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Abstract 
 
This paper analyzes the ability of the high-yield bond spread to serve as a forecaster of business 

cycle activity in the United States. I compare the effectiveness of three credit spreads: a 

AAASpread, a BBSpread, and a CCCBelowSpread. The data used encompasses the time period 

1996:M12 to 2016:M12, specifically to include the Great Recession of 2007/08.  First, I run 

simple bivariate regressions to ascertain whether the credit spreads possess marginal information 

for three different business cycle indicators: real GDP, real disposable personal income, and 

employment.  Next, I compare the performance of the spreads against one another by using 

trivariate-lagged regressions. I find that the credit spreads possess zero marginal information for 

forecasts of real disposable personal income, and very little for forecasts of real GDP. However, 

both the BBSpread and AAASpread show ability to forecast employment, with the AAASpread 

being the most effective forecaster at longer horizons. 
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1   Introduction:  

At the onset of the 1980’s, a new financial instrument was introduced as companies 

began issuing high-yield bonds, commonly known as junk bonds. These financial instruments 

offer a substantially higher return, but also come with higher risks due to the offering company’s 

poor financial standing.  These non-investment grade bonds flooded financial markets and were 

originally solely associated with the ambitious and illegal practices endorsed by the “Junk Bond 

King”, Michael Milken.  However, as years passed and knowledge regarding the financial 

sectors increased, high-yield investments have become common choices for portfolios and 

financial instrument bundles.  Investors have realized the potential and value in higher-yielding 

bonds and the issuance of these financial instruments has remained around its peak for the past 

seven years.1   

In this paper, I analyze the effectiveness of the high-yield bond spread as a forecaster of 

business cycles in the United States. Further, I examine whether the spread can serve as a proxy 

for a financial accelerator, which magnifies both expansions and recessions in the 

macroeconomy. In my research, I compare the forecasting effectiveness of three separate bond 

spreads. The first is a spread between the effective yield of BB denominated bonds, publically 

issued in the US domestic market, and the 10-year US Treasury rate.  The second is the 

difference between the effective yield of CCC or below denominated bonds, publically issued in 

the US domestic market, and the 10-year US Treasury rate. And the final spread is the difference 

between the effective yield of AAA denominated bonds, publically issued in the US domestic 

market, and the 10-year US Treasury rate.  These three spreads represent the broad spectrum of 

                                                
1 Lewis, Jakema (April 25, 2017) 2017 High Yield Bond Market Outlook: Issuance To Heat Up, Returns to 

Cool. Retrieved from http://www.forbes.com/sites/spleverage/2016/12/22/2017-high-yield-bond-market outlook-
issuance-to-heat-up-returns-to-cool/ 
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corporate bonds in terms of risk.  I analyze three different spreads to see whether the increased 

volatility in lower-rated debt markets enables bond yields to capture a wider range of factors 

affecting overall economic activity.  

The motivation for this paper is twofold.  First, policymakers at central banks rely on 

financial indicators to make their plans going forward.  Projections of economic activity are 

necessary to know what actions to undertake and what policies to implement, therefore, making 

an accurate explanatory variable valuable. Along similar lines, knowledge of future economic 

fluctuations will help firms and financial institutions prepare for downturns, which could 

possibly help prevent the widespread effects of recession.  

 

2   Literature Review  

 The desire for an explanatory variable to forecast business cycle fluctuations has led to 

significant research and analysis over the past 30 years.  One of the main financial indicators 

economists look at is the commercial paper-bill spread, which has been studied by: Bernanke 

(1990), Friedman and Kuttner (1991), Estrella and Mishkin (1995), Friedman and Kuttner 

(1998), and Gertler and Lown (2000).  Friedman and Kuttner (1991) analyze the relationship 

between the paper-bill spread and real economic activity in the United States over a sample 

period from 1974:M1-1990:M12.  The research points to a statistically significant relationship 

between movements in the paper-bill spread and subsequent real output.  As the paper-bill spread 

increases, real economic activity in the United States decreases. However, Gertler and Lown 

(2000) analyze the commercial paper-bill spread over a later sample, 1985:M1-1999:M1, and 

find that the explanatory power of the spread decreased due to changes in the Federal Reserve’s 

choice of monetary policy during the recessionary period of the early 1990’s.  
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 Another forecasting variable at the center of economic research is the yield curve, which 

has been studied by: Estrella and Hardouvelis (1991), Estrella and Mishkin (1995), Stock and 

Watson (1998), and Hamilton and Kim (2000).  Hamilton and Kim (2000) examine the yield 

curve’s ability to forecast future real GDP growth and find the results to be robust. The authors 

state that the ability of the yield curve to forecast future economic activity stems from its 

encompassment of market expectations and the term premium. The market expectations effect is 

significant because it captures the financial market’s outlook for economic activity through 

projected changes in the short-term rate based on the difference between interest rate 

expectations and the current rate. Next, the term premium, defined as the difference between the 

yields of long-term bonds and short-term bonds, reflects potential fluctuations in the rates due to 

different market risks.  However, similar to the forecasting ability of the paper-bill spread, 

beginning in the late 1980’s the yield curve’s ability to forecast future fluctuations of economic 

activity diminishes. Gertler and Lown (2000) argue that the forecasting ability of the yield curve 

in previous samples only results from its close ties to the monetary policy of the time. The 

author’s state, “To the extent that [this] indicator is connected with monetary policy, then it is 

understandable why it might perform well through the middle 1980’s. As a number of 

economists have noted, monetary tightening to curtail inflation was an important feature of each 

of the recessions from the late 1960’s through the early 1980’s. In this vein, since a sharp 

monetary tightening did not precede the most recent downturn (1990-92), it is understandable 

that this indicator did not forecast real activity to the same degree as in the past” (8).  

