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Abstract 
 This study investigates how the 4 generational cohorts in the US differ in their 
expectations regarding various job market and personal employment opinions. To conduct this 
inquiry, actual unemployment rate data from the Bureau of Labor Statistics is used to control for 
current and past unemployment climate experiences. Survey data from the Michigan Survey of 
Consumers provides expectations responses regarding unemployment, job security, retirement 
benefits, and personal income. Compared to the literature that paints Millennials in a negative 
light as those who jump from job to job and flee at the first indication of down times in the 
company or the market, the results show that Millennials are most optimistic about future 
unemployment and keeping their jobs. This optimism among Millennials can be interpreted as 
confidence in the ability to find a new job with ease. Millennials are also not confident in their 
probability of receiving an income increase, however Millennial males are more confident in this 
area compared to their female counterparts. The results also indicate mixed views towards 
retirement prospects for the youngest generations. Future research on the Millennial generation is 
important to understanding this group that will soon dominate the labor market.  
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Introduction 
The Millennial generation is soon to become the most influential population segment as 

they currently comprise of a third of the US labor force. This share is rising at a rapid rate, as 

most Baby Boomers and even some Generation-X members are aging into retirement. The main 

problem is that young professionals are concurrently very unsatisfied with their current job 

positions, which is evidenced in the high turnover of Millennial workers across many industries, 

and can be attributed to their intentions of staying with their current employer for a very short-

term period (Kingl & Hytner, 2014). Millennials value different benefits in comparison to other 

generations which can lead to conflict (Hillman, 2014) and frustration that drives them to look 

for a more satisfying job opportunity, hence this churn of young employees. Employers are 

looking to fix this issue within their firms because high employee retention rates have a positive 

impact on company profits, worker engagement, and reduce the costs associated with replacing 

and training new workers (Deering, 2016). 

To understand the attitudes and values that Millennials bring into the job market, their 

past experiences must be taken into account. Millennials grew up watching their parents lose 

jobs and savings, knowing more periods of recession than economic growth, and witnessing 

stock market crashes and financial crises. The risk-aversion of Millennials is comparable to, if 

not exceeding the risk aversion of those that lived through the Great Depression. This results in 

conservative investing behaviors and the hoarding of cash (UBS Wealth Management, 2014). It 

can be speculated that there are similar effects of these historical experiences on work-related 

behaviors or situations in the workplace that require risk-taking such as handling a job or even a 

career transition. People in general are more motivated by avoiding failure than they are 

achieving success (Kahneman, 2011), so it is understandable for young consumers to be 
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skeptical of the financial sector and flee a job at the notion of personal anxiety (Deering, 2016) 

or market uncertainty. However, there is more to understanding the behavior of Millennials than 

sympathizing with their past experiences of the economy. Evaluating how this generational 

group uses information from their own past experiences to form their future expectations, and 

then identifying how they allow their experiences to effect other economic behaviors and 

attitudes is key.  

A focus on macroeconomic measures of job market health and its impact on the 

expectations formation and behaviors of workers, will allow for an understanding behind the 

confidence level of individual workers regarding their security in the job market. If there are 

differences in expectations and confidence in the labor market that vary based on generation, 

then employers can utilize this information when looking to attract or retain workers of any age 

during any sort of employment climate. This paper intends to conduct a similar analysis as 

Malmendier and Nagel (2015), but instead with the expectations for future unemployment rates. 

This includes differences in the direction of future unemployment rates, and the use of historical 

unemployment rates to form expectations. Differences in measures of attitudes and optimism 

towards personal employment and financial situations will be considered as the behaviors that 

stem from differences in unemployment expectations. Instead of observing these differences at a 

general age cohort level, this study plans to group subjects by the specific range of birth years 

that are known to define each of the four generations in the US that are included in the data.  
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Previous Literature 
Members of different generations maintain different characteristics than just their birth 

year. Each generation experiences different historical, political and economic times that they are 

brought up in, different methods of education, and exposure to technology. These shared life 

experiences are what unify the members of one generational cohort and simultaneously 

differentiate one generation from another (Wey, Smola & Sutton, 2002). These experiential 

differences impact the skills, attitudes and the level of optimism or pessimism that an individual 

brings to the workplace. There are conflicting reports in the literature regarding Millennials and 

their outlook relative to older generational cohorts. Many studies show that Millennials are 

extremely different from their elders to the extent it may cause conflict in the workplace 

(Hillman, 2014). Other more recent inquiries indicate that Millennial views might be more 

aligned with more traditional views, for example in regards to gender roles (Pepin & Cotter, 

2017; Fate-Dixon, 2017). This may be surprising to many that consider Millennials to be the 

most liberal-minded generation relative to others. Overall, Millennials are painted in a negative 

light in terms of their attitudes, work habits and differences compared to older generations of 

workers, but their value to the future of the labor force is highly regarded. 

As mentioned in the introduction to this project, the relationship between economic/labor 

market conditions and generational job perceptions is important to understanding how different 

generations approach their employment situation. The paper that is most related to this inquiry, 

Malmendier & Nagel (2015), highlights that different generations have experienced different 

market conditions and inflation rates in their lifetime, and that these various experiences allow 

workers to form differing perceptions about future inflation conditions that then go on to impact 

real-world investing behavior. Younger generations have less information of economic indicators 
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such as the rate of inflation to sample from, and therefore forecast higher levels of future 

inflation up to 3 percentage points higher than older individuals who consider a larger sample to 

inform their predictions. Those that forecast a higher level of inflation proceed to take on more 

fixed-rate investments (mortgages) and less long-term investments (bonds). In a previous study 

by these authors in 2010, they found that respondents that grew up during the Great Depression 

(therefore members of the Traditionalist generation born before 1945) are not as willing to 

expose themselves to financial risk in the stock market. This cohort is less likely to participate 

and, if they are willing to participate, invest a smaller percentage of their income in the stock 

market. They are also not optimistic about expected returns, given their personal history of 

experiencing low returns. Because of the negative personal history regarding the stock market 

experienced by these “Depression Babies,” their adult investing behavior is significantly 

impacted (Malmendier & Nagel, 2010). 

Additionally, De Vos and De Hauw (2010) is an interesting paper within the literature as 

it involves job perceptions/expectations of Millennials, and investigates the effects of the 

economic climate during which they are reporting their values. Graduate students from the 

Netherlands are surveyed on various job aspects and expectations shortly before entering the 

labor market. One group of students is surveyed before the global Financial Crisis of 2007 during 

a time of economic growth, and the other group of students is surveyed after this event when the 

economy is experiencing a period of recession. The results of this study show that there are 

significant differences in optimism between these two groups of Millennials. When the 

individual characteristics of optimism and careerism are considered, it is evident that these 

values do have an influence on the expectations for certain work incentives. The biggest 

contribution of this study to the literature is the efforts it takes to separate out generational and 
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contextual differences. However, more than just Millennials will be considered in this study 

because the contextual effects of the economic environment and how they affect the perceptions 

of various generations in relation to Millennials is what is of interest to this study.   

