively lower travel 

expense and, thus, a possibly more appealing trip to a US traveler in Europe.  The next control 

this study adds is unemployment, as a country’s unemployment rate and its implications may 

factor in to a tourist’s decision to travel more than terrorism.  A control that proxies for GDP 

growth, since GDP growth is not measured monthly, will be a production index that will be 

calculated as a percent change in production level from one month to the next.  Another control 

will be added for inflation, which will be calculated using CPI, as inflation is not available in 

monthly format.  The final control will be an index for construction which, similar to production, 

will be transformed into a percent change from one month to the next.  Construction will enter 

the regression as a proxy for the level of development.  

 In order to answer the second question of whether or not the violence of a given event has 

an additional effect on tourist arrivals, further specifications will examine leads on the dependent 

variable, tourist arrivals, instead of lags on the independent variables.  These regressions will 

look as follows: 

log 𝑇𝑜𝑢𝑟𝑖𝑠𝑡	𝐴𝑟𝑟𝑖𝑣𝑎𝑙𝑠0,2V7

= 𝛽5 + 𝛽7𝑁𝑢𝑚𝑏𝑒𝑟	𝐾𝑖𝑙𝑙𝑒𝑑0,2 + 𝛽@𝐸𝑥𝑐ℎ𝑎𝑛𝑔𝑒	𝑅𝑎𝑡𝑒𝑠0,2

+ 𝛽X𝑈𝑛𝑒𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡0,2 + 𝛽Y𝐼𝑛𝑓𝑙𝑎𝑡𝑖𝑜𝑛0,2 + 𝛽B𝑃𝑟𝑜𝑑𝑢𝑐𝑡𝑖𝑜𝑛0,2

+ 𝛽C𝐶𝑜𝑛𝑠𝑡𝑟𝑢𝑐𝑡𝑖𝑜𝑛0,2 + 𝛼0 + 𝛿2 + 𝜇0,2 

where the controls are the same as the previous regression, but the key independent variable will 

now be the number of individuals killed (or wounded) in country i at time t, and the key 
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dependent variable, the logarithm of tourist arrivals in country i, will be measured in months t+1, 

t+2, …, t+15.  This regression will help answer questions concerning how the violence of an 

attack, given that there are attacks in certain months, will affect tourist arrivals.  Is it the fact that 

there are terrorist attacks that affect tourist arrivals, or is it, either additionally or instead, that 

these events must be particular violent in order to generate a substantial effect on tourism?  To 

gauge further the violence of an attack, a new variable is generated by summing the number of 

individuals wounded and the number of individuals killed per month and dividing this by the 

number of terrorist events per month in each country.  This fraction will be large if there are just 

a few terrorist attacks that garner many deaths and injuries, and relatively smaller if there are 

many events in each month but far fewer, if any, deaths or injuries.  One hypothesis is that if the 

violence variable is quite large, tourists may reconsider their trip rather than if the fraction is 

small and not many people are being harmed, since the media may focus on events that generate 

large sums of violence.  The violence variable will also be implemented into the regression in the 

same way as Killed and Wounded.  

V. Results 

The results of regressing the number of events per month in each country are included in 

Table 3.  Without any controls added, there is a statistically significant negative effect of terrorist 

events that happen ten, eleven, and twelve months before measuring tourist arrivals.  For a 

marginal increase in terrorist events in these significant months, tourist arrivals decrease 

anywhere between 0.013% to 0.016%.  At month fifteen prior to calculating tourist arrivals, there 

is, however, a positively significant effect, with a marginal increase in terrorist events generating 

an increase of 0.015% in tourist arrivals.  However, when controls are added one by one in each 

regression, there becomes a positive significance for terrorist events for all regressions (2), (3), 



	 																																																																																																																																																			19 

(4), and (5) in months three, four, and five prior to measuring tourist arrivals.  All of the 

significant months increase tourist arrivals by between approximately 0.0084% to 0.012%.  