In the early 2000’s, economists began to look at another type of financial forecaster that 

was not a monetary aggregate. Gertler and Lown (2000) analyze the information content that the 

spread between the high-yield bond rate and the corresponding safe interest rate has for business 
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cycle activity in the United States. The results find that the high-yield spread outperforms other 

leading financial indicators of real economic activity in predicting the output gap and that it is 

relatively durable and a useful indicator of economic activity. Gertler and Lown conclude that 

the performance of the high-yield spread is due to its sensitivity to default risk – increasing its 

ability to capture the effects of more factors influencing the macroeconomy.  Further, the authors 

state that a widening of the high-yield bond spread correlates with forecasts for decreases in real 

GDP.  

Zhang (2002) examines the predictive power of credit spreads for the employment 

growth rate from the corporate bond market in Canada, using a high-yield bond spread and an 

investment-grade spread.  Zhang finds that the investment-grade spread is dominated by the 

high-yield spread for forecasts up to 18 months ahead, but after this horizon the high-yield 

spread forecast begins to become less reliable.  Zhang also finds that a widening of the high-

yield investment spread implies lower employment projections for the future. Zhang concludes 

that the superior forecasting performance of the high-yield spread comes from the increased 

default risk in the high-yield bond market.  The higher default risk allows the yields of the 

securities to capture more changes and disruptions in financial markets that help explain changes 

in economic activity.  

In both of the papers analyzing the high-yield investment spread as a forecasting variable, 

there is a significant gap in the literature.  Zhang states, “[the] analysis is based on data from 

1988...One could argue that the lack of historical data limits the strength of our conclusion…We 

agree that a longer sample with more business cycles would make our conclusions more 

convincing” (12).  And Gertler and Lown state, “One caveat is that the sample period (1985:M1-

1999:M1) is relatively short and includes only one major recession” (13). In both papers, the 
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authors state that one issue with their research is that the datasets used are not large enough to 

definitively state whether or not the high-yield investment spread can be considered an efficient 

predictor of a country’s business cycle.  Because of this, the research I conduct includes the years 

1996 to 2016, thus adding more data to the research. This data also includes a major recession 

that affected the United States economy in the Great Recession of 2007/08 and the boom and 

bust of the dot-com bubble crisis. Because of the lack of data in previous research, and only the 

recessionary period of the early 1990’s used to aid in the forecasting of business cycles, my 

research will further the analysis of whether a high-yield spread is an effective predictor of the 

business cycle.   

Similar to the two recently mentioned papers, Gilchrist and Zakrajšek (2011) examine the 

relationship between credit spreads and economic activity. The authors find a credit spread, 

including all corporate bonds, to be a robust predictor of future economic activity across a 

variety of economic indicators, short and longer-term forecast horizons, and sample periods.  The 

authors also conclude that the predictive ability of their credit spread for future economic activity 

significantly exceeds that of the investment-grade corporate-bond spread as well as the 

commercial paper spread.  I believe that my research will expand upon Gilchrist and Zakrajšek 

by differentiating between the individual effects of the high-yield investment spread and the 

investment-grade bond spread. In their paper, the spread is a combination of the two, but in my 

paper, I will separate the high-yield investment spread from the corporate-bond spread to look at 

the explanatory power of the two on their own.  This research has not been conducted with a 

significant dataset that includes multiple recessions in the United States, which my analysis will 

do.  
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In addition to the research on explanatory variables and their ability to forecast economic 

activity, there has been significant study regarding whether fluctuations in the different spreads 

can serve as proxies for financial accelerators.  Bernanke and Gertler (1989) construct a model to 

analyze the relation between a borrower’s balance sheet position and future investment demand.  

The authors find that a borrower with a stronger balance sheet will reduce the costs of financing 

capital investments due to the borrower’s lower default risk. This is significant because as 

economic activity increases, the balance sheets of borrowers also increase, thus decreasing the 

costs for financing and amplifying the economic upturn.  This mechanism works similarly for 

economic downturns.  Further, Bernanke, Gertler, and Gilchrist (1998) create a model that 

exhibits a financial accelerator and find that fluctuations in credit markets signal larger shocks to 

the macroeconomy.  The model centers around the mechanism found in Bernanke and Gertler 

(1989) that when credit market frictions are present, a borrower with a stronger balance sheet and 

financial position will face a lower external finance premium, defined as “the difference between 

the cost of funds raised externally and the opportunity cost of funds internal to the firm” (5). The 

authors explain that the theory behind credit spreads serving as proxies for financial accelerators 

stems from the spread’s ability to forecast economic activity in the United States, which will then 

affect companies’ balance sheets leading to changes in the external finance premium.  Depending 

on which direction the external finance premium moves, economic activity will either be boosted 

due to new spending, or decreased due to lack of investment, thus creating a financial accelerator 

that amplifies good times, but also increases the severity of the bad. Further, the authors find the 

external finance premium to be countercyclical, which thus amplifies the effects of changes in 

borrowing and then investment.    
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Gertler and Lown (2000) examine the possibility that the high-yield bond spread serves 

as proxy for a financial accelerator and a viable forecaster for the premium for external funds.  

The authors find that the friction that exists in the high-yield investment market, due to 

asymmetric information regarding the financial health/position of a company or government and 

costs of contract enforcement, creates the premium for external funds that is inversely related 

with the balance sheet strength of the borrower. Through this information, Gertler and Lown 

state that if the high-yield spread can effectively forecast economic activity, the spread can serve 

as a proxy for financial accelerators. Further, Mody and Taylor (2003) analyze the effectiveness 

of the high-yield spread at forecasting real economic activity in the United States and relate this 

to the mechanism of the financial accelerator.  The authors find the high-yield spread to be a 

countercyclical predictor of future real activity and because of this, and the reasons explained in 

Gertler and Lown (2000), confirm that the high-yield spread is a proxy for a financial accelerator 

mechanism in the United States.   

 

3   Data and Methodology  

The raw data I use in this paper includes seven separate datasets from a variety of sources 

as described in Table 1.  The two main uses for data in the paper are: (1) to construct the three 

different credit spreads and (2) to provide business cycle activity data. According to the National 

Bureau of Economic Research (NBER), the NBER's Business Cycle Dating Committee does not 

have a fixed definition of business cycle activity, but examines real GDP, economy-wide 

employment, and real income when determining changes in the business cycle.  Because of this, 

in order to determine the effect of the high-yield BBSpread, the high-yield CCCBelowSpread, 
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and the investment-grade AAASpread on business cycles in the United States, I analyze the 

predictive powers of these variables on all three variables listed by the NBER.   