It may be assumed that labor market indicators such as the unemployment level can cause 

workers to form opinions on their future in the job market. When consulting the literature on 

unemployment and real world outcomes, there is evidence of a compensating wage differential 

with the probability of unemployment, and there are high costs to unemployment that impact 

both those that are unemployed and those that are employed (Chen & Coles, 1992). If these 

forecasts for unemployment rates and probability of unemployment are formed differently 

among generational cohorts, then they may alter their perceptions and expectations of job and 

financial security to reflect these contextually based forecasts. These adjustments that are made 

to perceptions of job values may influence the behavior of workers, especially those that are 

transitioning from one job to another (Bonhomme & Jolivet, 2009), or those entering the job 

market for the first time (De Vos & De Hauw, 2010).  

Reviewing the previous literature on the topic of generational differences has brought 

some methodological issues to light. The literature on generational work differences can be 

summarized into two schools of thought: generational work-value differences that exist due to 

birth-year cohort membership, or differences that are explained by age-related/life-stage 

differences (Hillman, 2014). The results on generational work differences in terms of which 

work-values are valued more by specific generations are often inconsistent because workers have 

a high affinity for all job benefits (Bonhomme & Jolivet, 2009). Most results provide evidence 

for generational differences that are not significant, and if so, they tend to be very small effect 

sizes (To & Tam, 2013). Results showing a distinct difference between specific categories of job 
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values among generational cohorts are not consistent across studies. For example, the literature 

implies the existence of a significant difference for social work values as Millennials place a 

large importance on experiencing social good in the workplace (Needleman, 2008) which is 

supported in To & Tam (2013), but in Twenge et al. (2010) there was no significant difference in 

preference for social values between generations.  

These inconsistencies are attributed to the confounding of effects between generation and 

age differences. Twenge et al. (2010) is successful in separating these effects, by using time-

lagged data that is collected in different years, but consists of subjects of the same age. By 

monitoring preferences of those who are the same age, the results show that the resulting 

differences in work values between subjects belonging to different survey groups (by year) can 

be attributed to generational differences, and shifts in generational preferences over time can be 

observed. The issue with time lagged data used in the past is that it surveys subjects at an age 

that is too young to provide accurate work value preferences because they have not entered the 

workforce at the time responses are recorded (Smola & Sutton 2002; Twenge et al., 2010). The 

ideal sample would be data collected over decades on the same groups of respondents that 

follows these groups differentiated by birth-year over the course of their careers (Deal et al. 

2010) which would allow for the separation of generation, age, and career maturation effects and 

would allow for true shifts in group preferences to be observed.  This type of dataset is hard to 

come by as it would have to be decades in the making in order to provide a significant result. 

For this study, data that incorporates opinions of current and future economic measures 

for a lengthy historical period is required. The expectations of interest are those referring to 

unemployment, job security, and level of optimism/pessimism towards the economy. The time 

period covered in the data must span long enough so that the opinions of Traditionalists, Baby 
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Boomers, Generation-X, and Millennials are measured. In order to differentiate the 4 

generational cohorts in the US birth year information is required. To avoid confounding of 

generational and life-stage effects, age information is also of importance to the data. The 

Michigan Survey of Consumers is ideal because it provides both age and birth year information. 

There are many iterations of this survey dating back to the 1970s, and questions relate to 

consumer opinions and expectations. Additionally, this data is contained within the United States 

and is a nationally representative sample, so the generational cohorts will have had social, 

political and economic experiences tied to the United States. 
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Data 
The data used in this inquiry is nearly the same as Malmendier & Nagel (2015). The main 

data set contains longitudinal microdata originating from the Survey of Consumers conducted by 

the University of Michigan. The survey is issued monthly dating back to January of 1978 and 

asks 50 questions regarding consumer attitudes and expectations. The sample is statistically 

representative of the United States population, and consists of at least 500 individuals per month, 

all over the age of 18. Respondents who are the head of their household are identified as such, 

but it is not required for a respondent to be a head of household. All interviews are conducted 

over the telephone, as all members of the monthly sample are randomly selected using the 

random digit dialing (RDD) method. Respondents that are selected for the first time via RDD are 

supplemented with a re-contact sample, which randomly selects the telephone numbers of 

previous participants from the installment of the survey 6 months prior. The purpose of using a 

recontact sample to fill out the monthly sample group is that there is a higher chance of 

participation among those who have already completed the survey.  

The data for this paper includes the version of the MSC released to include August 2016. 

The unit of observation of the data is at the individual/respondent level, and the total number of 

observations for this inquiry is 259,621. Because of the survey nature of the data there is a 

variable for each of the 50 core questions asked, many of which require categorical or numerical 

responses. The remaining variables take the numerical responses (for example with INCOME) 

and create variables for the median, top and bottom percentiles, quintiles, quartiles and terciles. 

In total, there are 107 variables in the original data set that are streamlined for the final data set. 

The most crucial expectations variables used from the MSC data in this study are the 

result of questions that ask respondents to provide personal job related predictions, and their 
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unemployment rate expectations. The variable that relates more generally to expectations of 

unemployment is UNEMP, which asks a respondent how they feel unemployment will move in 

the next year. Possible responses include “more unemployment,” “about the same,” or “less 

unemployment.” These options for UNEMP are coded in ascending order, with possible values 

taking on 1, 3, and 5 respectively. This will be important to consider when analyzing results. A 

number of job-related probability variables are also used, such as: the probability the 

respondent/respondent’s spouse will lose job in next 5 years (PJOB), the probability income will 

increase next year (PINC2), and the probability the respondent will have Social Security (PSSA). 

These three probability variables prompt responses ranging from 0 to 100, representing the 

percent chance that the outcome will happen according to the respondent. Finally, another 

probability variable, whose response is not recorded as a value between 0 and 100, represents the 

chance a respondent will have a comfortable retirement compared to their situation 5 years ago 

(PCRY). With this variable, responses include “gone up,” “remain the same,” and “gone down.” 

These options for PCRY are coded in ascending order, with possible values taking on 1, 3, and 5 

respectively. Again, this will be important to consider when analyzing results. It is also important 

to note that all probability variables are only available in the data set from 1997 to 2016, so there 

are fewer observations considered in these analyses. 