When all controls are added in the final regression in Table 3, the only significant coefficient is 

that on Construction.  This result can be interpreted as a marginal increase in a country’s 

construction growth leads to tourist arrivals decreasing by 0.134%.   

Similar regressions were run using the number of individuals killed per month, the 

number of individuals wounded per month, and a constructed variable for violence per month in 

place of the number of events per month on tourist arrivals.  Significance in these regressions 

would be interpreted as, given that there were terrorist events in a certain month, the sheer 

violence of the given attacks affects the number of tourist arrivals at a later date.  Table 4 

illustrates the results of the regression measuring the number of individuals killed on tourist 

arrivals.  Although a similar pattern as that seen in Table 3 arises here, i.e. negative coefficients 

in months nine, ten, and eleven, there lacks significance.  Thus, there is no statistical proof that, 

given that there were terrorist events in a certain month, an increase in the number of killed 

individuals significantly affects tourist arrivals measured at a later date.  Adding in controls, 

illustrated in Table 5, does nothing to improve significance in any of the coefficients on the 

number of killed individuals, but does create significance on the Construction variable.  

Construction significantly and negatively affects tourist arrivals by approximately 0.55% to 

0.65% in months one, two, twelve, thirteen, and fourteen prior to measuring tourist arrivals.  

Almost identical results are shown in Tables 6 and 7 which regress the number of wounded 

individuals on tourist arrivals with and without controls, and Tables 8 and 9 which regress the 

violence variable, i.e. the sum of fatalities and wounded per event divided by the number of 

events, on tourist arrivals with and without controls. 
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The data for the above analysis on violence of an attack naturally has far fewer 

observations than the analysis on the number of events, as only data points that include a 

successful terrorist attack can be analyzed.  Thus, this may be a reason for non-significance in 

this study’s findings.  Further research may want to examine a set of countries with more 

successful terrorist attacks in order to increase the number of observations.   

An explanation for the fact that construction gains all significance when implemented as 

a control in the regression may be that construction and tourism are perfectly aligned.  In other 

words, the cycle for construction has its peaks when tourism has its lows and construction dies 

down when tourism is particularly high.  This would make sense, given that countries generally 

want to build more infrastructure and development before the tourist season arrives, and would, 

thus, explain the inverse relationship seen in this analysis.  However, it is worth noting that 

observations with data on construction are far fewer than the other controls, which may be the 

reason for the results.  To check which of these hypotheses holds true, further studies should run 

all regressions only on countries with available construction data to see if the same results hold. 

Further behavioral economic research may be needed to explain positive significance 

seen in months three, four, and five after a terrorist event.  Perhaps tourists may perceive a 

country that has recently seen terrorism as more safe if they assume that security will be amped 

up following an attack.  Additionally, with expanding media coverage, the name of the country 

that recently had an attack is likely to be prominent in news outlets, magazines, and social media.  

This phenomenon may subconsciously create a bias in a tourist’s travel plans as they hear the 

name of the country repeatedly. 

VI. Conclusion 
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 This study investigates the relationship between terrorism and tourism.  Specifically, it 

examines the effect of the occurrence of terrorist attacks and the level of violence per attack on 

tourists’ decisions to travel.  There is a statistically significant decrease of approximately 0.015% 

in tourist arrivals ten, eleven, and twelve months after a terrorist attack in European countries.  

However, attacks with more fatalities or injuries do not have a significant effect on tourist 

arrivals.  Instead of taking into account the level of violence of a terrorist attack, tourists only 

seem to respond to the past history of any terrorist attacks.   

 Due to the consistent patterns of the coefficients seen throughout the analyses, it may be 

useful for future research to examine possible patterns in terrorism.  Consistent positive 

coefficients in months three, four, and five after a terrorist attack may be indicative of many 

terrorist attacks occurring in March, as June, July, and August would correspond to those months 

and, thus, inherently have more tourist arrivals.  Positive coefficients seen in month fifteen after 

a terrorist attack bolster this assumption as well, as this would correspond to the following June. 