I expect the spread using the yield of CCC or below denominated debt to outperform the 

other two spreads. This is because the CCC or below denominated debt has a much higher 

default risk than BB or AAA rated debt.  With the debt having a higher default risk, it is likely 

that more factors of the economy can impact the yield of the securities.  Because of this, the CCC 

or below denominated debt yield should better encompass variations in economic activity that 

make up business cycles than the other two spreads.  Along these lines, I expect the spread using 

the yield of BB denominated debt to outperform the spread using the yield of AAA denominated 

debt.   

To first determine the marginal information in the three spreads for real GDP, 

employment and real disposable personal income, I follow Gertler and Lown (2000) and estimate 

a bivariate model using the variables representing the AAA investment grade spread, the BB 

high-yield spread and the CCC or below high-yield spread.  The equation form of the model is:  

(1)  Yt = β0 + β1Yt - k  + β2Xt -k + εt  
 
Where Yt is RealGDP, Employment, or RealDisposableIncome in period t, Yt - k is RealGDP, 

Employment, or RealDisposableIncome lagged k periods behind, Xt -k is one of the three spreads 

lagged k periods behind, and εt represents the error term.  Further, I run Newey-West regressions 

in order to control for error terms that may be correlated over time, an issue that is common 

when using time-series data. Gertler and Lown (2000) and Gilchrist and Zakrajšek (2011) use 

lags for the independent variables of 1 quarter and 4 quarters. Stock and Watson (2001) use lags 

of 2 quarters, 4 quarters and 8 quarters.  Following their models, the lags I use for independent 
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variables are: 1, 2, 4, and 8 quarters. Next, to test the ability of the three spreads at forecasting 

the economic activity variables against each other, I estimate the following model:  

(2)  Yt = β0 + β1Yt - k  + β2Xt -k  + β3Wt -k + β4Zt –k  + εt 

Where Xt -k is BBSpread in period t-k, Wt -k is CCCBelowSpread in period t-k, and Zt–k is 

AAASpread in period t-k. As before, I use k=1, 2, 4, and 8. It is possible that all three spreads 

will produce statistically significant results from the estimation of model (1) because they are all 

at-least partially correlated with one another.  The purpose of model (2) is to determine if any 

spread can produce statistically significant results when all spreads are included in the 

regression.   

 

4   Results  

Table 2 presents the results of the regressions including the credit spreads and real gross 

domestic product at the one-quarter horizon. In the bivariate regressions, both the AAASpread 

and BBSpread contain marginal information for forecasting real GDP.  At this horizon, both the 

AAASpread and BBSpread produce statistically significant negative coefficients, confirming that 

a rise in the credit spread forecasts a decline in real GDP for the next quarter. A one standard 

deviation increase in the AAASpread forecasts a decrease in real GDP by 2.01 standard 

deviations. Similarly, but with greater magnitude, a one standard deviation increase in the 

BBSpread predicts a decrease in real GDP by 2.97 standard deviations. Figure 1, which shows 

the movements of the credit spreads and real gross domestic product over the sample period, 

illustrates the countercyclical nature of the credit spreads. In the early 2000’s and during the 

Great Recession of 2007/08, it is evident that the spreads and real GDP move in opposite 

directions.  Table 3 further confirms this effect; showing the three credit spreads are negatively 
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correlated with movements in real GDP. Next, when testing the ability of the three spreads at 

forecasting real GDP against each other in the model (2) regression, no credit spread produces 

statistically significant forecasts for future fluctuations of real GDP.  Further, Tables 4-6 show 

that at the two-quarter, one-year, and two-year horizons, the three credit spreads contain minimal 

marginal information for forecasting real GDP.  In this light, I fail to reject the null-hypothesis 

that the AAASpread, BBSpread, and CCCBelowSpread cannot effectively forecast fluctuations 

in real gross domestic product.  While there is noteworthy ability at the one-quarter horizon, 

there is not enough evidence to definitively state that either the AAASpread or BBSpread is an 

accurate forecaster of this economic variable.  

My results regarding the forecasting ability of the credit spreads for real GDP 

fluctuations contrast those of previous research. Gertler and Lown (2000) find that the high-yield 

spread contains statistically significant information for the log difference of real GDP and the 

CBO measure of potential output over a sample from 1985:M1-1999:M1. However, in their 

conclusion the authors state, “It is important to keep in mind that the informativeness of any 

financial indicator is sensitive to the nature of the business cycle and, relatedly, to the conduct of 

monetary policy. Attempts to adjust policy to target the indicator will reduce its informativeness, 

as we know from Goodhart’s law” (13). In the wake of the Great Recession of 2007/08, the 

Federal Reserve introduced many new credit programs intended to help support the operations of 

failing financial institutions and markets.2 The programs helped contribute to businesses’ access 

to credit by keeping rates and yields lower than they would have given no action from the Fed. In 

this way, the actions of the Federal Reserve targeted yields on bonds and loans, which as Gertler 

and Lown state, will reduce the informativeness of the financial indicator.  These new programs 

                                                
2 (April 23, 2017) Federal Reserve Credit Programs During the Meltdown | Federal Reserve History. 

Retrieved from https://www.federalreservehistory.org/essays/fed_credit_programs.  
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introduced by the Federal Reserve to deal with the crisis may be a reason that the high-yield 

spread’s forecasting ability diminished for predicting fluctuations in real GDP. 