To compare the attitudes of different generational cohorts, three indices from the MSC 

data are utilized. They include a measure of overall consumer confidence (ICS), a measure of 

current consumer confidence (ICC), and a measure of expected future consumer confidence 

(ICE). All indices are normalized to a value of 100 in their calculations. These indices for 

members of different cohorts can be compared to one another to observe optimism/pessimism 

towards the overall economic climate. Demographic variables that are utilized are the natural log 
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of respondent income (lnINC), age (AGE), regional controls (NORCEN, WEST, EAST, 

SOUTH), gender controls (MALE, FEMALE), and education level (EDUC). In this study, 

education (EDUC) is measured as a categorical variable based on years of schooling. The six 

educational categories that respondents can fall into are: grade 0-8 no high school diploma, grade 

9-12 no high school diploma, grade 0-12 with high school diploma, grade 13-17 no college 

degree, grade 13-16 with college degree, and grade 17 with college degree.  

Original historical unemployment rate data from the US Bureau of Labor Statistics is 

used, providing the variable UNRATE. Two separate BLS sources are used to acquire yearly 

unemployment rate data that dates as far back as 1890, when the earliest and oldest respondents 

of the survey were alive. Unemployment rates from 1890-1947 were gathered from The 

Historical Statistics of the United States Colonial Times to the 1970s, a document originating 

from the U.S. Government Printing Office. Yearly unemployment rates for 1948-2016 were 

downloaded from FRED.stlouisfed.org. This UNRATE variable contains annual rates of 

unemployment used for the “personal histories” or lifespans of individuals covered in the MSC 

data. This large span of UNRATE data allows all 4 generational cohorts to be included in the 

data analysis.  

This study is interested in determining if members of different generations have 

experienced significantly different unemployment rate climates in their lifetimes, and if these 

differing rates go on to impact expectations. These experiential measures are created using the 

UNRATE data. First, a lifetime unemployment rate average is created for all observations. This 

lifetime average is calculated from the set of unemployment rates bounded by an individual’s 

birth year (BIRTHY) and the year they took the survey (YYYY). This variable (lta) provides a 

unique value that is specific to each case in the survey, and that is indicative of the average 
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actual yearly unemployment rate (UNRATE) that they have experienced in their lifetime. The lta 

provides an overall snapshot of unemployment rate experiences.  

Another important interest of this study is to determine how individuals of a different 

generations utilize their past data differently as in Malmendier & Nagel (2015). To create this 

differentiation between “near past” and “distant past” actual unemployment data a set of three 

lagged unemployment rate averages were generated using survey year (YYYY) as a base year. 

The three variables defined are: the average unemployment rate for the past 1-3 years (un3), the 

average unemployment rate for the past 4-6 years, and the average unemployment rate for the 

past 6-9 years (un9). These calculations utilize the UNRATE variable. These lagged average 

variables create a window into how past data influences responses for individuals. 

To divide the individuals into generational cohorts a few variables are created to group 

subjects based on their birth year. The variable defining the four known US generations (GEN) 

uses the respondent’s birth year (BIRTHY) to categorize them as Traditionalists (born before 

1945), Baby Boomers (born 1946-1964), Generation-Xers (born 1965-1981), and Millennials 

(born after 1982) 1. A dummy variable for each generation is created to depict the share of one 

generation relative to the rest of the sample. These generation dummies are denoted as TRAD, 

BOOM, GENX, and MILL. An additional set of generation variables are generated that restrict 

the respondents in each generational cohort to a specific age range of 25 to 30 years old. These 

age-generational variables are BOOM2530, GENX2530, and MILL2530.2 The reason for the age 

restrictions reflect the findings of Twenge et al. (2010), which finds that the best way to separate 

out generational differences from age/career stage differences is to compare people of the same 

																																																								
1 The youngest birth year in the MSC data is 1998. Generation Z technically begins with those born after the late 
1990’s/turn of the century but it is still a newer generation and is still being defined.  
2 Given the start date of the survey (January 1978) there are no Traditionalists younger than 33 observed in the 
sample. 



 15 

age. There are enough respondents aged 25-30 in the survey that 3 of the 4 generational cohorts 

have groups for comparison.  

To learn more about the most important variables in the data set it is important to 

compare the various generations in a general sense. Table 1 contains descriptive statistics of the 

most important variables in the study for both the entire sample, as well as by generation. Since  

Millennials are the focus of this study, the differences between Millennials and all other 

generational cohorts are of primary interest. To achieve this result, a two-sided t-test is 

conducted with Millennials (MILL). The results are displayed in column (1) of Table 2, where a 

positive value indicates that the Millennial average is higher than the average for all other 

generation groups, and the significance of the difference is denoted with asterisks.  

Looking at the three consumer sentiment indices (rows 10-12, column 1, Table 2), it is 

evident that Millennials are significantly more optimistic across all three measures that focus on 

overall consumer sentiment, consumer expectations for the future, and consumer opinions on the 

current state of the economy. In terms of unemployment expectations, the Millennial’s mean 

value for UNEMP is higher than the rest of the generations by .315, and since the highest valued 

option for UNEMP means that respondents believe unemployment will decrease in the future, 

Millennials appear to be optimistic. For similar reasons, Millennials are more pessimistic about 

their probability of retiring comfortably, because the mean value of PCRY of Millennials is .109 

higher than the sample and the highest valued option for PCRY indicates that respondents’ 

chances of a comfortable retirement have decreased. Millennials are significantly more 

pessimistic about losing their jobs, and significantly more optimistic about experiencing an 

increase in income. As far as actual experiences, Millennials have significantly lower lifetime 

unemployment rate averages, higher averages for un3 and un6, and a lower average for un9. 
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Additionally, similar two-sided t-tests are conducted where the sample is limited to 25 

and 30 year olds. These results are located in column (2) of Table 2, where the t-tests compare 

the variable averages of Millennials ranging 25-30 years old to other generation cohort members 

that fit within the same age range. This can be considered as a robustness check of the column 

(1) results, as we know that controlling for age allows for the extraction of a more accurate age 

effect. All results on the t-tests are significant at the 1% level, and nearly all of the results reflect 

the results of the age inclusive t-tests in column (1). The most interesting result is the sign 

change that occurs in the comparison of PCRY, chance you will retire comfortably, between 

groups. When restricted to 25-30 year olds in the survey, Millennials now have a significantly 

lower average response to PCRY, implying more optimism about retiring comfortably. It is 

important to note that the probability variables have limited observations because they were only 

added to the survey in 1997, so there are a very limited number of 25-30 year olds that were 

asked these questions, with even fewer and in some cases none of these responses recorded for 

older generations that satisfied the age restriction. Therefore, in most of the column (2) t-tests for 

the probability variables, Millennial 25-30 year olds are only being compared to 25-30 year olds 

in Generation-X.  