 Further research may also allow for a dataset that includes more observations to examine 

whether any non-significance found in this study holds true.  As mentioned previously, omitting 

all observations without construction data and running each regression with the same 

observations may change the results and generate similar negative significance in months ten, 

eleven, and twelve.  Additionally, choosing a set of countries that observe far more terrorist 

attacks may enlighten the true effects of terrorism on a tourist’s decision to travel.  A 

shortcoming of this study lies in the relatively few attacks that resulted in a high number of 

deaths or wounded and a large number of “successful” attacks (according to the definitions by 

the GTD) that resulted in zero deaths or wounded individuals.  Tweaking the definitions of 
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terrorist attacks to only include those with at least one death or wounded individual may allow 

further research to provide stronger results and interpretations of the violence of the attacks. 
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Tables 

Table 1: Summary Statistics of Tourism per Country 

 

Table 2: Summary Statistics of Control Variables 

Variable Obs. Mean Std Dev. Min  Max 
Exchange Rate per 
USD 2394 0.001535 0.0051903 0.0194477 0.0331366 
Unemployment Rate 2494 0.0009254 0.024453 0.1316893 0.2345427 
Inflation 1441 0.0255055 0.2076072 0.7026841 0.8878326 
Production 1728 20.07315 50.86557 0.48292 238.06 
Construction 2387 8.918307 5.08025 2.3 28 

 

Variable Obs. Mean Std. Dev. Min Max 
Austria tourism 132 1776385 567598.9 667560 3339005 
Croatia tourism 132 926876.9 963799.5 43570 4084909 
Cyprus tourism 132 162623 97644.26 28883 351249 
Czech Republic tourism 131 637081.1 186141.8 316049 1118449 
Denmark tourism 132 190917.2 110918.8 55560 507022 
Estonia tourism 131 147800.3 59751.8 57174 315255 
Finland tourism 132 219583.5 75331.5 114704 416935 
France tourism 104 3995675 19901914 1670974 7917651 
Germany tourism 132 2504233 738412.4 1227325 4552764 
Greece tourism 132 1048122 974961.8 103792 3453767 
Hungary tourism 132 350635.5 132559.1 133034 714963 
Iceland tourism 132 185426.6 205379.3 14838 878633 
Italy tourism 132 4084970 2055135 427259 9120304 
Latvia tourism 132 99158.77 47962.32 35825 252073 
Malta tourism 132 105129.1 36704.83 36763 174055 
Netherlands tourism 132 1065001 336586.5 533700 1945320 
Norway tourism 72 429104 361626.4 132350 1419662 
Poland tourism 131 420775.3 151641.2 177863 818362 
Portugal tourism 132 729175.9 365446.1 237383 1790257 
Romania tourism 132 150627 60097.79 65279 337836 
Spain tourism 132 4170096 1743765 1745971 8165103 
Sweden tourism 132 452345.2 322376.9 183208 1472590 
United Kingdom 
tourism 128 1923022 658058.9 943398 3712687 
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Table 3: Effect of Events on Tourism       

 (1) (2) (3) (4) (5) (6) (7) 
  Tourism Tourism Tourism Tourism Tourism Tourism Tourism 

# Events: 1 lag -0.00941 -0.0102 -0.0111** -0.0100** -0.0105* -0.00391 -0.00522 
 (-1.95) (-1.95) (-2.96) (-2.66) (-2.47) (-0.91) (-0.83) 

# Events: 2 lags 0.00109 0.00174 -0.000258 0.000319 0.000399 0.000202 0.00274 
 (0.23) (0.33) (-0.07) (0.08) (0.09) (0.05) (0.44) 

# Events: 3 lags 0.00837 0.0133* 0.00835* 0.00925* 0.00846* -0.000882 0.00361 
 (1.73) (2.51) (2.21) (2.44) (1.97) (-0.20) (0.57) 

# Events: 4 lags 0.00950 0.0147** 0.0107** 0.0116** 0.0109* 0.00313 0.00539 
 (1.96) (2.74) (2.84) (3.07) (2.54) (0.72) (0.86) 