 Tables 7-10 display the results of the regressions including the credit spreads and real 

disposable personal income.  As seen in the results, none of the credit spreads contain marginal 

information regarding forecasts for real disposable income at any horizon. When looking at 

Figures 2 and 3, it is evident that the growth rate of real disposable personal income does not 

follow a similar pattern to movements in the credit spreads.  Further, Table 3 displays that real 

disposable personal income possesses virtually zero correlation to movements in the credit 

spreads. Real disposable personal income is influenced by three factors: transfers, wages and 

financial income.  Research has found it possible that transfers from the government to 

households can distort real disposable income figures away from the current performance of the 

economy.  For example, Figure 2 shows a sharp increase in real disposable income at the 

beginning of the 2007/08 Great Recession, which would be unexpected due to the significant 

amount of layoffs that occurred in 2008.  This rise in real disposable income can be attributed to 

an increase in government transfers, which increased by 18.6% from the fourth quarter of 2007 

to the fourth quarter of 2009.3  It is possible that other situations like this occurred throughout the 

sample, which prevented the credit spreads from being able to forecast the growth rate of real 

disposable personal income.  Based on these results, I accept the null hypothesis that the 

AAASpread, BBSpread, and CCCBelowSpread cannot effectively forecast fluctuations in real 

disposable personal income.  

 Figure 4, which shows the movements of the credit spreads and total nonfarm payroll 

over the sample period, illustrates a correlation between movements in the two. Table 3 also 

                                                
3 Pistaferri, Luigi and Ivaylo, Petev (March 30, 2017) Consumption and the Great Recession. Retrieved 

from https://www.russellsage.org/research/reports/consumption-great-recession.  
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displays this relationship and confirms a strong negative correlation. Evident around the time of 

the Great Recession of 2007/08, increases in the credit spreads mirror decreases in employment 

figures. Similar to movements in real GDP, movements in total nonfarm payroll are 

countercyclical. Table 11 displays the results of the regressions including the credit spreads and 

employment at the one-quarter horizon. In the bivariate regressions, all three credit spreads show 

that they contain marginal information for forecasting employment.  The AAASpread, BBSpread 

and the CCCBelowSpread all produce statistically significant negative coefficients and confirm 

that a rise in the credit spread results in a forecast for a decline in employment for the next 

quarter. At this one-quarter horizon, the BBSpread exhibits the strongest predictive power for 

employment as a one standard deviation increase in the BBSpread forecasts a decrease in 

employment by 6.06 standard deviations for the next quarter. Whereas one standard deviation 

increases in the AAASpread and CCCBelowSpread predict decreases in employment by 4.61 

and 5.15 standard deviations, respectively.  Next, in the model (2) regression, the BBSpread once 

again produces a statistically significant negative coefficient. Because of these results, I conclude 

the BBSpread is the most accurate forecaster at the one-quarter horizon for predicting 

fluctuations in employment.  

 Next, Table 12 shows the regression results for the same variables at the two-quarter 

horizon. Both the AAASpread and BBSpread contain marginal information for forecasting 

employment at this horizon. Similar to the one-quarter horizon, the results of the regressions 

show both spreads produce statistically significant negative coefficients.  However, when testing 

the ability of the three spreads at forecasting employment against each other in the model (2) 

regression, neither credit spread produces a statistically significant result.   
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 Further, Table 13 displays the results from the regressions at the one-year horizon.  At 

this horizon, only the AAASpread contains significant marginal information for forecasting 

employment.  Only the AAASpread confirms a statistically significant negative coefficient in 

both the model (1) and (2) regressions.  In addition, the AAASpread exhibits the strongest 

predictive power for employment as a one standard deviation increase in the spread estimates a 

decrease in employment by 2.12 standard deviations for the next quarter. Therefore, the 

AAASpread is the most accurate forecaster at the one-year horizon for forecasting changes in 

employment.  Finally, Table 14 shows the results from the regressions at the two-year horizon. In 

the bivariate regressions, the AAASpread produces a statistically significant negative coefficient. 

Also, similar to the one-year horizon, the AAASpread shows the greatest predictive magnitude 

for employment, as a one standard deviation increase in the spread forecasts a decrease in 

employment by 3.65 standard deviations for the next quarter. Next, the results from the 

regression of model (2) confirm that a rise in the AAASpread will result in a forecast for a 

decrease in employment. From these results, I conclude that the AAASpread is the most accurate 

forecaster at the two-year horizon for predicting changes in employment. In conclusion, I reject 

the null hypothesis that the AAASpread, BBSpread fail to predict future forecasts of employment 

in the United States over this sample. Both the AAASpread and the BBSpread show ability to 

forecast employment based on this research. 

 My results show that the high-yield spreads do not outperform the investment-grade 

spread when forecasting fluctuations in employment – and that they are even outperformed at 

longer horizons. These results are very different from those of previous research. Zhang (2002) 

finds that the high-yield spread dominates the investment-grade spread at forecasting the 

employment growth rate for horizons of up to 18 months.  
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5   Conclusion  

In this paper I analyze the effectiveness of the high-yield bond spread as an explanatory 

variable for forecasting business cycles in the United States.  Further, I examine whether the 

spread also serves as a proxy for a financial accelerator. To do this, I compare the effectiveness 

of three credit spreads: the AAAspread, BBspread, and CCCBelowSpread. The theory behind 

using the high-yield spread as an explanatory variable comes from its sensitivity to default risk. 

Higher yields for bonds stem from a greater inherent risk of default on coupon and principal 

payments for a company. If a company is struggling and has a high risk of default, more factors 

of the economy are likely to have an impact on the business and, in turn, the yields of the 

securities. In this light, previous research has found the high-yield spread to outperform 

investment-grade spreads at forecasting economic activity, as the yields of the high-yield bonds 

are able to reflect more variations throughout the economy. There is a significant gap in the 

literature on the effectiveness of the high-yield bond spread as a forecasting variable due to the 

lack of observations and recessionary periods in previous samples.  Because of this, I conduct 

my research to include the recessionary period that follows the Great Recession of 2007/08 in the 

United States.  

 I begin the analysis by determining the marginal information the three credit spreads 

possess for predicting the indicators of business cycle activity.  I use three separate economic 

activity variables: real GDP, economy-wide employment, and real disposable personal income.  