 The results of the t-tests indicate important themes within the data. These trends should 

be considered in the results portion of the study, to see if similar results appear in the regression 

results.  
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Methodology 
 The goal of the analysis in this paper is to conduct a simplified version of analysis that is 

undertaken in Malmendier & Nagel (2015), but to highlight different generational cohorts’ 

unemployment and job related expectations, rather than inflation expectations. These 

expectations are based on their personal histories of actual unemployment data, which vary based 

on experiences. Differences in how past information is utilized by respondents of different 

generations, like how they weight near past information versus distant past information, can help 

understand how members of each generation form expectations, in particular, the optimism or 

pessimism with which individuals of opposing generations approach unemployment. 

 In the main segment of the analysis, 5 total regressions will be used. These regressions 

take on the same form in terms of the independent variables, however the dependent variable for 

each regression will vary. The nature of the dependent variable will determine the meaning 

behind the results of each equation, and the specific model that best fits the data. The following 

regression represents the format of the final regressions, where 𝐸𝑋𝑃$ represents a generic 

“expectations” variable, that represents the expectation the dependent variable can take on. 

 

1 					𝐸𝑋𝑃$ = 𝛽) + 𝛽+𝑀𝐼𝐿𝐿$ + 𝛽/𝐺𝐸𝑁𝑋$ + 𝛽2𝐵𝑂𝑂𝑀$ + 𝛽5𝑈𝑁𝑅𝐴𝑇𝐸$ + 𝛽:𝑙𝑡𝑎$ + 𝛽>𝑢𝑛3$

+ 𝛽B𝑢𝑛6$ + 𝛽D𝑢𝑛9$ + 𝛽F𝐴𝐺𝐸$ + 𝛽+)𝑊𝐸𝑆𝑇$ + 𝛽++𝑁𝑂𝑅𝐶𝐸𝑁$ + 𝛽+/𝑁𝐸𝐴𝑆𝑇$

+ 𝛽+2𝑀𝐴𝐿𝐸$ + 𝛽+5 + 𝛽+:𝑙𝑛𝐼𝑁𝐶$ + 𝜀$ 

 

The first regression aims to observe generational differences in unemployment 

expectations. To achieve this result, a regression using UNEMP as the dependent variable is 

implemented. Ultimately, a comparison of the coefficients on the generation dummy variables 
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will show how membership of a generation impacts unemployment expectations. The higher a 

generational coefficient, the more optimistic that cohort is since the highest value coded for 

UNEMP signifies that unemployment will decrease in the following year. An ordered probit 

model is utilized to account for the categorical nature of the dependent variable. The other 

regression that also utilizes a probit model is one with PCRY as the dependent variable. Another 

categorical dependent variable, PCRY and its respective regression shows the expectation of 

retiring comfortably. Based on the coding of this variable, the lowest valued category signifies 

the most optimistic category concerning the chances of retiring comfortably have increased over 

the past 5 years.   

 The next segment of regression analysis involves regressions where the dependent 

variable is one of the three job expectations that require a quantitative response (PJOB, PSSA, 

PINC2). Because of the nature of these three dependent variables a tobit model is utilized. Tobit 

regressions are fitting for models where the dependent variable is bounded between two values, 

and here we consider the dependent variables to be following a normal distribution truncated at 0 

and 100. With each regression, a different set of job expectations are investigated—the 

expectation of losing one’s job in the next year (PJOB), the expectation of one retiring with 

social security benefits (PSSA), or the expectation of one’s income increasing in the next year 

(PINC2). The coefficients on the generation dummies depict how membership to a respective 

generation alters the expectation matching the dependent variable, but these values of the 

coefficients will be much larger to reflect a change in the probabilities. 

 The regression model progresses into the final form that is represented in Equation (1). 

The initial regression only includes the generation dummy variables to show the raw differences 

between the expectations of the different generations. In the next stage, UNRATE is included to 
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control for the actual unemployment rate, which is assumed to impact respondents’ expectations. 

In the third stage of the model, demographic controls are added in. Age is the most significant 

control implemented to the model, followed by sex, natural log of income, education, and 

regional controls. Next, lta is added to the model to control for lifetime unemployment rate 

experiences. Finally, the three lagged averages (un3, un6, un9) are added as further experiential 

controls to establish the final regression.  

Overall, this methodology is designed to show generational differences in the responses 

to each of the 5 questions of interest from the MSC survey. Across all regression outputs, the 

variables of interest are the generational variables, as the coefficients on these variables show 

how expectations vary between generations. These regressions also consider the actual 

unemployment experiences that respondents face at the time they form their expectations, and in 

their past, which may then go on to impact their responses. The use of interaction terms in 

further analysis where each generation is interacted with lta, un3, un6, and un9 can provide 

insight into how a generation weights their past information and their overall history when 

forming expectations. Additionally, the use of an interaction between Millennials and male 

respondents will depict the gender differences in responses. Given the pessimism that persists in 

the literature on Millennial attitudes, it can be assumed that the results of all regressions will 

reflect similar themes. 
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Results 
 When interpreting all regression output, it is important to consider the generation dummy 

variables in relation to one another. The coefficients on MILL, GENX and BOOM and how they 

relate to each other is what highlights generational differences. Another very important 

component to consider is the dependent variable at hand and how it was reported in the survey. 

These variable descriptions are located in Table 1. The results discussed are the output of the 

final stage of the regression model that includes all controls. In the results tables, all “final” 

regression results are denoted in column (5). The most drastic change in generational coefficient 

values occurs between regression stages (2) and (3), when demographic controls are 

incorporated. This is attributed to controlling for respondent age. The results indicate that 

Millennials are generally optimistic in comparison to other generations with some exceptions. 

 Table 3 highlights unemployment expectation results, where the dependent variable in the 

equation is UNEMP. Across the progression of the model, the MILL coefficients are positive and 

significant at the 1% level, as well as greater than the coefficients on GENX and BOOM. In the 

final specification, the MILL coefficient of .352 is the greatest of the generations, followed by 

the coefficients on GENX and BOOM (.227 and .071 respectively). The highest valued category 

within the UNEMP variable indicates that the respondent believes that there will be less 

unemployment in the following year. Therefore, the outlook of Millennials in the survey towards 

future unemployment is most optimistic relative to those in older generations. The coefficient on 

lifetime average (lta) is slightly positive at .034, which is very interesting. This result indicates 

that a higher lifetime average for a respond corresponds to optimism about future unemployment. 

One would think that those that experience times of higher unemployment would be pessimistic 

about the future. Perhaps if all an individual knows is higher rates of unemployment, they are not 
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as phased by future increases so they choose to be optimistic about future improvement. All 

coefficients in the column (5) model are significant at the 1% level.  

A robustness check3 for the unemployment expectation model is conducted in Table 8 

restricting the sample to only 25-30 year olds. Including individuals of the same age allows for 

further separation of the generation effect as suggested by Twenge et al. (2010). When the 

sample is controlled for age, the number of observations decreases from 238,096 as seen in Table 

3, to a limited sample of 26,954. Additionally, because there are no Traditionalists in the 

specified age range observed, the new omitted category is BOOM2530. The results in column (5) 

of Table 8 reflect those observed in column (5) of Table 3, where Millennials are most optimistic 

about future unemployment expectations relative to other generations.  