# Events: 5 lags 0.00659 0.0103 0.00790* 0.00898* 0.00793 -0.00375 -0.00431 
 (1.35) (1.93) (2.08) (2.36) (1.84) (-0.86) (-0.71) 

# Events: 6 lags 0.00889 0.0124* 0.00988** 0.0102** 0.00956* -0.00135 -0.00711 
 (1.82) (2.28) (2.60) (2.67) (2.21) (-0.31) (-1.12) 

# Events: 7 lags 0.00613 0.00698 0.00606 0.00632 0.00628 0.00266 -0.00533 
 (1.25) (1.27) (1.58) (1.65) (1.44) (0.60) (-0.84) 

# Events: 8 lags -0.000830 -0.00582 -0.00128 -0.00107 -0.000997 0.00465 -0.00138 
 (-0.17) (-1.04) (-0.33) (-0.28) (-0.23) (1.03) (-0.20) 

# Events: 9 lags -0.00856 -0.0152** -0.00940* -0.00887* -0.00876* 0.00374 -0.00154 
 (-1.73) (-2.73) (-2.44) (-2.30) (-2.00) (0.85) (-0.25) 

# Events: 10 lags -0.0133** -0.0198*** -0.0148*** -0.0145*** -0.0137** -0.00360 -0.00964 
 (-2.70) (-3.58) (-3.84) (-3.76) (-3.14) (-0.81) (-1.53) 

# Events: 11 lags -0.0155** -0.0177** -0.0171*** -0.0161*** -0.0163*** -0.00851 -0.0103 
 (-3.13) (-3.20) (-4.42) (-4.16) (-3.72) (-1.90) (-1.63) 

# Events: 12 lags -0.0128** -0.00979 -0.0141*** -0.0138*** -0.0138** -0.00347 -0.00217 
 (-2.59) (-1.74) (-3.66) (-3.58) (-3.14) (-0.78) (-0.35) 

# Events: 13 lags -0.00389 -0.00207 -0.00422 -0.00397 -0.00457 -0.00135 0.00685 
 (-0.79) (-0.34) (-1.10) (-1.03) (-1.05) (-0.30) (0.84) 

# Events: 14 lags 0.00720 0.0141* 0.00774* 0.00795* 0.00735 0.000336 0.0155 
 (1.45) (2.33) (2.00) (2.05) (1.67) (0.07) (1.94) 

# Events: 15 lags 0.0148** 0.0240*** 0.0164*** 0.0172*** 0.0163*** -0.000773 0.00547 
 (2.98) (4.00) (4.23) (4.44) (3.70) (-0.17) (0.66) 

Exchange Rate   -0.000565     0.000270 
   (-0.37)     (0.22) 
Unemployment 
Rate    -0.0116***    -0.00770 
    (-3.93)    (-1.34) 

Inflation     4.558**   1.012 
     (2.95)   (0.46) 

Production      -0.339  -0.438 
      (-1.04)  (-1.12) 

Construction       -0.133*** -0.134** 
       (-3.74) (-2.92) 

Constant 12.81*** 13.13*** 13.23*** 13.13*** 13.01*** 13.41*** 13.46*** 
 (162.05) (160.09) (182.94) (186.37) (167.17) (204.40) (165.56) 
Observations 2374 1179 1844 1844 1950 1147 741 
R-squared 0.662 0.696 0.716 0.715 0.688 0.756 0.750 
t statistics in parentheses             
="* p<0.05  ** p<0.01  *** p<0.001"     
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      Table 4:  Effect of Killed on Tourism       

 (1) (2) (3) (4) (5) (6) (7) (8) 

  
lead1touris
m lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 

# Killed 0.00171 0.000992 0.000449 0.00172 0.000587 -0.00213 -0.00253 -0.00212 
 (0.67) (0.39) (0.18) (0.69) (0.23) (-0.82) (-0.97) (-0.83) 
Constant 12.59*** 13.14*** 13.84*** 14.64*** 14.78*** 14.89*** 14.94*** 14.78*** 

 (30.60) (32.41) (34.49) (36.39) (36.05) (35.71) (35.74) (35.87) 
Observations 493 492 490 490 491 490 489 490 
R-squared 0.723 0.723 0.719 0.713 0.716 0.729 0.738 0.740 

         

      Table 4 cont.          