First, both the AAASpread and the BBSpread contain minimal marginal information for 

forecasting real GDP. At the one-quarter horizon, both spreads contain statistically significant 

information for real GDP forecasts.  However, when testing the ability of the three spreads at 

forecasting real GDP against each other, neither spread produces statistically significant 
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forecasts. Further, at all horizons after one-quarter, no credit spread contains significant marginal 

information for fluctuations in real GDP.  From these results, the high-yield spread fails to 

outperform the investment grade spread at forecasting. Gertler and Lown (2000) find that the 

high-yield spread contains statistically significant information for the log difference of real GDP 

and the CBO measure of potential output at one-quarter and one-year horizons. Based on my 

results, I conclude that the marginal forecasting power of the high-yield spread has diminished 

for predicting fluctuations in real GDP.   

Next, when looking at real disposable income, none of the credit spreads can provide 

statistically significant forecasts for this economic indicator variable at any horizon. In previous 

literature, real disposable personal income has not been a part of the analysis for forecasting 

variables, and I conclude that the economic variable possesses no correlation to the credit 

spreads.  I believe this is due to the fact that government transfers to households are included in 

real disposable personal income, and this distorts the variable’s values from the current 

performance of the economy.  

 Finally, the three credit spreads possess significant marginal information for forecasts of 

total non-farm payroll. At the one-quarter horizon, all three credit spreads contain statistically 

significant information for employment forecasts, but when testing the ability of the three 

spreads at forecasting employment against each other, only the BBSpread produces a statistically 

significant negative coefficient. Next, at the two-quarter horizon, only the AAASpread and 

BBSpread possess marginal information for employment forecasts, while neither produces 

significant forecasts when testing the spreads ability against each other.  Finally, at the one-year 

and two-year horizons, the AAASpread proves to be the most accurate forecasting variable for 

predicting changes in employment as it is the only spread to contain statistically significant 
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information for employment. From these results, I conclude that the AAASpread outperforms 

both high-yield spreads at forecasting fluctuations in total non-farm payroll. This result creates 

significant discrepancies with the previous literature on this topic.  Zhang (2002) finds that the 

high-yield spread outperforms the investment grade spread at forecasting changes in the 

employment growth rate for horizons of up to 18 months.   

 At the onset of my research, I believed that the CCCBelowSpread would outperform both 

the BBSpread and the AAASpread due to its greater encompassment of default risk. Along these 

lines, I also predicted that the BBSpread would outperform the AAASpread. However, my 

results suggest the opposite as the AAASpread outperforms the BBSpread and 

CCCBelowSpread in forecasting future fluctuations in employment. I believe it may be possible 

that over this time period, the high-yield spreads may have fluctuated due to disturbances in the 

markets that were not strong enough to enact changes in economic activity.  Further, during the 

Great Recession of 2007/08, fear of default for many of these high-yield companies may have 

driven the yields of the bonds up too significantly, creating a large discrepancy between the 

fluctuations in yields and changes in economic activity.   

 As the credit spreads in my research fail to consistently predict accurate fluctuations in 

economic activity in the United States, I conclude that neither the high-yield spread nor the 

investment-grade spread can serve as a proxy for a financial accelerator in the United States over 

this sample period.  Gertler and Lown (2000) and Mody and Taylor (2003) both find the high-

yield spread to be an accurate forecaster of economic activity, giving the spreads credibility for 

accurately capturing the premium for external funds. However, in my research this was not the 

case as the credit spreads did not contain statistically significant information for business cycle 
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fluctuations. If the credit spreads cannot accurately signal changes in economic activity, they 

cannot serve as a proxy for a financial accelerator.  

 Due to the large differences in my findings with those of previous research that 

encompassed an earlier time period, I think a topic for future research could be comparing the 

widespread effects of the Great Recession of 2007/08 to that of the recessionary period of the 

early 1990’s.  I believe the shift in the marginal predictive power of the high-yield spread may be 

due to differences in actions taken by the public and the Federal Reserve in dealing with the 

crises.  
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Appendix A: Tables and Figures  
 

Table 1: Data Summary 
Variable Name Series Name Series Description Observations

/Range  
Source 

RealDisposable
Income 

“Real Disposable 
Personal Income” 

Monthly, seasonally adjusted figures 
in percent change format for the 

inflation adjusted value of personal 
income less personal current taxes 

241 obs.; 
1996:12-
2016:12 

US Bureau 
of Economic 

Analysis 

Employed “All Employees: 
Total Nonfarm 

Payrolls” 

Monthly, seasonally adjusted figures 
in percent change format for the 

number of US workers in the economy 
that excludes proprietors, private 

household employees, unpaid 
volunteers, farm employees, and the 

unincorporated self-employed 

241 obs.; 
1996:12-
2016:12 

US Bureau 
of Labor 
Statistics 

RealGDP “Real Gross 
Domestic Product” 

Quarterly, seasonally adjusted figures 
in percent change format for the 

inflation adjusted value of the goods 
and services produced by labor and 

property located in the United States 

81 obs.  
1996:4-
2016:4 

 

US Bureau 
of Economic 

Analysis  

AAASpread “BofA Merrill 
Lynch US 

Corporate AAA 
Effective Yield” 

Daily, non-seasonally adjusted figures 
in a value format, represented by a 
percentage for the effective yield of 

the BofA Merrill Lynch US Corporate 
AAA Index, a subset of the BofA 

Merrill Lynch US Corporate Master 
Index tracking the performance of US 
dollar denominated investment grade 
rated corporate debt publically issued 

in the US domestic market – the 
subset includes all securities with a 
given investment grade rating AAA 

241 obs.; 
1996:12-
2016:11 

or  
81 obs.  
1996:4-
2016:4 

Bank of 
America 
Merrill 
Lynch  

BBSpread ““BofA Merrill 
Lynch US High 

Yield BB Effective 
Yield” 