 In Table 4, the results of the other categorical variable in the study indicate individuals’ 

perceptions towards retiring comfortably. Unlike with the previous categorical variable, the 

highest valued category of PCRY indicates a more pessimistic response. These respondents feel 

that their chances of retiring comfortably, compared to 5 years prior have decreased. Once again, 

the MILL coefficient of .226 is the highest of the generation dummy variables, meaning that the 

Millennial generation is most pessimistic about their retirement life projections. This pessimism 

can be attributed to the youthful nature of Millennials who are probably not considering 

retirement very seriously at the time of the survey. Because they are so far off from retirement, 

they might not have accurate or reasonable expectations for what post-working life holds for 

them. An interesting relationship is suggested by the coefficient of -.135 on lta. The negative 

value implies that a higher lifetime unemployment rate climate leads to respondents being more 

																																																								
3 Similar robustness checks with an age restricted sample were conducted for the other dependent variables, but with 
inconclusive results. This was due to the probability variables only being offered from 1997-present, so there was 
little to no data on 25-30 Gen-Xers or Baby Boomers. 
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optimistic about their retirement prospects. Most coefficients in the final stage are significant at 

the 1% level with the exception of 2 coefficients that are significant at the 5% level (un3, 

WEST), and 2 that are not significant (un6, EDUC).  

 Moving on to tobit regression analysis, Table 5 contains the results for the job security 

expectation variable, PJOB. The coefficients on the generation dummy variables undergo quite 

the transformation across the progression of the model. The coefficient on MILL is consistently 

the lowest, and therefore most optimistic regarding a future job loss, among generations once 

demographic controls (namely age) are added in. However, once past experiences are controlled 

for in column (5), a sign change occurs only for the youngest generation. A negative coefficient 

of -2.817 indicates that Millennial generation members are even more confident than 

Traditionalists. Millennials are 2.8 percentage points more optimistic than Traditionalists, 13.7 

percentage points more optimistic than Generation-X, and 19.4 percentage points more 

optimistic than Baby Boomers about losing their job in the next 5 years.  Of the coefficients on 

generation dummies, GENX and BOOM are significant at the 1% level, whereas MILL is 

significant at the 5% level.  

Again, an unexpected relationship is observed with the lta variable. A coefficient of -4.80 

significant at the 1% level indicates that a higher lifetime unemployment rate makes respondents 

confident about keeping their job. One would expect people would be concerned about losing 

their jobs during times of high unemployment. There is some evidence of this relationship upon 

reviewing the lagged average variables. The coefficients of .621 and .651 on un3 and un6 

respectively indicated that a higher average of the unemployment rates of the past 1-6 years will 

increase the reported probability of a job loss, which makes sense. The coefficient of -.522 on 

un9 may explain the interesting relationship we see with lta and PJOB. Here, a higher average of 
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unemployment rates from the past 7-9 years prior to the time of the survey decreases the 

probability that one thinks they will lose their job in the upcoming year. Perhaps the cycle of 

unemployment rates starting with 7-9 years prior to the survey response and dating back through 

a respondent’s unemployment rate history have an adverse effect on job loss fears. This could be 

due to the cyclical nature of unemployment rates in the US, and that these cycles tend to cancel 

out times of high and low unemployment. This may be a stretch, but it is possible that when 

provided with a larger sampling of past unemployment rates, respondents are not as pessimistic 

about losing their jobs.  

 Table 6 contains the result for regressions involving PSSA as the dependent variable. 

Similar to PJOB, a sign change occurs on the MILL coefficient once age and other demographic 

controls are added in. Instead, MILL is the only generation with a positive coefficient, with 

GENX and BOOM having negative coefficients. Since the question associated with PSSA asks 

respondents that are under 65 to rate the probability that their benefits will satisfy their living 

needs when they retire, a positive coefficient indicates an optimistic response. Membership to the 

Millennial generation indicates an increase in this probability by 6.9 percentage points relative to 

Traditionalists, and an increase of roughly 10 percentage points relative to Generation-X and 

Baby Boomer probabilities. When considering the average PSSA response of 35.605 (Table 1, 

row 3), this increase is a large effect of nearly a third of the average response. All generational 

coefficients are significant at the 1% level. In this regression model, the lta coefficient of -1.067 

implies that a higher lifetime average unemployment rate goes on to make a respondent less 

confident about their Social Security benefits. This differentiation in expectations between 

Millennials and older generations can again be attributed to how far removed the youngest 

generation is from retirement. They may not fully comprehend how their current benefits will 
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pan out in the long run, or understand what they will need in order to sustain their lifestyle after 

retirement.  

 The results for income increase expectations (PINC2) are the most unique relative to 

other regressions. As seen in Table 7, it is important to note that the number of observations in 

the final version of this regression amount to 78,832 which is the smallest sample of all 

regression analyses in the study. Among the three generational dummy variables, only the Baby 

Boomer affiliated coefficient is statistically significant in the final step of the model’s 

progression. However, prior to the addition of past experiential controls in column (4), there is 

significance across all three generation coefficients. According to the results displayed in column 

(4), membership to the Millennial generation indicates a decrease of 10.24 percentage points 

relative to Traditionalists in the reported likelihood of an income increase. If a respondent is a 

member of Generation-X, their reported confidence in a raise decreases by 5.172 percentage 

points relative to Traditionalists. Baby Boomers report the highest probability of an income 

increase. In column (5) the value of the BOOM coefficient increases to 5.165, and additionally 

increases in significance while the coefficients on GENX and MILL are insignificant. The 

coefficients of .006 and 1.073 on MILL and GENX indicate that Traditionalists, Generation-X, 

and Millennials have similar views on income increases, but Boomers are significantly more 

optimistic. This result indicating a lack of relative confidence among Millennials is intriguing, 

and it can be attributed to the labor climate that this cohort has experienced outside of 

unemployment rates. There has been little wage growth in recent years, so the negative 

expectation for a raise can be attributed to the lack of movement in wages this age group has 

seen. This can also be explained by the ages and career stage that the various respondents are in, 

and where income increases are more likely to be seen. Most Millennials are most likely in entry 
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level jobs where there are few significant income increases to be expected. Older generations 

may be in the middle to later career stages where positions experience more rapid income 

increases before income slows down as an employee reaches retirement age. This “curve” that 

relates income and age can inform the expectations of respondents. 