 (9) (10) (11) (12) (13) (14) (15)  

 lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  

# Killed -0.00188 -0.00242 -0.00169 0.00176 0.00238 0.00130 0.000651  

 (-0.73) (-0.93) (-0.65) (0.69) (0.94) (0.52) (0.26)  

Constant 14.08*** 12.86*** 12.55*** 12.51*** 12.63*** 13.17*** 13.70***  

 (33.89) (30.69) (29.81) (29.42) (30.05) (31.99) (33.49)  

Observations 488 487 488 490 485 477 469  

R-squared 0.733 0.732 0.722 0.718 0.723 0.724 0.721  

t statistics in parentheses        
="* p<0.05  ** p<0.01  *** p<0.001"      
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Table 5: Effect of Killed on Tourism with Controls 

  (1) (2) (3) (4) (5) (6) (7) (8) 

  lead1tourism lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 

# Killed -0.00918 -0.0324 -0.0321 -0.0209 0.00881 0.0380 0.0183 -0.0108 
 (-0.34) (-1.28) (-1.20) (-0.68) (0.28) (1.41) (0.66) (-0.40) 
Exchange Rate -0.0000695 0.00640 0.00421 -0.00374 -0.00707 -0.00218 -0.00212 0.0000133 
 (-0.01) (1.30) (0.81) (-0.63) (-1.15) (-0.41) (-0.39) (0.00) 
Unemployment 
Rate -0.00983 0.0144 0.00923 -0.00803 -0.0229 -0.0137 0.00629 0.0150 
 (-0.79) (1.22) (0.71) (-0.53) (-1.47) (-1.03) (0.46) (1.14) 
Inflation -0.123 -7.432 -9.174 -4.950 1.284 -1.744 12.45 7.157 
 (-0.01) (-0.78) (-0.89) (-0.43) (0.11) (-0.17) (1.21) (0.72) 
Production -0.0546 0.455 -0.257 -0.626 -0.542 0.0897 -0.324 -0.656 
 (-0.06) (0.54) (-0.29) (-0.61) (-0.51) (0.09) (-0.32) (-0.68) 
Construction -0.573** -0.598** -0.277 -0.118 0.0854 0.145 0.291 0.284 
 (-2.90) (-3.05) (-1.32) (-0.49) (0.34) (0.69) (1.32) (1.34) 
Constant 14.40*** 14.51*** 14.68*** 14.88*** 15.06*** 15.05*** 14.76*** 14.51*** 
 (66.62) (72.49) (69.15) (60.87) (59.77) (70.13) (67.08) (68.33) 
Observations 105 104 102 102 103 101 100 101 
R-squared 0.919 0.934 0.922 0.887 0.883 0.932 0.936 0.935 

         
Table 5 cont.  

  (9) (10) (11) (12) (13) (14) (15)  

  lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  

# Killed -0.0284 -0.00965 0.0311 0.0341 -0.00425 -0.0299 -0.0371  
 (-1.10) (-0.34) (1.20) (1.25) (-0.16) (-1.05) (-1.30)  

Exchange Rate 0.00150 0.00474 -0.00248 -0.00586 0.00163 0.00669 0.00648  
 (0.29) (0.85) (-0.48) (-1.08) (0.31) (1.21) (1.17)  
Unemployment 
Rate 0.0156 -0.0104 -0.0163 -0.00937 0.00174 0.0169 0.0174  
 (1.26) (-0.79) (-1.38) (-0.75) (0.14) (1.28) (1.25)  

Inflation 5.307 0.579 -2.276 2.869 -5.060 -11.23 -16.79  
 (0.54) (0.05) (-0.23) (0.28) (-0.50) (-1.05) (-1.54)  