Daily, non-seasonally adjusted figures 
in a value format, represented by a 
percentage for the effective yield of 

the BofA Merrill Lynch US Corporate 
BB Index, a subset of the BofA 

Merrill Lynch US High Yield Master 
II Index tracking the performance of 

US dollar denominated below 
investment grade rated corporate debt 
publically issued in the US domestic 

market – the subset includes all 
securities with a given investment 

grade rating BB 

240 obs.; 
1996:12-
2016:12 

or 
81 obs.  
1996:4-
2016:4 

Bank of 
America 
Merrill 
Lynch  
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CCCBelow 
Spread 

“BofA Merrill 
Lynch US High 
Yield CCC or 

Below Effective 
Yield” 

Daily, non-seasonally adjusted figures 
in a value format, represented by a 
percentage for the effective yield of 

the BofA Merrill Lynch US Corporate 
C Index, a subset of the BofA Merrill 
Lynch US High Yield Master II Index 
tracking the performance of US dollar 
denominated below investment grade 
rated corporate debt publically issued 

in the US domestic market – the 
subset includes all securities with a 

given investment grade rating CCC or 
below 

241 obs.; 
1996:12-
2016:12 

or  
81 obs.  
1996:4-
2016:4 

Bank of 
America 
Merrill 
Lynch  

**Used for All 
Spreads** 

“10-Year Treasury 
Constant Maturity 

Rate” 

Daily, non-seasonally adjusted figures 
and is in a value format, represented 
by a percentage for the US 10-Year 
Treasury’s final yield for each day  

N/A Board of 
Governors of 
the Federal 

Reserve 
 
 
 
 

Table 2: One-Quarter Lag Spreads and RealGDP 
 (1) (2) (3) (4) 
 RealGDP RealGDP RealGDP RealGDP 

L.RealGDP 0.308* 0.183 0.338* 0.152 
 (0.122) (0.136) (0.164) (0.126) 
L.AAASpread -0.928*   -0.427 
 (0.462)   (0.557) 
L.BBSpread  -0.515**  -0.791 
  (0.174)  (0.398) 
L.CCCBelowSpread   -0.0643 0.129 
   (0.041) (0.108) 
Constant 2.004*** 3.616*** 2.227* 3.379*** 

 (0.418) (0.824) (0.873) (0.917) 
Observations 80 80 80 80 
R2 0.203 0.237 0.180 0.264 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses.  
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Figure 1: Credit Spreads and Real GDP Growth 

 
Notes: The Real GDP Growth Rate represents the quarterly percent change of real gross domestic product in the 
United States from Q4:1996 to Q4:2016. The AAASpread, BBSpread and CCCBelowSpread represent the values of 
the three credit spreads and track their fluctuations.  
 
 

 
 

Table 3: Correlations between Credit Spreads and Economic Activity Variables  
 Employment RealDisposableIncome RealGDP 

AAASpread -0.4715 -0.0252 -0.4364 
BBSpread -0.7702 -0.0840 -0.6309 

CCCBelowSpread -0.6450 -0.0335 -0.4675 
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Table 4: Two-Quarter Lag Spreads and RealGDP 
 (1) (2) (3) (4) 
 RealGDP RealGDP RealGDP RealGDP 
L2.RealGDP 0.301** 0.281* 0.377** 0.241* 
 (0.098) (0.108) (0.115) (0.105) 
L2.AAASpread -0.437   -0.467 
 (0.506)   (0.632) 
L2.BBSpread  -0.153  -0.544 
  (0.208)  (0.424) 
L2.CCCBelowSpread   0.0290 0.171 
   (0.052) (0.122) 
Constant 1.787*** 2.155* 1.090 1.871 
 (0.374) (0.894) (0.938) (1.041) 
Observations 79 79 79 79 
R2 0.130 0.128 0.124 0.172 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
 
 

 
Table 5: Four-Quarter Lag Spreads and RealGDP 

 (1) (2) (3) (4) 
 RealGDP RealGDP RealGDP RealGDP 
L4.RealGDP 0.198 0.269 0.304 0.221 
 (0.137) (0.156) (0.165) (0.131) 
L4.AAASpread -0.0003   -0.484 
 (0.548)   (0.739) 
L4.BBSpread  0.165  -0.288 
  (0.226)  (0.408) 
L4.CCCBelowSpread   0.105 0.195 
   (0.076) (0.148) 
Constant 1.731** 1.006 0.327 0.721 
 (0.535) (1.151) (1.339) (1.201) 
Observations 77 77 77 77 
R2 0.041 0.049 0.084 0.106 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Table 6: Eight-Quarter Lag Spreads and RealGDP 
 (1) (2) (3) (4) 
 RealGDP RealGDP RealGDP RealGDP 
L8.RealGDP -0.0639 0.0521 0.0990 -0.00316 
 (0.101) (0.151) (0.125) (0.113) 
L8.AAASpread -0.756   -1.442 
 (0.389)   (0.829) 
L8.BBSpread  0.0871  -0.161 
  (0.280)  (0.337) 
L8.CCCBelowSpread   0.0839 0.200* 
   (0.082) (0.083) 
Constant 2.579*** 1.672 0.929 1.072 
 (0.507) (1.546) (1.334) (1.547) 
Observations 73 73 73 73 
R2 0.028 0.003 0.029 0.117 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
 
 
 

Table 7: One-Quarter Lag Spreads and RealDisposableIncome  
 (1) (2) (3) (4) 

 RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

L3.RealDisposable 
Income -0.0973 -0.103 -0.0974 -0.106 

 (0.054) (0.056) (0.054) (0.056) 
L3.AAASpread -0.0722   -0.0139 
 (0.072)   (0.092) 
L3.BBSpread  -0.0370  -0.0649 
  (0.019)  (0.042) 
L3.CCCBelowSpread   -0.00608 0.0115 
   (0.006) (0.012) 
Constant 0.277*** 0.371*** 0.312*** 0.343*** 
 (0.057) (0.074) (0.082) (0.074) 
Observations 238 238 238 238 
R2 0.012 0.016 0.011 0.018 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Table 8: Two-Quarter Lag Spreads and RealDisposableIncome  
 (1) (2) (3) (4) 

 RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

L6.RealDisposable 
Income 0.0871* 0.0802 0.0863* 0.0767 

 (0.042) (0.041) (0.042) (0.040) 
L6.AAASpread -0.0553   0.0360 
 (0.056)   (0.070) 
L6.BBSpread  -0.0420*  -0.0763 
  (0.020)  (0.048) 
L6.CCCBelowSpread   -0.00771 0.00960 
   (0.007) (0.014) 
Constant 0.226*** 0.346*** 0.287** 0.340*** 
 (0.050) (0.073) (0.088) (0.081) 
Observations 235 235 235 235 
R2 0.001 0.017 0.011 0.019 
Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
 

 

 
Table 9: Four-Quarter Lag Spreads and RealDisposableIncome  

 (1) (2) (3) (4) 

 RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

L12.RealDisposable 
Income 0.0548 0.0521 0.0551 0.0476 

 (0.084) (0.085) (0.085) (0.086) 
L12.AAASpread -0.0111   0.0215 
 (0.051)   (0.086) 
L12.BBSpread  -0.0154  -0.0596 
  (0.016)  (0.040) 
L12.CCCBelowSpread   0.000461 0.0146 
   (0.006) (0.012) 
Constant 0.208*** 0.255** 0.197* 0.235* 
 (0.053) (0.078) (0.088) (0.097) 
Observations 229 229 229 229 
R2 0.003 0.004 0.003 0.008 
Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Table 10: Eight-Quarter Lag Spreads and RealDisposableIncome  
 (1) (2) (3) (4) 

 RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

RealDisposable
Income 

L24.RealDisposableInc
ome 0.0566* 0.0565* 0.0577* 0.0527 

 (0.028) (0.029) (0.029) (0.029) 
L24.AAASpread -0.00521   -0.0171 
 (0.067)   (0.103) 
L24.BBSpread  -0.00123  -0.0395 
  (0.017)  (0.040) 
L24.CCCBelowSpread   0.00433 0.0158 
   (0.006) (0.011) 
Constant 0.192** 0.193* 0.141 0.157 
 (0.058) (0.081) (0.094) (0.094) 
Observations 217 217 217 217 
R2 0.003 0.003 0.004 0.007 
Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
 
 
 
 

Figure 2: Growth Rate of Real Disposable Personal Income 

 
Notes: The Real Disposable Personal Income growth rate represents the monthly percent change of real disposable 
personal income in the United States from M12:1996 to M12:2016.  
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Figure 3: Credit Spreads and Real Disposable Personal Income Growth 

 
Notes: The RDPI Growth Rate represents the monthly percent change of real disposable personal income in the 
United States from M12:1996 to M12:2016. The AAASpread, BBSpread and CCCBelowSpread represent the values 
of the three credit spreads and track their fluctuations.  
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Figure 4: Credit Spreads and Employment Growth 

 
Notes: The Employment Growth Rate represents the monthly percent change of total nonfarm payroll in the United 
States from M12:1996 to M12:2016. The AAASpread, BBSpread and CCCBelowSpread represent the values of the 
three credit spreads and track their fluctuations.  
 
 
 
 

Table 11: One-Quarter Lag Spreads and Employment 
 (1) (2) (3) (4) 
 Employment Employment Employment Employment 
L3.Employment 0.617*** 0.418*** 0.571*** 0.427*** 
 (0.070) (0.112) (0.119) (0.115) 
L3.AAASpread -0.0620**   -0.0282 
 (0.020)   (0.025) 
L3.BBSpread  -0.0383***  -0.0314* 
  (0.008)  (0.014) 
L3.CCCBelowSpread   -0.00703** 0.000108 
   (0.002) (0.004) 
Constant 0.0564*** 0.173*** 0.110** 0.161*** 
 (0.012) (0.037) (0.038) (0.041) 
Observations 238 238 238 238 
R2 0.565 0.590 0.558 0.596 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Table 12: Two-Quarter Lag Spreads and Employment 
 (1) (2) (3) (4) 
 Employment Employment Employment Employment 
L6.Employment 0.532*** 0.479*** 0.571*** 0.497*** 
 (0.091) (0.134) (0.157) (0.138) 
L6.AAASpread -0.0619*   -0.0568 
 (0.026)   (0.034) 
L6.BBSpread  -0.0200*  -0.0105 
  (0.009)  (0.014) 
L6.CCCBelowSpread   -0.00313 0.00183 
   (0.003) (0.005) 
Constant 0.0611*** 0.105* 0.0650 0.0767 
 (0.015) (0.043) (0.056) (0.055) 
Observations 235 235 235 235 
R2 0.454 0.432 0.421 0.456 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
 

 

 

Table 13: Four-Quarter Lag Spreads and Employment 
 (1) (2) (3) (4) 
 Employment Employment Employment Employment 
L12.Employment 0.196 0.190 0.285 0.216 
 (0.100) (0.124) (0.158) (0.125) 
L12.AAASpread -0.0708*   -0.0763* 
 (0.033)   (0.037) 
L12.BBSpread  -0.0161  -0.00655 
  (0.013)  (0.020) 
L12.CCCBelowSpread   -0.00158 0.00375 
   (0.005) (0.007) 
Constant 0.0860*** 0.109* 0.0651 0.0677 
 (0.016) (0.049) (0.070) (0.056) 
Observations 229 229 229 229 
R2 0.160 0.119 0.109 0.165 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Table 14: Eight-Quarter Lag Spreads and Employment 
 (1) (2) (3) (4) 
 Employment Employment Employment Employment 
L24.Employment -0.240* 0.00707 -0.0177 0.0520 
 (0.094) (0.135) (0.131) (0.127) 
L24.AAASpread -0.100***   -0.152*** 
 (0.027)   (0.043) 
L24.BBSpread  0.00826  0.0375* 
  (0.016)  (0.016) 
L24.CCCBelowSpread   0.00191 0.00348 
   (0.005) (0.005) 
Constant 0.123*** 0.0326 0.0413 -0.0414 
 (0.014) (0.076) (0.081) (0.087) 
Observations 217 217 217 217 
R2 0.113 0.007 0.006 0.187 

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001. Newey-west standard errors are in parentheses. 
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Appendix B: Data  
 