 A final inquiry was conducted to test whether the confidence of Millennial generation 

males differed from Millennial generation females. Each of the column (5) models from Tables 

3-7 were rerun adding an interaction between Millennial and Male. The coefficients on 

Millennial and the interaction term (MILLMALE) are presented in Table 9. In looking at the 

MILLMALE coefficients across all 5 dependent variables, only 3 of them are statistically 

significant (UNEMP, PJOB and PINC2). Starting with column (1), it is clear that Millennial 

females are more optimistic about unemployment than the other generations (see Table 3) due to 

the coefficient of .324, significant at the 1% level. The coefficient on MILLMALE is also 

positive with a value of .048, and when added to the female expectation value, it indicates that 

men are even more optimistic or confident in the occurrence of less unemployment in the 

following year compared to their female counterparts. In terms of differences in job loss 

expectations, column (3) shows that Millennial females have confidence in not losing their job 

relative to Generation-X and Baby Boomers (see Table 5) with a coefficient of -1.702, and that 

Millennial males have an even greater confidence in job security with a coefficient of -2.003 that 

gets added on to the MILL coefficient. Therefore, both males and females in the Millennial 

generation are relatively optimistic towards keeping their jobs, however males are significantly 

more confident than their female counterparts. Finally, In column (5) of Table 9, it is evident that 

Millennial females have a lack of confidence in receiving a future income increase relative to 

Traditionalists (see Table 7) with a coefficient of -3.038. The resulting coefficient on 
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MILLMALE is 5.578, and when added to the MILL coefficient, it creates a positive effect that 

illustrates the confidence Millennial males have towards experiencing a future income increase. 

This difference could be explained by the different jobs that men and women can hold given 

their duties at home. In particular with children at home, women tend to take time off or work 

less demanding jobs. Unlike the other two results in this table that indicate a difference in 

strength of confidence between Millennial males and females, the result of the PINC2 regression 

indicates a distinct difference in attitudes among the two groups. 

 Ideally, this study would have liked to take the analysis in Tables 3-8 one step further to 

see how each generation weights their past data when forming their expectations. In fact the 

column (5) models were replicated adding three interaction terms between generation cohort 

dummies and lifetime unemployment averages, as well as nine interaction terms between 

generation cohort dummies and the lagged averages (un3, un6, un9).4 The goal of these 

interaction terms was to estimate the differing weights that a generation places on their past 

unemployment rate values to see if they weight their “near past” or “distant past” more heavily 

when forming expectations. Essentially, the interaction terms serve as an extremely simplified 

version of the analysis conducted in Malmendier and Nagel (2015). Unfortunately, the regression 

results for models with the interaction terms were either inconsistent, insignificant, or both. No 

consistent story emerged; therefore, the regression results are not reported. The lack of results 

could be from limitations in the data, or the oversimplification of the method from the previous 

paper.  

 

 

																																																								
4 Interaction terms for the Millennials, Gen-X, and Baby boomers were created since the Traditionalists were 
the omitted group in the analysis. 
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Conclusion 
The results compiled from regression analyses provides mixed results when considering 

the perspective of Millennials. This group is optimistic towards future unemployment conditions 

and future job security. There are mixed opinions among the cohort regarding retirement 

(relatively pessimistic), and social security benefits (relatively optimistic), but that can be 

qualified by the age of this young generation, where retirement and benefits are not quite on their 

radar of expectations. The under-confidence towards short term income increases can be 

attributed to the lack of wage growth in the job market as a whole, and the lower level positions 

that younger workers hold, where raises are not typical to occur year-to-year. As a whole, 

Millennial males are more confident about unemployment expectations and job security than 

their already optimistic female counterparts. In terms of future income expectations, Millennial 

women are relatively pessimistic about receiving an income increase, whereas Millennial males 

are optimistic about experiencing an income increase in the following year. 

Overall, the results would consider Millennials to be optimistic towards the job market, 

which contradicts the assessments of the generation as a group that is quick to flee at signs of 

dissatisfaction in the position or trouble within the company or industry. However, these results 

could speak to the confidence Millennials have that allows them to jump fearlessly from one job 

to the next in search for a career, in contrast to Generation-Xers or Baby Boomers that undertake 

jobs for the long-term. As the share of Millennial workers increases in the future more data on 

Millennials will be gathered by the Michigan Survey of Consumers. Once an equitable 

distribution of all 4 generational cohorts in the MSC data is achieved can this study attain its 

most accurate results.  
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Data Tables 
Table 1: Descriptive Statistics of Sample Dependent and Independent Variables 

 Variables All MILL GEN-X BOOM TRAD 
       
1. UNEMP [1-5] 

Unemployment Expectations 
2.638 

(1.389) 
2.798 

(1.409) 
2.730 

(1.360) 
2.615 

(1.383) 
2.595 

(1.406) 

 =1 (more unemployment), =3 (about the same), =5 (less unemployment) 

2. PJOB [0-100] 
Probability of Losing Job 
 

18.606 26.833 24.606 22.193 6.710 
 (25.142) (25.445) (24.802) (26.344) (18.915) 

3. PSSA [0-100] 
Probability will retire w/ SS 
benefits 
 

35.605 34.963 30.281 35.486 40.332 
 (30.855) (28.721) (28.372) (30.533) (33.046) 

4. PINC2 [0-100] 
Probability of income 
increase 
 

48.704 66.562 61.358 49.852 30.235 
 (64.471) (72.685) (66.362) (63.021) (56.372) 

5. PCRY [1-5] 
Chance will retire 
comfortably 

3.262 
(1.466) 

3.358 
(1.534) 

3.212 
(1.548) 

3.322 
(1.527) 

3.196 
(1.272) 

 =1 (gone up), =3 (about the same), =5 (gone down) 
 

6. UNRATE 
Actual annual unemployment 
rate 
 

6.454 6.358 6.005 6.470 6.617 
 (1.539) (1.569) (1.514) (1.541) (1.512) 

7. lta 
Lifetime average 
unemployment rate 
 

6.219 5.988 6.350 5.790 6.642 
 (0.662) (0.223) (0.247) (0.276) (0.773) 

8. un3 
Average unemployment rate 
past 1-3 years 
 

6.592 6.832 6.120 6.602 6.748 
 (1.363) (1.427) (1.385) (1.362) (1.310) 

9. un6 
Average unemployment rate 
past 4-7 years 
 

6.427 6.794 6.123 6.459 6.492 
 (1.310) (1.748) (1.386) (1.311) (1.216) 

10. un9 
Average unemployment rate 
past 7-9 years 

6.119 5.447 5.930 6.169 6.177 
 (1.171) (0.907) (1.140) (1.182) (1.170) 

 Number of Observations 258,836 6,812 36,803 110,183 102,456 
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 Table 2: Two-Sided T-tests 
Comparing Variable Group Averages of Millennials to All 

Other Generations 
 Variables MILL MILL2530 
    
1. UNEMP [1-5] 

Unemployment Expectations 
.315*** .399*** 

 