Production 1.235 0.493 0.967 0.693 0.494 0.724 -0.0975  
 (1.32) (0.48) (1.04) (0.71) (0.56) (0.77) (-0.10)  

Construction 0.344 0.195 -0.358 -0.550** -0.586** -0.654** -0.352  
 (1.83) (0.96) (-1.91) (-2.80) (-2.99) (-2.97) (-1.59)  

Constant 14.09*** 14.04*** 14.13*** 14.24*** 14.41*** 14.49*** 14.73***  
 (69.04) (63.02) (69.31) (66.46) (67.36) (64.49) (65.34)  

Observations 100 100 102 104 106 105 103  

R-squared 0.928 0.923 0.934 0.925 0.922 0.917 0.910  

t statistics in parentheses        
="* p<0.05  ** p<0.01  *** p<0.001"      
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Table 6: Effect of Wounded on Tourism 
 (1) (2) (3) (4) (5) (6) (7) (8) 

  lead1tourism lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 

# Wounded -0.000348 -0.000465 -0.000524 0.0000748 0.000233 0.0000895 0.0000486 -0.0000396 
 (-0.45) (-0.61) (-0.70) (0.10) (0.30) (0.11) (0.06) (-0.05) 
Constant 12.59*** 13.14*** 13.85*** 14.64*** 14.78*** 14.89*** 14.94*** 14.78*** 
 (30.59) (32.42) (34.51) (36.36) (36.05) (35.68) (35.69) (35.83) 
Observations 493 492 490 490 491 490 489 490 
R-squared 0.723 0.724 0.719 0.712 0.716 0.728 0.737 0.740 

                  

Table 6 cont.  

 (9) (10) (11) (12) (13) (14) (15)  

  lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  

# Wounded -0.000159 -0.000652 -0.000699 -0.000336 -0.000234 -0.000446 -0.000471  

 (-0.20) (-0.83) (-0.89) (-0.42) (-0.30) (-0.57) (-0.60)  

Constant 14.08*** 12.86*** 12.55*** 12.52*** 12.63*** 13.17*** 13.70***  

 (33.86) (30.69) (29.83) (29.41) (30.02) (32.00) (33.51)  

Observations 488 487 488 490 485 477 469  

R-squared 0.733 0.732 0.723 0.718 0.723 0.724 0.721  

t statistics in parentheses              
="* p<0.05  ** p<0.01  *** p<0.001"       
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Table 7: Effect of Wounded on Tourism with Controls 
 (1) (2) (3) (4) (5) (6) (7) (8) 

  lead1tourism lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 

# Wounded -0.000352 -0.00470 -0.00599 -0.00576 -0.00527 0.000622 0.00434 0.00193 
 (-0.07) (-1.08) (-1.25) (-1.04) (-0.93) (0.12) (0.85) (0.39) 
Exchange Rate -0.000344 0.00576 0.00372 -0.00393 -0.00630 -0.00109 -0.00192 -0.000468 
 (-0.07) (1.18) (0.72) (-0.68) (-1.05) (-0.20) (-0.36) (-0.09) 
Unemployment 
Rate -0.00980 0.0145 0.00878 -0.00807 -0.0229 -0.0144 0.00597 0.0152 
 (-0.78) (1.22) (0.67) (-0.54) (-1.49) (-1.04) (0.44) (1.15) 
Inflation 0.00336 -8.404 -10.83 -6.469 -1.235 -2.931 13.61 8.393 
 (0.00) (-0.86) (-1.04) (-0.57) (-0.11) (-0.28) (1.31) (0.83) 
Production -0.0867 0.504 -0.156 -0.466 -0.227 0.312 -0.430 -0.830 
 (-0.09) (0.59) (-0.17) (-0.45) (-0.21) (0.30) (-0.42) (-0.84) 
Construction -0.566** -0.567** -0.254 -0.105 0.0651 0.116 0.273 0.291 
 (-2.87) (-2.89) (-1.22) (-0.44) (0.27) (0.53) (1.25) (1.37) 
Constant 14.40*** 14.49*** 14.67*** 14.87*** 15.06*** 15.05*** 14.77*** 14.51*** 
 (66.41) (71.82) (69.22) (61.53) (60.64) (67.65) (67.47) (68.28) 
Observations 105 104 102 102 103 101 100 101 
R-squared 0.918 0.933 0.922 0.889 0.887 0.927 0.937 0.935 

         
Table 7 cont.  