Variable Name: AAASpread (monthly)  
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US Corporate AAA Effective 
Yield” 
 
Missing Observations/Observations: 0/241 
 
Unique Values: 239 
 
Type: numeric (float)  
 
Definition: The monthly mean of the difference between the effective yield of all securities given 
an investment grade rating of AAA and the United States 10-year treasury yield 
 
Units: percentage, 1.000e-11 
 
Mean: 0.4625 
 
Standard Deviation: 0.6083 
 
Minimum, Maximum: -0.5429, 4.0727 
 
25th and 75th: 0.0882, 0.7140 
 
Median: 0.4268 
 
Histogram:  
 

 

0
.2

.4
.6

.8
D

en
si

ty

-1 0 1 2 3 4
(mean) AAASpread



 35 

Variable Name: AAASpread (quarterly) 
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US Corporate AAA Effective 
Yield” 
 
Missing Observations/Observations: 0/81 
 
Unique Values: 80 
 
Type: numeric (float)  
 
Definition: The quarterly mean of the difference between the effective yield of all securities 
given an investment grade rating of AAA and the United States 10-year treasury yield 
 
Units: percentage, 1.000e-09 
 
Mean: 0.4617 
 
Standard Deviation: 0.5996 
 
Minimum, Maximum: -0.5138, 3.2660 
 
25th and 75th: 0.0635, 0.7126 
 
Median: 0.4292 
 
Histogram:  
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Variable Name: BBSpread (monthly) 
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US High Yield BB Effective 
Yield” 
 
Missing Observations/Observations: 0/241 
 
Unique Values: 240 
 
Type: numeric (float)  
 
Definition: The monthly mean of the difference between the effective yield of all securities with 
a given investment grade rating BB and the United States 10-year treasury yield 
 
Units: percentage, 1.000e-07 
 
Mean: 3.3953 
 
Standard Deviation: 1.7429 
 
Minimum, Maximum: 1.4610, 13.3291 
 
25th and 75th: 2.3130, 4.0556 
 
Median: 3.0346 
 
Histogram:  
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Variable Name: BBSpread (quarterly)  
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US High Yield BB Effective 
Yield” 
 
Missing Observations/Observations: 0/81 
 
Unique Values: 81 
 
Type: numeric (float)  
 
Definition: The quarterly mean of the difference between the effective yield of all securities with 
a given investment grade rating BB and the United States 10-year treasury yield 
 
Units: percentage, 1.000e-07 
 
Mean: 3.3819 
 
Standard Deviation: 1.7146 
 
Minimum, Maximum: 1.5084, 11.4789 
 
25th and 75th: 2.4217, 4.0003 
 
Median: 3..0192 
 
Histogram:  
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Variable Name: CCCBelowSpread (monthly) 
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US High Yield CCC or Below 
Effective Yield” 
 
Missing Observations/Observations: 0/241 
 
Unique Values: 241 
 
Type: numeric (float)  
 
Definition: The monthly mean of the difference between the effective yield of all securities with 
a given investment grade rating CCC or below and the United States 10-year treasury yield 
 
Units: percentage, 1000e-07 
 
Mean: 11.2015 
 
Standard Deviation: 5.6192 
 
Minimum, Maximum: 4.3080, 36.82 
 
25th and 75th: 7.1062, 13.7405 
 
Median: 9.4181 
 
Histogram:  
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Variable Name: CCCBelowSpread (quarterly) 
 
Original Data File: BofA Merrill Lynch, “BofA Merrill Lynch US High Yield CCC or Below 
Effective Yield” 
 
Missing Observations/Observations: 0/81 
 
Unique Values: 81 
 
Type: numeric (float)  
 
Definition: The quarterly mean of the difference between the effective yield of all securities with 
a given investment grade rating CCC or below and the United States 10-year treasury yield 
 
Units: percentage, 1000e-07 
 
Mean: 11.1719 
 
Standard Deviation: 5.5210 
 
Minimum, Maximum: 4.4351, 30.3072 
 
25th and 75th: 7.0837, 13.3011 
 
Median: 9.4372 
 
Histogram:  
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Variable Name: RealDisposableIncome 
 
Original Data File: US Bureau of Economic Analysis, “Real Disposable Personal Income” 
 
Missing Observations/Observations: 0/241 
 
Unique Values: 240 
 
Type: numeric (double)  
 
Definition: The percent change of the inflation-adjusted value of personal income less personal 
current taxes 
 
Units: percent change, 0.00001 
 
Mean: 0.2229 
 
Standard Deviation: 0.7765 
 
Minimum, Maximum: -6.2264, 4.8107 
 
25th and 75th: 0.0541, 0.4248 
 
Median: 0.2498 
 
Histogram:  
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Variable Name: RealGDP 
 
Original Data File: US Bureau of Economic Analysis, “Real Gross Domestic Product” 
 
Missing Observations/Observations: 0/81 
 
Unique Values: 54 
 
Type: numeric (double)  
 
Definition: The percent change of the inflation-adjusted value of the goods and services 
produced by labor and property located in the United States 
 
Units: percent change, .1 
 
Mean: 2.3185 
 
Standard Deviation: 2.5305 
 
Minimum, Maximum: -8.2, 7.8 
 
25th and 75th: 1.2, 3.8 
 
Median: 2.5 
 
Histogram:  
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Variable Name: Employment 
 
Original Data File: US Bureau of Labor Statistics, “All Employees: Total Nonfarm Payrolls” 
 
Missing Observations/Observations: 0/241 
 
Unique Values: 239 
 
Type: numeric (double)  
 
Definition: Percent change of the number of US workers in the economy that excludes 
proprietors, private household employees, unpaid volunteers, farm employees, and the 
unincorporated self-employed 
 
Units: percent change,  .00001 
 
Mean: 0.0763 
 
Standard Deviation: 0.1682 
 
Minimum, Maximum: -0.0077, 0.1792 
 
25th and 75th: 0.0077, 0.1792 
 
Median: 0.1085 
 
Histogram:  
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