2. PJOB [0-100] 
Probability of Losing Job 
 

9.290*** 6.048*** 
   

3. PSSA [0-100] 
Probability will retire w/ SS benefits 
 

-.412 -4.465*** 
   

4. PINC2 [0-100] 
Probability of income increase 
 

29.099*** 17.834*** 
   

5. PCRY [1-5] 
Chance will retire comfortably 

.109***  -.096*** 

6. lta 
Lifetime average unemployment rate 
 

-.294*** -.138*** 
   

7. un3 
Average unemployment rate past 1-3 
years 
 

.277*** .872*** 
   

8. un6 
Average unemployment rate past 4-7 
years 
 

.423*** 1.091*** 
   

9. un9 
Average unemployment rate past 7-9 
years 

-.872*** -.815*** 
   
   

10. ICS [2, 150.72] 
Index of Consumer Sentiment 

12.335*** 12.690*** 

11. ICC [2, 154.08] 
Index of Current Economic Conditions 

11.643*** 12.755*** 

12. ICE [2, 148.56] 
Index of Consumer Expectations 

12.870*** 12.647*** 
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Table 3: UNEMP Ordered Probit Results 
UNEMP [1,5]—Unemployment expectation for the next year 

=1 (more unemployment), =3 (about the same), =5 (less unemployment) 
 (1) (2) (3) (4) (5) 
Variables UNEMP UNEMP UNEMP UNEMP UNEMP 
      
MILL 0.277*** 0.288*** 0.284*** 0.288*** 0.352*** 
 (0.014) (0.014) (0.016) (0.016) (0.017) 
GENX 0.124*** 0.145*** 0.140*** 0.124*** 0.227*** 
 (0.007) (0.007) (0.010) (0.010) (0.010) 
BOOM 0.017*** 0.022*** 0.015** 0.054*** 0.071*** 
 (0.005) (0.005) (0.007) (0.007) (0.007) 
UNRATE  0.033*** 0.039*** 0.040*** -0.016*** 
  (0.002) (0.002) (0.002) (0.002) 
AGE   0.001*** 9.63e-05 0.002*** 
   (0.0002) (0.0002) (0.0002) 
WEST   -0.015** -0.016** -0.019*** 
   (0.007) (0.007) (0.007) 
NORCEN   -0.012** -0.012** -0.017*** 
   (0.006) (0.006) (0.006) 
NEAST   -0.038*** -0.040*** -0.043*** 
   (0.007) (0.007) (0.007) 
MALE   0.103*** 0.103*** 0.095*** 
   (0.005) (0.005) (0.005) 
EDUC   0.017*** 0.020*** 0.017*** 
   (0.002) (0.002) (0.002) 
lnINC   0.047*** 0.054*** 0.0698*** 
   (0.003) (0.003) (0.003) 
lta    0.079*** 0.034*** 
    (0.005) (0.005) 
un3     0.126*** 
     (0.002) 
un6     -0.021*** 
     (0.002) 
un9     0.044*** 
     (0.002) 
      
Observations 256,254 256,254 238,096 238,096 238,096 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 4: PCRY Ordered Probit Results 
PCRY [1,5]—respondent’s chance of having a comfortable retirement compared to 5 years ago 

 =1 (gone up), =3 (about the same), =5 (gone down) 
 (1) (2) (3) (4) (5) 
Variables PCRY PCRY PCRY PCRY PCRY 
      
MILL 0.136*** 0.110*** 0.234*** 0.298*** 0.226*** 
 (0.016) (0.016) (0.029) (0.029) (0.033) 
GENX 0.017* 0.040*** 0.151*** 0.233*** 0.178*** 
 (0.009) (0.009) (0.020) (0.021) (0.023) 
BOOM 0.103*** 0.113*** 0.214*** 0.184*** 0.169*** 
 (0.008) (0.008) (0.013) (0.013) (0.013) 
UNRATE  0.137*** 0.145*** 0.137*** 0.137*** 
  (0.002) (0.002) (0.002) (0.003) 
AGE   0.001*** 0.004*** 0.002*** 
   (0.001) (0.001) (0.001) 
WEST   0.021** 0.022** 0.023** 
   (0.010) (0.010) (0.010) 
NORCEN   0.045*** 0.046*** 0.045*** 
   (0.009) (0.009) (0.009) 
NEAST   0.063*** 0.067*** 0.067*** 
   (0.010) (0.010) (0.010) 
MALE   -0.150*** -0.150*** -0.147*** 
   (0.007) (0.007) (0.007) 
EDUC   0.002 0.001 0.002 
   (0.003) (0.003) (0.003) 
lnINC   -0.166*** -0.176*** -0.180*** 
   (0.005) (0.005) (0.005) 
lta    -0.166*** -0.135*** 
    (0.010) (0.010) 
un3     -0.008** 
     (0.003) 
un6     -0.002 
     (0.003) 
un9     -0.067*** 
     (0.005) 
      
Observations 112,254 112,254 103,362 103,362 103,362 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 5: PJOB Tobit Results 
PJOB [1-100]—probability respondent will lose their job in the next 5 years 

 (1) (2) (3) (4) (5) 
Variables PJOB PJOB PJOB PJOB PJOB 
      
MILL 53.92*** 53.90*** 1.981* 3.642*** -2.817** 
 (0.527) (0.527) (1.072) (1.041) (1.219) 
GENX 50.00*** 50.01*** 10.12*** 14.67*** 10.92*** 
 (0.401) (0.402) (0.839) (0.813) (0.884) 
BOOM 43.71*** 43.71*** 21.69*** 18.77*** 16.58*** 
 (0.392) (0.392) (0.590) (0.581) (0.616) 
UNRATE  0.087 1.781*** 1.362*** 1.302*** 
  (0.074) (0.080) (0.081) (0.099) 
AGE   -1.064*** -0.958*** -1.067*** 
   (0.019) (0.019) (0.022) 
WEST   0.925*** 1.000*** 1.013*** 
   (0.358) (0.358) (0.358) 
NORCEN   0.616* 0.668** 0.681** 
   (0.333) (0.332) (0.332) 
NEAST   1.852*** 2.045*** 2.119*** 
   (0.377) (0.377) (0.377) 
MALE   1.744*** 1.839*** 1.698*** 
   (0.261) (0.261) (0.262) 
EDUC   -0.763*** -0.805*** -0.847*** 
   (0.124) (0.124) (0.124) 
lnINC   1.118*** 0.494*** 0.357* 
   (0.184) (0.185) (0.186) 
lta    -14.24*** -14.80*** 
    (0.498) (0.532) 
un3     0.621*** 
     (0.118) 
un6     0.651*** 
     (0.112) 
un9     -0.522*** 
     (0.170) 
Constant -30.39*** -30.91*** 25.06*** 115.6*** 124.2*** 
 (0.342) (0.571) (2.109) (3.867) (4.105) 
      