 (9) (10) (11) (12) (13) (14) (15)  

  lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  

# Wounded 0.00154 0.00355 0.00400 0.00333 -0.000445 -0.00442 -0.00746  
 (0.32) (0.72) (0.87) (0.68) (-0.09) (-0.91) (-1.47)  

Exchange Rate 0.000518 0.00416 -0.00189 -0.00511 0.00153 0.00612 0.00596  
 (0.10) (0.75) (-0.37) (-0.94) (0.29) (1.12) (1.10)  
Unemployment 
Rate 0.0159 -0.0110 -0.0170 -0.00996 0.00181 0.0170 0.0168  
 (1.26) (-0.84) (-1.42) (-0.78) (0.15) (1.28) (1.22)  

Inflation 7.055 2.553 -1.405 3.336 -5.131 -12.16 -18.95  
 (0.68) (0.24) (-0.14) (0.31) (-0.50) (-1.12) (-1.72)  

Production 0.964 0.220 0.944 0.723 0.494 0.773 0.0444  
 (0.99) (0.21) (0.98) (0.71) (0.54) (0.80) (0.05)  

Construction 0.365 0.200 -0.384 -0.577** -0.583** -0.626** -0.326  
 (1.91) (0.99) (-2.04) (-2.90) (-2.99) (-2.85) (-1.49)  

Constant 14.09*** 14.04*** 14.14*** 14.25*** 14.41*** 14.48*** 14.71***  
 (67.56) (63.43) (68.50) (65.24) (67.24) (64.08) (65.77)  

Observations 100 100 102 104 106 105 103  

R-squared 0.925 0.924 0.932 0.922 0.922 0.916 0.912  

t statistics in parentheses        
="* p<0.05  ** p<0.01  *** p<0.001"      
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Table 8: Effect of Violence on Tourism 
 (1) (2) (3) (4) (5) (6) (7) (8) 

  lead1tourism lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 
Violence of 
Attack 0.00212 0.000866 0.0000852 0.00212 0.00221 -0.00219 -0.00215 -0.00245 

 (0.64) (0.26) (0.03) (0.65) (0.67) (-0.65) (-0.64) (-0.73) 
Constant 12.59*** 13.14*** 13.84*** 14.64*** 14.78*** 14.89*** 14.94*** 14.78*** 

 (30.60) (32.41) (34.48) (36.38) (36.07) (35.70) (35.72) (35.86) 
Observations 493 492 490 490 491 490 489 490 
R-squared 0.723 0.723 0.719 0.713 0.717 0.729 0.738 0.740 

         

Table 8 cont.  

 (9) (10) (11) (12) (13) (14) (15)  

  lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  
Violence of 
Attack -0.00301 -0.00419 -0.00243 0.00290 0.00276 0.000889 0.000318  

 (-0.89) (-1.24) (-0.71) (0.90) (0.86) (0.28) (0.10)  

Constant 14.08*** 12.86*** 12.55*** 12.51*** 12.63*** 13.17*** 13.70***  

 (33.90) (30.72) (29.82) (29.43) (30.04) (31.98) (33.49)  

Observations 488 487 488 490 485 477 469  

R-squared 0.734 0.732 0.723 0.718 0.723 0.724 0.721  

t statistics in parentheses       
="* p<0.05  ** p<0.01  *** p<0.001"      
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Table 9: Effect of Violence on Tourism with Controls 
 (1) (2) (3) (4) (5) (6) (7) (8) 

  lead1tourism lead2tourism lead3tourism lead4tourism lead5tourism lead6tourism lead7tourism lead8tourism 
Violence of 
Attack -0.00325 -0.00967 -0.0105 -0.00867 -0.00289 0.00624 0.0127 0.00486 
 (-0.36) (-1.22) (-1.23) (-0.88) (-0.28) (0.71) (1.40) (0.54) 
Exchange Rate -0.000185 0.00583 0.00368 -0.00399 -0.00662 -0.00135 -0.00217 -0.000541 
 (-0.04) (1.20) (0.72) (-0.68) (-1.09) (-0.25) (-0.41) (-0.10) 
Unemployment 
Rate -0.00975 0.0140 0.00866 -0.00828 -0.0230 -0.0139 0.00642 0.0154 
 (-0.78) (1.19) (0.66) (-0.55) (-1.47) (-1.02) (0.48) (1.17) 
Inflation -0.367 -7.780 -9.608 -5.422 0.494 -2.279 13.81 8.354 
 (-0.04) (-0.81) (-0.94) (-0.48) (0.04) (-0.22) (1.38) (0.84) 
Production -0.0152 0.536 -0.157 -0.506 -0.406 0.170 -0.581 -0.873 
 (-0.02) (0.63) (-0.17) (-0.49) (-0.38) (0.17) (-0.58) (-0.88) 
Construction -0.566** -0.579** -0.265 -0.116 0.0680 0.126 0.275 0.292 
 (-2.88) (-2.97) (-1.27) (-0.49) (0.27) (0.58) (1.29) (1.38) 
Constant 14.40*** 14.51*** 14.69*** 14.89*** 15.07*** 15.04*** 14.75*** 14.51*** 
 (66.64) (72.33) (69.24) (61.19) (59.73) (68.18) (69.04) (68.49) 
Observations 105 104 102 102 103 101 100 101 
R-squared 0.919 0.934 0.922 0.888 0.883 0.929 0.940 0.935 

         
Table 9 cont.  

 (9) (10) (11) (12) (13) (14) (15)  
  lead9tourism lead10tourism lead11tourism lead12tourism lead13tourism lead14tourism lead15tourism  
Violence of 
Attack -0.00222 0.000860 0.00432 0.00571 -0.00364 -0.00913 -0.0136  

 (-0.25) (0.09) (0.49) (0.62) (-0.40) (-1.03) (-1.51)  

Exchange Rate 0.000768 0.00442 -0.00176 -0.00510 0.00170 0.00618 0.00595  

 (0.15) (0.79) (-0.34) (-0.93) (0.33) (1.13) (1.10)  
Unemployment 
Rate 0.0160 -0.0103 -0.0165 -0.00955 0.00185 0.0165 0.0166  

 (1.26) (-0.79) (-1.36) (-0.75) (0.15) (1.25) (1.21)  

Inflation 5.952 1.056 -2.568 2.730 -5.523 -11.58 -17.50  

 (0.59) (0.10) (-0.26) (0.26) (-0.54) (-1.08) (-1.62)  

Production 1.113 0.402 1.042 0.736 0.571 0.805 0.0563  

 (1.14) (0.38) (1.07) (0.72) (0.63) (0.84) (0.06)  

Construction 0.363 0.201 -0.383 -0.576** -0.583** -0.638** -0.340  

 (1.90) (0.99) (-2.01) (-2.89) (-3.00) (-2.91) (-1.56)  

Constant 14.09*** 14.04*** 14.13*** 14.24*** 14.41*** 14.50*** 14.74***  

 (67.53) (62.89) (67.91) (65.18) (67.51) (64.44) (65.99)  

Observations 100 100 102 104 106 105 103  

R-squared 0.925 0.922 0.931 0.922 0.923 0.917 0.912  

t statistics in parentheses        

="* p<0.05  ** p<0.01  *** p<0.001"   
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Figures 
 

Figure 1: 
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Figure 3:	

	

Figure 4: 
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Figure 5: 
 

 
Figure 6:  
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Figure 7: 
 

 
 