Observations 112,164 112,164 103,286 103,286 103,286 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 6: PSSA Tobit Results 
PSSA [1-100]—chance that one will retire with Social Security benefits that fulfill living 

standards 
 (1) (2) (3) (4) (5) 
Variables PSSA PSSA PSSA PSSA PSSA 
      
MILL -5.547*** -5.518*** 1.843* 2.097** 6.938*** 
 (0.495) (0.495) (0.980) (0.982) (1.133) 
GENX -11.98*** -12.01*** -6.922*** -6.578*** -3.564*** 
 (0.334) (0.334) (0.727) (0.740) (0.816) 
BOOM -5.861*** -5.871*** -4.341*** -4.474*** -2.968*** 
 (0.305) (0.305) (0.479) (0.485) (0.518) 
UNRATE  -0.155** -0.603*** -0.635*** -0.636*** 
  (0.068) (0.075) (0.077) (0.094) 
AGE   0.207*** 0.218*** 0.301*** 
   (0.017) (0.018) (0.021) 
WEST   -0.471 -0.466 -0.487 
   (0.345) (0.345) (0.344) 
NORCEN   1.938*** 1.942*** 1.939*** 
   (0.310) (0.310) (0.310) 
NEAST   0.405 0.420 0.361 
   (0.351) (0.351) (0.352) 
MALE   4.093*** 4.094*** 4.180*** 
   (0.246) (0.246) (0.247) 
EDUC   0.889*** 0.884*** 0.903*** 
   (0.115) (0.115) (0.115) 
lnINC   3.471*** 3.428*** 3.549*** 
   (0.177) (0.178) (0.179) 
lta    -0.731** -1.067*** 
    (0.372) (0.380) 
un3     -0.283*** 
     (0.108) 
un6     -0.510*** 
     (0.106) 
un9     0.890*** 
     (0.161) 
Constant 38.02*** 38.97*** -14.78*** -10.23*** -15.70*** 
 (0.245) (0.487) (2.046) (3.133) (3.286) 
      
Observations 110,307 110,307 102,019 102,019 102,019 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 7: PINC2 Tobit Results 
PINC2 [1-100]—probability that respondent’s income will increase in the next 12 months 

 (1) (2) (3) (4) (5) 
Variables PINC2 PINC2 PINC2 PINC2 PINC2 
      
MILL 50.36*** 48.90*** -8.586*** -10.24*** 0.006 
 (0.675) (0.672) (1.455) (1.479) (1.724) 
GENX 43.36*** 42.38*** -3.439*** -5.172*** 1.076 
 (0.499) (0.494) (1.086) (1.126) (1.250) 
BOOM 28.00*** 27.51*** 1.447** 1.701** 5.165*** 
 (0.454) (0.449) (0.695) (0.699) (0.760) 
UNRATE  -4.309*** -3.577*** -3.516*** -3.617*** 
  (0.103) (0.105) (0.105) (0.127) 
AGE   -1.129*** -1.182*** -1.015*** 
   (0.027) (0.028) (0.032) 
WEST   0.162 0.163 0.144 
   (0.488) (0.488) (0.488) 
NORCEN   0.006 -0.004 -0.062 
   (0.449) (0.449) (0.448) 
NEAST   0.705 0.666 0.471 
   (0.510) (0.510) (0.509) 
MALE   8.029*** 8.033*** 8.387*** 
   (0.356) (0.356) (0.357) 
EDUC   4.628*** 4.648*** 4.780*** 
   (0.167) (0.167) (0.167) 
lnINC   5.219*** 5.323*** 5.521*** 
   (0.245) (0.246) (0.246) 
lta    2.876*** 2.982*** 
    (0.561) (0.567) 
un3     -0.378*** 
     (0.143) 
un6     -1.364*** 
     (0.139) 
un9     -1.099*** 
     (0.304) 
Constant 18.26*** 46.92*** 47.60*** 31.71*** 32.46*** 
 (0.358) (0.779) (3.066) (4.409) (4.580) 
      
Observations 84,450 84,450 78,832 78,832 78,832 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 8: UNEMP Ordered Probit Results for 25-30 Year Olds 
UNEMP [1,5]—Unemployment expectation for the next year 

=1 (more unemployment), =3 (about the same), =5 (less unemployment) 
 (1) (2) (3) (4) (5) 
VARIABLES UNEMP UNEMP UNEMP UNEMP UNEMP 
      
MILL2530 0.346*** 0.358*** 0.292*** 0.205*** 0.154*** 
 (0.0257) (0.0258) (0.0280) (0.0284) (0.0333) 
GENX2530 0.108*** 0.151*** 0.118*** -0.0714*** 0.0846** 
 (0.0144) (0.0165) (0.0179) (0.0210) (0.0363) 
UNRATE  0.0287*** 0.0307*** 0.0447*** 0.00492 
  (0.00543) (0.00554) (0.00563) (0.00627) 
AGE   -0.00564 0.000450 0.00185 
   (0.00406) (0.00408) (0.00410) 
WEST   -0.0411** -0.0366* -0.0425** 
   (0.0194) (0.0194) (0.0195) 
NORCEN   -0.0142 -0.0107 -0.0204 
   (0.0177) (0.0177) (0.0177) 
NEAST   -0.0432** -0.0333* -0.0435** 
   (0.0198) (0.0199) (0.0199) 
MALE   0.119*** 0.127*** 0.127*** 
   (0.0137) (0.0138) (0.0138) 
EDUC   0.0137** 0.0185*** 0.0163*** 
   (0.00629) (0.00631) (0.00631) 
lnINC   0.0559*** 0.0167 0.0384*** 
   (0.0107) (0.0109) (0.0111) 
lta    0.353*** 0.343*** 
    (0.0223) (0.0326) 
un3     0.150*** 
     (0.00774) 
un6     -0.0224*** 
     (0.00751) 
un9     0.00387 
     (0.00861) 
      
Observations 28,199 28,199 26,954 26,954 26,954 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 9: Column (5) Models with Interaction between Millennial and Male 
 (1) (2) (3) (4) (5) 
VARIABLES UNEMP PCRY PJOB PSSA PINC2 
      
MILL 0.324*** 0.220*** -1.702 7.413*** -3.038* 
 (0.023) (0.0377) (1.308) (1.23) (1.846) 

MILLMALE 0.048* 0.011 -2.003** -0.849 5.578*** 
 (0.028) (0.0324) (0.869) (0.932) (1.218) 
      
Constant   124.1*** -15.72*** 32.61*** 
   (4.105) (3.286) (4.580) 
      
Observations 238,096 103,362 103,286 102,019 78,832 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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